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ABSTRACT

Chatbots are becoming the new employees as they are increasingly being used by financial service
providers to replace humans in customer interactions. Despite the numerous advantages chatbots offer,
overcoming customer resistance remains challenging for firms. This study leaned on social exchange
theory by examining customers’ perceived benefits and perceived costs of chatbots and how these can
be mitigated or exploited to overcome customer resistance to chatbots in the financial services industry.
This study had two primary objectives: to ascertain the implications of financial service providers
employing chatbots instead of human service employees on customer relationships and to suggest how
financial service providers can overcome customer resistance to chatbots to improve customer
relationships.

The findings were anticipated to assist marketers in improving their use of chatbots to overcome
customer resistance thereof and enhance customer relationships. Qualitative research was conducted
utilising an exploratory research design and non-probability sampling, comprising online semi-structured
interviews with 20 internet banking customers. The interpretation of findings followed a
phenomenological analysis, focusing on participants’ experiences and providing insight through dense
descriptions. This study found that the extent to which a chatbot is humanised can influence its
perceived creepiness, as well as customer expectations of the service interaction. This study also found
that disclosing a chatbot’s identity to customers can have positive effects, specifically relating to
increasing perceived transparency and setting reasonable expectations for the interaction. Moreover, it
was found that customers’ privacy concerns stem from a lack of knowledge about how chatbots work.
However, customers’ perceptions of increased risk may be reduced by educating customers about
chatbots.

Based on these findings, this study offers actionable insights for financial service providers on reducing
customer resistance to chatbots by maximising benefits and minimising perceived risks. Key strategies
include integrating chatbots with human support, enhancing customer education on chatbot capabilities,
and ensuring transparency around data privacy. By managing customer expectations and offering
personalised, accessible chatbot experiences, financial service providers can increase customer trust
and satisfaction, while reducing perceived risk. These insights help practitioners and policymakers
advance innovation and the use of chatbots in the financial sector.

This study enhances the literature by clarifying how to implement chatbots more effectively in financial
services, addressing customer concerns and minimising negative impacts on customer relationships. It
offers a unique contribution by applying social exchange theory to examine customer resistance to
chatbots in financial services, a context that has received little attention in past literature. Unlike earlier
studies that focused on different theories such as uncanny valley or technology acceptance models, this
study emphasises customers' perceived costs and benefits, demonstrating the applicability of social
exchange theory in Al contexts. This study also contributes new insights into strategies for reducing
customer resistance, highlighting how chatbot transparency, education, and anthropomorphism
influence customer perceptions. This unique perspective on overcoming resistance enhances the
understanding of chatbot use in financial services.

Keywords: chatbots, social exchange theory, financial services, customer resistance, customer
relationship management, service robots, South Africa.
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CHAPTER 1: INTRODUCTION
1.1 INTRODUCTION

The ongoing tension between service providers adopting chatbots and consumers resisting them poses
a persistent and long-term challenge (Huang, Markovitch & Stough, 2024). Artificial intelligence (“Al”)
technologies are increasingly being integrated into society, presenting an opportunity for firms to
enhance customer experiences and relationships (Ho & Chow, 2023). These technologies are
particularly impacting how firms deliver services to their customers (Huang & Dootson, 2022).
Concerning services, Al can be defined as “the configuration of technology to provide value in the
internal and external service environments through flexible adaptation enabled by sensing, learning,
decision-making and actions” (Bock, Wolter & Ferrel, 2020:317). In essence, Al allows firms to use
machines to perform business activities typically performed by human service employees (Vlaci¢,
Corbo, e Silva & Dabic, 2021). As a noteworthy example of Al service technology, a chatbot is defined
as an “E-service agent that represents a technological evolution of the traditional service agent involved
in direct firm—customer exchanges” (Murtarelli, Gregory & Romenti, 2021:928).

Recently, chatbots have sparked interest in the media (Shrivastava, 2023; Dwivedi, Kshetri, Hughes,
Slade, Jeyaraj, Kar, Baabdullah, Koohang, Raghavan, Ahuja & Albanna, 2023). As an example of this,
ChatGPT, introduced by OpenAl, is an advanced Al chatbot that uses natural language processing tools
to answer questions and converse with consumers in a way that sounds human (Mathur, 2023).
Notably, ChatGPT attracted approximately 100 million users within two months (Shrivastava, 2023).
Following its widespread success, Google introduced its Bard chatbot in an effort to stay competitive
(Forbes Africa, 2023). Numerous organisations have also highlighted chatbots’ abilities in customer
services (Mogaji & Nguyen, 2022; Pizzi, Scarpi & Pantano, 2021; Luo, Tong, Fang & Qu, 2019; Xiao &
Kumar, 2021; Campbell, Sands, Ferraro, Tsao & Mavrommatis, 2020; Mostafa & Kasamani, 2022;
Thomaz, Salge, Karahanna & Hulland, 2020).

Within the financial services industry, chatbots are becoming more commonly used as a way to improve
customer service and automate certain tasks (Mogaji & Nguyen, 2022; Soetan, Mogaji & Nguyen, 2021;
Sugumar & Chandra, 2021). Chatbots continue to transform the financial industry and offer banks new
ways to interact with customers (Laky, 2023; Payne, Peltier & Barger, 2021; Gummerus, Lipkin, Dube &
Heinonen, 2019). As such, they represent a key opportunity for establishing and managing customer
relationships (Kull, Romero & Monahan, 2021). However, chatbots can have negative implications for
customer relationships if used ineffectively. For example, Microsoft's Twitter chatbot, Tay, produced
highly offensive and racist responses to customers after being asked race-related questions, which
adversely impacted Microsoft’s reputation (Puntoni, Reczek, Giesler & Botti, 2021). Thus, it is necessary
to understand how customers perceive Al in financial services, wherein competition is intense, and
customer relationships are an important asset (Riedel, Mulcahy & Northey, 2022).

More specifically, customer resistance to chatbots is a significant challenge that can undermine their
potential benefits in enhancing customer relationships (Kull et al., 2021; Mostafa & Kasamani, 2022).
This resistance is particularly pronounced in financial services (Priya & Sharma, 2023) and poses a
substantial barrier for firms (Kallel, Ben Dahmane Mouelhi, Chaouali & Danks, 2023). Addressing this
resistance is crucial as innovations, such as chatbots, depend on customer adoption, and failure to
overcome resistance can result in unsuccessful innovations (Mani & Chouk, 2018). To better
understand customer resistance to chatbots in financial services, this study focused on the implications



of chatbots, with a particular focus on how chatbots can be used effectively in financial services to
overcome customer resistance to them.

Uniquely, this study differs from other studies investigating chatbots versus humans due to its focus on
customer relationships in the financial services industry. Previous studies investigating chatbots versus
humans have predominantly been conducted in other contexts, such as retail (e.g., Song, Xing, Duan,
Cohen & Mou, 2022 and Tran, Pallant & Johnson, 2021) and hospitality (e.g., Roy & Naidoo, 2021 and
Sheehan, Jin & Gottlieb, 2020). Additionally, prior research on customer resistance to chatbots have
been conducted in various contexts, including healthcare (Mdller, Mattke, Maier & Weitzel, 2019),
personalised advertising (Kim, Ryoo, Lee & Lee, 2023), e-commerce (Cheng, Bao, Zarifis, Gong & Mou,
2021), and community enterprises (Kwangsawad & Jattamart, 2022). Different theories, such as
cognitive appraisal theory (Wang, Bao, Zarifis, Gong & Mou, 2023) and the stimulus-organism-response
(SOR) framework (Cheng et al., 2021), were used. Therefore, this study differs from prior research by
focusing on a financial services context and by adopting social exchange theory, allowing it to contribute
to the literature on customer resistance to chatbots in financial services.

Limited research has explored the role of chatbots in financial services from the social exchange theory
perspective (De Keyser & Kunz, 2022). This theory is suitable to investigate how customer resistance to
chatbots can be overcome as it allows for insight into how customers evaluate and navigate these
interactions (Blau, 1964). In line with social exchange theory, this study posits that the more value a
customer perceives in a chatbot, in terms of benefits, the more willing the customer will be to engage
with the chatbot (Stafford & Kuiper, 2021). In this way, social exchange theory assists in understanding
how customers weigh the advantages and disadvantages of using chatbots and how these evaluations
can be leveraged to mitigate their resistance. As such, this study is unique as it leans on social
exchange theory to offer insight into customers’ perceived benefits and perceived costs of chatbots and
how these can be mitigated or exploited to overcome chatbot resistance in the financial services
industry. Previous research primarily utilised theories other than social exchange theory and often
overlooked the dual aspects of customer resistance, which can include both negative and positive
perceptions of chatbots (Fatima, Khan, Bahmannia, Chatrath, Dale & Johns, 2024; Bock et al., 2020;
Blau, 1964). Therefore, this study addresses a unique research gap by applying this theory to examine
customer interactions with chatbots in the financial services sector, focusing on perceived costs and
benefits.

Furthermore, this study identifies a critical research gap concerning customer resistance to chatbots in
the financial services sector, particularly focusing on challenges posed by poor service quality, privacy
concerns and unmet expectations (Crolic, Thomaz, Hadi & Stephen, 2022; Huang & Dootson, 2022).
Existing literature highlights these issues but lacks comprehensive strategies to mitigate customer
resistance and enhance satisfaction (Meng, Li & Huang, 2023; Yang, Sun & Shen, 2023). By applying
social exchange theory, a framework that has been underutilised in this context (De Keyser & Kunz,
2022), this study aims to provide insights into how financial service providers can effectively use
chatbots while maintaining and enhancing their customer relationships. As such, this study addresses
the need for a deeper understanding of customer preferences regarding chatbot interactions and their
implications for service delivery in a challenging economic environment (Ho & Chow, 2023).

This initial chapter provides context to the study by explaining the subjects of relationship marketing and
Al particularly chatbots. This background serves to contextualise this study’s research problem, which
is subsequently presented. The research problem sheds light on the research questions and objectives,
also introduced in this chapter. After understanding the study’s aims via its research questions and
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objectives, the methodology is explained, followed by how this study contributes theoretically,
methodologically, and managerially to the investigation of chatbots. Before concluding this chapter, a
layout of the study is presented.

1.2 BACKGROUND

Chapters 2 and 3 provide a thorough review of the relevant literature to offer a theoretical
comprehension of chatbots in service marketing. This section provides an initial understanding of key
concepts relevant to this study, beginning with relationship marketing, which refers to “all marketing
activities directed toward establishing, developing and maintaining successful relational exchanges”
(Morgan & Hunt, 1994:22). Relationship marketing has become pivotal in service marketing (Jones,
Ranaweera, Murray & Bansal, 2018). In services marketing, customers form relationships with their
service providers through a series of service encounters, which describes any interaction between the
two parties (Bitner, 1990; Voorhees, Fombelle, Gregoire, Bone, Gustafsson, Sousa & Walkowiak, 2017).
If a service encounter is handled inefficiently, the firm can suffer significant consequences, including
reduced profits, loss of customers, and negative word of mouth (Tax, Brown & Chandrashekaran, 1998;
Bitner, Booms & Mohr, 1994). As such, it is valuable to investigate the ways in which service
encounters, such as those involving chatbots, can be improved upon so as to avoid negative impacts on
the firm and enhance customer relationships.

Ensuring strong customer relationships is critical in marketing, specifically in the service industry (Bejou,
1997). The financial services industry is particularly concerned with customer relationships (Laky, 2023;
Gao, Melero-Polo & Sese, 2020; Barnes, 1997). This is because customer relationships in financial
services are particularly uncertain and constantly changing (Heinonen, 2014), particularly in banking
(Chai & Dibb, 2018). It is becoming more difficult for banks to differentiate themselves, and there is
increasing pressure to enhance service quality and employ new methods (Nejad, 2022; Gao et al.,
2020; Sayil, Akyol & Golbasi Simsek, 2019). Therefore, it is key for financial service providers to
enhance their relationship marketing strategies by adopting new technologies (Nejad, 2022; Ryals &
Payne, 2001). This emphasises the need for service providers to overcome customer resistance to
chatbots in order to leverage the benefits of adopting new technologies (Nejad, 2022).

Al is one such technology that has a notable impact on the services industry (Huang & Dootson, 2022).
It is not predicted to replace relationship marketing but rather improve upon it and significantly enhance
how firms manage their customer relationships (Kull et al., 2021; Libai, Bart, Gensler, Hofacker, Kaplan,
Kétterheinrich & Kroll, 2020). With Al, firms benefit from an enhanced understanding of customer needs,
faster, more accurate processing, and the ability to manage numerous customers simultaneously
(Huang & Dootson, 2022; Campbell et al., 2020; Luo et al., 2019; Libai et al., 2020; Kumar, Rajan,
Venkatesan & Lecinski, 2019). Al allows firms to reduce costs by automating certain marketing
functions, such as customer service, leading to improved profitability (Davenport, Guha, Grewal &
Bressgott, 2020). Al has had more influence in some industries than others (Rai, 2020), with its most
significant impact felt in industries with large volumes of customer data, such as retail, consumer
packaged goods, travel, and, related to this study, banking (Davenport et al., 2020; Rai, 2020).

It is becoming more common for an Al, non-human service employee to be utilised in service
encounters across various industries (Huang et al., 2024; Li & Zhang, 2023; Robinson, Orsingher,
Alkire, De Keyser, Giebelhausen, Papamichail, Shams & Temerak, 2020). Service employees, both
human and robotic, are the face of the firm (Robinson et al., 2020; Mende, Scott, van Doorn, Grewal &
Shanks, 2019). In this study, “employee” refers to service employees who interact directly with
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customers (De Keyser, Kdcher, Alkire, Verbeeck & Kandampully, 2019). Chatbots, noteworthy
examples of Al service technology (Henkel, Bromuri, Iren & Urovi, 2020), represent the transformation
of the traditional service employee (Shevlin, 2023; Murtarelli et al., 2021). They are a type of service
robot (Blut, Wang, Winderlich & Brock, 2021); a self-ruled agent servicing customers through social
exchange (Meyer, Jonas & Roth, 2020; Wirtz, Patterson, Kunz, Gruber, Lu, Paluch & Martins, 2018; Blut
et al., 2021; Jorling, B6hm & Paluch, 2019). Chatbots primarily communicate via text through messaging
platforms (Adam, Wessel & Benlian, 2021). Unlike human service employees, chatbots are easier to
scale, significantly less costly, more reliable, void of human error, and are always available to customers
(Chung, Ko, Joung & Kim, 2020; Adam et al., 2021; Huang & Rust, 2018; Meyer-Waarden, Pavone,
Poocharoentou, Prayatsup, Ratinaud, Tison & Torné, 2020). As chatbots are increasingly used by firms,
they have important implications for customer relationships (Crolic et al., 2022; Murtarelli et al., 2021;
Kull et al., 2021; Nam & Kannan, 2020; Steinhoff, Arli, Weaven & Kozlenkova, 2019).

Within financial services, chatbots continue to transform the financial industry and offer banks new ways
to interact with customers (Laky, 2023; Nejad, 2022; Payne et al., 2021). Globally, the chatbot market in
BFSI (Banking, Financial Services, and Insurance) is expected to grow significantly, from $1.3 billion in
2023 to $11.6 billion by 2032, at a compound annual growth rate (CAGR) of 27.5% (PR Newswire,
2024). This growth is driven by the increased use of chatbots on social media platforms, increased
awareness, and the increasing popularity of chatbots. However, barriers to chatbot adoption include
high initial costs, lack of product differentiation, and data privacy and security concerns (Yahoo Finance,
2024). In developed countries, chatbot adoption is driven by advanced Al capabilities and digital
banking trends. Whilst in developing countries, there is significant untapped potential for chatbot
expansion, with factors such as infrastructure and regulation differing across areas (PR Newswire,
2024). Economic contributions from chatbots are seen in improved productivity, reduced labour costs,
and streamlined operations, supporting GDP growth in financial sectors worldwide. As more financial
service providers, particularly banks, employ chatbots, their contribution to the sector's revenue is
expected to increase and make a substantial impact on global economic growth (Yahoo Finance, 2024,
PR Newswire, 2024).

In banking specifically, chatbots are increasingly being used to assist customers (Hentzen, Hoffmann,
Dolan & Pala, 2022; Adam et al., 2021). They can communicate with customers on behalf of the bank
and assist customers with checking account information and making payments, for example (Mogaji &
Nguyen, 2022; Belanche Casalo, Flavian & Schepers, 2020). Significantly, chatbots erase the need for
a banking employee (Shevlin, 2023; Payne et al., 2021; Gummerus et al., 2019), making them
particularly useful when banking services are restricted, such as during the COVID-19 pandemic (Eren,
2021). However, customer resistance to chatbots limits their usefulness to service providers (Mozafari,
Weiger & Hammerschmidt, 2022; Luo et al., 2019), representing a challenge. Overcoming this
resistance to chatbots is essential because an innovation’s success requires customers being willing to
use it (Mani & Chouk, 2018; Kreger, 2023; Huang et al., 2024). This underscores the significance of
addressing customer resistance to chatbots. This background served to provide context to the research
problem, which is discussed in the ensuing section.

1.3 RESEARCH PROBLEM

A research problem is an issue in the work environment that indicates a gap in the existing literature or
discrepancies among previous researchers (Creswell, 2017). Although less costly than a human service
employee, chatbots may provide poor-quality service and frustrate customers, which could adversely
impact customer relationships (Crolic et al., 2022; Huang & Dootson, 2022; Kull et al., 2021; Libai et al.,
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2020). Chatbots may also confuse customers or respond inappropriately (Adam et al., 2021; Canhoto &
Clear, 2020). They also present privacy and security risks for customers (Bouhia, Rajaobelina,
PromTep, Arcand & Ricard, 2022; Murtarelli et al., 2021; Puntoni et al., 2021). When chatbots fail to
meet customer expectations in services, they affect the customer experience, possibly hindering
customer loyalty and satisfaction (Crolic et al., 2022). An example of a chatbot having negative
implications is Microsoft's Twitter chatbot, Tay, which produced highly offensive and racist responses to
customers after being asked race-related questions. This adversely affected Microsoft's reputation
(Puntoni et al., 2021). Therefore, as service providers are likely to continue using chatbots, it is
important to understand how to use chatbots effectively while maintaining positive relationships with
customers (Crolic et al., 2022; Bock et al., 2020). This signifies a relevant problem in the workplace, as
chatbots’ influence is expected to continue in the foreseeable future (Maar, Besson & Kefi, 2023).

Since the COVID-19 pandemic, the financial services industry has been under stress due to increased
business uncertainty (Wongsansukcharoen, 2022). This stress is exacerbated by the current economic
climate, leading Goldman Sachs to let go of more than 3,000 employees, its largest layoff since the
2008 financial crisis (Azhar & Murdoch, 2023). Considering the current financial climate, Al is crucial for
financial service providers, such as banks, to improve their customer experience, thereby strengthening
their customer relationships (Ho & Chow, 2023). Maintaining customer relationships is critical to
financial service providers’ success (Laky, 2023). However, implementing Al, such as chatbots,
presents numerous challenges for financial service providers, including customer resistance (Kreger,
2023; de Andrés-Sanchez & Gené-Albesa, 2023; Meng et al., 2023). Overcoming resistance to chatbots
is important for firms to be able to exploit the advantages chatbots offer (Kallel et al., 2023). Many
customers prefer not to deal with chatbots, opting to interact with a human service employee instead
(Huang et al., 2024; de Andrés-Sanchez & Gené-Albesa, 2023; Meng et al., 2023; Shevlin, 2023; Luo et
al., 2019). However, the new reality in banking is that chatbots have become the new employees. Banks
are increasingly replacing human service employees with chatbots, essentially integrating chatbots into
the team (Shevlin, 2023). Therefore, financial service providers need to understand how they can
exploit chatbots’ value and overcome customer resistance. This is worthy of investigating, as customer
resistance to chatbots represents a key obstacle to their adoption (Meng et al., 2023) and restricts their
usefulness to service providers (Kreger, 2023; Meng et al., 2023; Mozafari et al., 2022). However,
previous studies examining the effective of use of chatbots focus on an organizational perspective,
instead of a customer perspective (Zhang, Feglstad & Bjarkli, 2023; Meyer von Wolff, Hobert &
Schumann, 2021), or focused on the customer’s communication journey exclusively (van der Goot,
Hafkamp & Dankfort, 2020). Moreover, previous studies examining customer resistance to chatbots
have been conducted in other contexts, such as healthcare (Mdller et al., 2019).

Furthermore, research into the effective use of Al in financial services is limited (Riedel et al., 2022;
Mogaiji, Farquhar, Van Esch, Durodié & Perez-Vega, 2022). Existing literature on Al and chatbots in
financial services presents several gaps that this study aims to address. Social exchange theory has
also been underutilised in this context and prior research primarily focuses on other theoretical
frameworks, such as the technology acceptance model (De Keyser & Kunz, 2022; Bock et al., 2020; De
Cicco, lacobucci, Aquino, Romana Alparone & Palumbo, 2021) or innovation resistance theory
(Kwangsawad & Jattamart, 2022; Chang & Hsiao, 2024). Scholars highlight the unclear impact of Al on
the social exchange process between customers and firms, particularly regarding traditional perceptions
of costs and benefits (Bock et al., 2020). Additionally, while previous studies acknowledge customer
resistance to chatbots, they provide limited insights into strategies to mitigate this resistance and the
factors contributing to it (Yang et al., 2023; Cheng Zhang, Cohen & Mou, 2022). Moreover, while

5



previous research has explored customer satisfaction with chatbots, there is a need for a deeper
examination of customer preferences for chatbot interactions and their impact on relationships with
financial service providers (Blazevic & Sidaoui, 2022). By addressing these unresolved questions, this
study contributes to a more comprehensive understanding of the dynamics between customers and
chatbots in the financial services sector.

Considering the above, the research problem of this study was: Customer resistance to chatbots in
financial services is a major barrier to their effective adoption (Meng et al., 2023). Issues such as poor
service quality, privacy concerns, and unmet customer expectations decrease customer satisfaction
(Crolic et al., 2022; Huang & Dootson, 2022; Bouhia et al., 2022). With the current financial climate
placing more pressure on banks to improve their customer experience through leveraging Al (Ho &
Chow, 2023), this study aims to identify strategies that financial service providers can use to overcome
customer resistance so as to leverage the benefits of chatbots and improve customer relationships. To
address the research problem and the aforementioned critical research gaps, this study asked: How
can financial service providers overcome customer resistance to chatbots to improve their
customer relationships? This study’s research questions and objectives are presented in the next
section.

1.4 RESEARCH QUESTIONS AND OBJECTIVES

This study sought to achieve an enhanced understanding of chatbots in services, particularly how they
can be used more effectively to overcome customer resistance and improve financial service provider's
customer relationships. Regarding the research problem, the research questions and objectives follow,
commencing with the research questions.

e Research Question 1: What are the implications of financial service providers using chatbots
versus human service employees on customer relationships?

e Research Question 2: How can financial service providers overcome customer resistance to
chatbots to improve their customer relationships?

The primary research objectives listed hereunder were formulated to address the research questions.

e Objective 1: To ascertain the implications of financial service providers using chatbots versus
human service employees on their customer relationships.

e Objective 2: To suggest how financial service providers can overcome customer resistance to
chatbots to improve customer relationships.

This study’s first research question addressed the implications of using chatbots versus human service
employees on customer relationships to extend the literature on the negative implications on customer
relationships (Grewal, Guha, Satornino & Schweiger, 2021; Mostafa & Kasamani, 2022). With the aim to
contribute to chatbot resistance literature (Crolic et al., 2022; Huang & Rust, 2021), the second research
question addressed how chatbots can be used more effectively to mitigate their negative implications
and overcome customer resistance to chatbots. This is important to consider because, despite firms’
increasing interest in implementing chatbots in customer services, consumers remain doubtful of Al
technology in financial services (Priya & Sharma, 2023). This is an issue because an innovation’s
success relies on customer adoption and unaddressed resistance can result in its failure (Mani &
Chouk, 2018). Customer resistance has caused numerous innovations to fail (Heidenreich & Kraemer,
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2016). Moreover, customer expectations for chatbots have intensified due to several chatbots becoming
increasingly advanced. This has led to an issue where conventional banking chatbots may fall short of
meeting heightened consumer demands for personalisation, relevance, and speed caused by more
advanced Al chatbots, such as ChatGPT. For example, if consumers regularly engage with ChatGPT
and subsequently interact with their bank’s chatbot, they could experience dissatisfaction due to
heightened expectations (Johnson, 2023), emphasising the relevance of the research questions.
Together, these research questions enhanced our understanding of how chatbots can be used more
effectively in financial services to enhance customer relationships. These research questions are further
explained in Chapter 3. An exploratory research design was utilised to address the research questions.
The ensuing section provides an overview of the research design.

1.5 METHODOLOGY

This study applied an exploratory research design with a qualitative method to gather primary research
data. Qualitative research enables detailed descriptions and unlimited data (Barker, Pistrang & Elliot,
2015; Creswell & Poth, 2016), leading to an in-depth understanding of a problem (De Ruyter & Scholl,
1998; Flick, 2007; Carson, Gilmore, Perry & Gronhaug, 2001). Interviews are a popular method utilised
for gathering data in qualitative research (Flick, 2007; McGregor, 2017; Merriam & Tisdell, 2016), and
were conducted in this study to gather data from participants’ unique perspectives to generate new
insights uninfluenced by existing literature (Flick, 2007; Daymon & Holloway, 2010; Merriam & Tisdell,
2016).

Semi-structured interviews were conducted using a set of broad questions as well as probing questions
(McGregor, 2017; Gavin, 2008). Semi-structured interviews permitted an explorative interaction with
participants (Silverman, 2006; Zikmund, Carr & Griffin, 2013). Open-ended questions allowed
participants to contemplate their interactions with chatbots, increasing the findings’ integrity (Mollenkopf,
Frankel & Russo, 2011; Plewa, Sweeney & Michayluk, 2015). Video-based, online, semi-structured
interviews were conducted to ensure participants’ comfort (Creswell & Poth, 2016) and adhere to the
“social distancing” protocol enforced during the COVID-19 pandemic (Dodds & Hess, 2020; Libai et al.,
2020). The sampling frame extended to Cape Town, Durban, and Johannesburg, South Africa as these
major cities account for the three provinces with the largest share of the population (Statistics South
Africa, 2020). Interviews were conducted between 10 December 2020 and 15 January 2021.

The target population comprised internet banking users in South Africa. Quota sampling was employed
to ensure a representative sample based on age and gender (Daniel, 2011). Participants were chosen
through convenience sampling, constituting the second stage in the quota sampling process (Hauser &
Hansen, 1944; Daniel, 2011). A sample size of 20 was selected and justified by past literature (e.g.,
Soetan et al., 2021; Tynan, McKechnie & Hartley, 2014; Sangle-Ferriere & Voyer, 2019; Kvale &
Brinkmann, 2009; Plewa et al., 2015). The quota was met for age (31.65% between 20 and 29; 32.25%
between 30 and 39; 21.33% between 40 and 49; and 14.77% between 50 and 59 years old), as well as
for gender (50% male and 50% female). Participants worked in various industries, including marketing
and finance. Appendix 5.b offers more detail on the individual characteristics of participants, including
their age, gender, industry and years of experience.

The researcher offered remote interviews via Zoom at participants’ preferred times and sent
confirmation emails and Google Calendar invitations with a Zoom meeting link, to reduce non-response
bias (Colombo, 2000). Participant’s emails were voluntarily provided to the researcher by participants.
Each participant was emailed an information sheet before the interview and voluntarily provided their
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written consent via email (see Appendix 4.c). Participants used their own computers to partake and all
interviews were recorded and transcribed to facilitate analysis, with the verbal permission of
participants. The researcher minimised social desirability bias by building rapport with participants
through humour, providing clear explanations of the study’s purpose and confidentiality, and reassuring
participants that their opinions were valued (Bergen & Labonté, 2020; Grimm, 2010).

Data collection began after permission from the University of Cape Town ethics committee was attained
and the following reference number was issued: REC 2020/08/010. The researcher adhered to several
ethical principles throughout the research process. Participants were informed of their right to withdraw
at any time, assured of the confidentiality of their information, and provided with accurate details about
the study (Carson et al., 2001; Polonsky & Waller, 2018). In light of the COVID-19 pandemic, which
heightened the vulnerability of consumers, interviews were conducted online to mitigate health risks,
thereby ensuring the well-being of both participants and the researcher (Scott, Martin & Wiener, 2020;
Bell, Bryman, dos Santos, du Toit, Hirschsohn, Masenge, van Aardt, Wagner, 2014). In line with the
research questions from Section 1.4, the interview questions explored: (i) participants’ expectations of
their bank’s service experiences; (i) participants’ perceptions of their banks and chatbots in internet
banking; (iii) participants’ motives and concerns about dealing with a chatbot in internet banking; (iv)
scenarios in which participants prefer a human service agent over a chatbot; and (v) strategies for
banks to enhance chatbots’ effectiveness in meeting participants’ needs and expectations.

The interpretation of findings followed a phenomenological analysis, focusing on participants’
experiences and providing insight through dense descriptions (Starks & Brown Trinidad, 2007; Daymon
& Holloway, 2010; Holloway & Todres, 2003). This approach revealed the intended meaning behind
participants’ experiences (Lichtman, 2013; Daymon & Holloway, 2010; Eberle, 2014; Starks & Brown
Trinidad, 2007; Holloway & Todres, 2003). Despite the growing use of software like Atlas.ti for
qualitative analysis (Gupta, 2024), qualitative research demands a depth of understanding that may be
compromised by relying on software (Merriam and Tisdell, 2016). Thus, to gain a more in-depth
understanding of chatbots in financial services, manual coding over qualitative analysis software was
used. Resource constraints, including the financial and training costs associated with Atlas.ti further
informed this decision (Polonsky & Waller, 2018; Gupta, 2024). The methodology added to the relevant
quality criteria and ethical considerations. This chapter introduced the study, outlining the research
problem and two associated questions, as well as an overview of the methodology. The next section
justifies the research in terms of theoretical, managerial, and methodological contributions.

1.6 JUSTIFICATION OF RESEARCH

This study added to existing knowledge of chatbots in marketing across various dimensions. The
following subsections explain these contributions in terms of the theoretical, managerial, and
methodological aspects, beginning with their theoretical contributions.

1.6.1 Theoretical contributions

This study contributed theoretically by applying social exchange theory, which posits that consumers
participate in relationships based on exchanges to maximise advantages and minimise costs (Molm,
1997). This theory was applied in this study as it provided a framework to answer both research
questions by focusing on the perceived costs and benefits of interactions between customers and
chatbots. In addressing Research Question 1, “What are the implications of financial service providers
using chatbots versus human service employees on customer relationships?”, social exchange theory
facilitated an understanding of how customers evaluate these interactions based on the rewards and
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costs they anticipate from the exchange (Blau, 1964; Bagozzi, 1975). This theory was particularly
suitable as it emphasises how individuals engage in relationships when the perceived the benefits
outweigh the costs (Blau, 1964). This allowed this study to analyse whether customers perceive
interactions with chatbots as beneficial or detrimental to their relationship with a service provider. Given
that social exchange theory has been widely used to study customer relationships in services (Palmatier
Jarvis, Bechkoff & Kardes, 2009; Cambra-Fierro, Melero-Polo, Sese, & van Doorn, 2018), it also
provided a well-established foundation to explore how customers weigh interactions with chatbots in
comparison to human service employees. This theory was also highly relevant for Research Question 2,
‘How can financial service providers overcome customer resistance to chatbots to improve their
customer relationships?”, due its focus on reciprocal exchanges. This focus enabled an examination of
customer resistance stemming from perceived imbalances between the costs and benefits associated
with using chatbots (Blau, 1964). Previous research indicates that customers resist chatbots when the
perceived costs, such as lack of personalisation or service quality, outweigh the benefits (Bock et al.,
2020; Stafford & Kuiper, 2021). Applying this theory helped this study to identify specific perceived costs
that contribute to resistance and to suggest strategies financial service providers can use to mitigate this
(Obeng, Nakhata & Kuo, 2019; Cloarec, Meyer-Waarden & Munzel, 2022). Based on this discussion,
social exchange theory was suitable for answering both research questions as it offered a structured
lens to explore customer evaluations of chatbot interactions and to investigate strategies for overcoming
resistance.

In exploring the theoretical foundations for understanding customer resistance to chatbots and how to
overcome this, social exchange theory was identified as the most appropriate framework. While theories
such as justice theory and equity theory provide insights into fairness and perceived value in
exchanges, they mainly focus on customer satisfaction and loyalty instead of resistance (Blodgett, Hill &
Tax, 1997; Huppertz, Arenson & Evans, 1978). Resource dependence theory examines
interdependence but does not explain motivations behind customers’ reluctance to engage with new
technologies (Dabholkar, Johnston & Cathey, 1994). Innovation resistance theory, although useful in
uncovering barriers to adopting innovations, focuses solely on negative perceptions and overlooks
potential benefits (Ram & Sheth, 1989). In contrast, social exchange theory provides a comprehensive
framework for analysing customer resistance by considering both the anticipated costs and benefits
associated with chatbot interactions (Blau, 1964). The theory’s ability to account for both positive and
negative perceptions of Al interactions (Wulf & Odekerken-Schrdder, 2001; Cambra-Fierro et al., 2018)
made it an appropriate choice for understanding and improving customer relationships in the context of
financial service chatbots.

Furthermore, social exchange theory was utilised to provide a conceptual viewpoint and contribute to
the literature regarding perceived costs and benefits. Previous studies have primarily extended theories
other than social exchange theory to investigate Al in services (De Keyser & Kunz, 2022; Bock et al.,
2020). Theories commonly used in a service robot context include uncanny valley theory, social
response theory, social impact theory, social presence theory, anthropomorphism theory, technology
acceptance model theory, service robot acceptance model theory and attribution theory, among others
(De Keyser & Kunz, 2022). Therefore, this study added to the service robot literature by applying social
exchange theory to investigate customers’ perceived costs and benefits of chatbots, thereby
contributing a theoretical perspective relatively uncommon in the literature (De Keyser & Kunz, 2022;
Bock et al., 2020; Meyer-Waarden et al., 2020).



In addition, scholars suggested that the impact of Al technology on the social exchange process
between customers and the firm was unclear in the literature (Bock et al., 2020). Specifically, it was
uncertain if the traditional ways in which a consumer evaluates the costs and benefits of interacting with
a firm would be applicable when Al technology, such as a chatbot, is heavily involved (Bock et al.,
2020). Thus, the applicability of social exchange theory in an Al context was uncertain (Fatima et al.,
2024; Bock et al., 2020; Meyer-Waarden et al., 2020). This study extended the social exchange theory
literature by demonstrating its applicability in the context of Al and chatbots (Fatima et al., 2024). By
extending social exchange theory, this study showed that this traditional theory could explain customer
relationships with chatbots (Meyer-Waarden et al., 2020), particularly in terms of perceived benefits and
perceived costs. Based on social exchange theory, this study specifically showed how financial service
providers could improve customer relationships by increasing the perceived benefits and mitigating the
perceived costs of chatbots, so as to overcome customer resistance to chatbots. To build long-term
relationships with customers in the banking sector, financial institutions must first address consumer
resistance to chatbot adoption (Ram & Sheth, 1989). A key strategy to overcome resistance is to
enhance customers’ perceptions of the benefits associated with chatbot interactions (Li & Zhang, 2023).
By implementing various strategies, such as educating customers about data security and transparency
to alleviate fears regarding privacy (Cloarec et al., 2022), banks can effectively overcome resistance
and encourage long-term customer relationships with chatbots.

Moreover, although chatbots are increasingly implemented, research on Al and chatbots is still
developing (Li & Zhang, 2023; Tran, Strizhakova, Usrey & Johnson, 2022; Crolic et al., 2022; Huang &
Dootson, 2022). Therefore, this study’s results opened up research avenues to enhance the
comprehension of how different chatbots can be used in services and their influence on customer
relationship management (Blazevic & Sidaoui, 2022). In addition, this study responded to calls for
additional research into how consumers respond to chatbots compared to humans (Crolic et al., 2022).
Specifically, this study provided valuable insights by comparing the roles of Al and human service
employees in financial service interactions and exploring their marketing implications. Thus, this study
addressed the need for investigation into Al versus human service employee service delivery in various
settings (Blut et al., 2021), including financial services (Mogaji & Nguyen, 2022). The research area
investigating where customers prefer to use a chatbot and how chatbots impact their relationship with
the firm has been highlighted as a key research area (Blazevic & Sidaoui, 2022). To differentiate this
study from others in the literature, Appendix 1.a includes a table comparing similar studies investigating
customer resistance to chatbots in the literature, specifically examining their key findings and limitations.

As shown in the table (see Appendix 1.a), previous studies investigating customer resistance to
chatbots were conducted in various contexts, including healthcare (e.g., Miller et al., 2019),
personalised advertising (e.g., Kim et al., 2023), e-commerce (e.g., Cheng et al., 2021), and community-
enterprise (e.g., Kwangsawad & Jattamart, 2022). These studies employed different theories and
frameworks, such as cognitive appraisal theory (Wang et al., 2023) and the stimulus-organism-response
(SOR) framework (Cheng et al., 2021). Specifically, Kim et al. (2023) did not explore consumers’
positive and negative motivations to use chatbots, a gap addressed in this study. In addition, when
investigating customer resistance to chatbots, Yang et al. (2023) focused on distrust and empathy.
However, most participants in their study had significant experience using chatbots, potentially
influencing their responses concerning chatbot drawbacks compared to consumers with limited
experience. Hence, it remains uncertain if the findings can be generalised to other populations, such as
consumers less familiar with Al and chatbots (Yang et al., 2023). This differs from this study’s findings,
which include participants with no prior experience using chatbots. Based on this discussion, this study
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diverges from prior research investigating customer resistance to chatbots, by focusing on a financial
services context, specifically internet banking, and by adopting social exchange theory, allowing it to
contribute to the literature on customer resistance to chatbots in financial services by paying particular
attention to customers’ perceived costs and benefits.

While the table in Appendix 1.a examines previous studies on customer resistance to chatbots, the table
in Appendix 1.b examines research focused on chatbots in the financial services industry. As depicted
in the table in Appendix 1.b, previous studies on chatbots in financial services have focused on various
areas. In particular, both Mogaji and Nguyen (2022) and Jang, Jung and Kim (2021) studied chatbots in
financial services from managers’ perspectives, whereas this study focused on customers’ perceptions
of chatbots only. The increasing integration of chatbots into customer service strategies highlights the
need to understand their impact from the customer's perspective specifically (Huang et al., 2024). It
should be noted that Jang et al.’s (2021) study was limited to the Korean financial services industry, and
the understanding of chatbots may vary in other countries due to differences in infrastructure and
regulations. Similarly, Soetan et al.’s (2021) findings are limited to Nigeria, and Sugumar and Chandra’s
(2021) findings are limited to the Asian population. Sugumar and Chandra (2021) also applied different
theories, namely the unified theory of acceptance and use of technology 2 (UTAUT2) model and the
belief-desire-intention (BDI) model, to investigate factors for chatbot adoption. Additionally, Rajaobelina
and Ricard (2021) focused solely on the home insurance sector. Therefore, this study differs from prior
research investigating chatbots in financial services by adopting the social exchange theory and
employing this to investigate chatbots in an internet banking context specifically. This study focused on
an internet banking context due to the increase in popularity of online banking transactions, which has
led to a greater reliance on internet banking platforms (Park, Yoo, Cho & Park, 2024). As such, this
study aims to contribute to the literature on internet banking innovations while emphasising the
importance of being customer-focused when implementing chatbots. Thus, this table (see Appendix 1.b)
serves to differentiate this study from those undertaken previously. This study’s managerial
contributions are discussed next.

1.6.2 Managerial contributions

This study’s findings offer insights into how financial service providers can leverage chatbots to enhance
their marketing practices. To overcome customer resistance to chatbots, financial service providers
must address the key factors that lead to negative customer perceptions (Kallel et al., 2023). This study
provides practical strategies to help banks and other financial institutions mitigate these concerns,
ensuring chatbots can be effectively integrated into day-to-day operations while enhancing customer
satisfaction. To overcome resistance stemming from a lack of trust in chatbots, financial service
providers should prioritise transparency. Customers often resist interacting with chatbots due to
uncertainty about who or what they are interacting with (Thomaz et al., 2020). To mitigate this
resistance, banks should ensure that chatbots clearly disclose their non-human identity at the outset of
the interaction. For example, ABSA Bank’s chatbot begins by explicitly stating, "l am not a human,"
which sets clear expectations and reduces any feelings of deception (ABSA Bank). Customer education
is another vital strategy for reducing resistance to chatbots. Many customers resist chatbots due to a
lack of understanding of how they work (Rai, 2020). To address this, financial service providers should
explain the functionality and limitations of chatbots through user-friendly channels like short videos or
educational emails. By explaining the technology, firms can increase user confidence and engagement,
thereby reducing resistance (Thomaz et al., 2020). For instance, offering short privacy notices within
chatbot interactions that explain data usage and security measures can help alleviate privacy concerns
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(Bouhia et al., 2022; Niu & Movondo, 2024). This proactive communication builds trust and reassures
customers that their information is being handled responsibly.

Another key aspect of customer resistance relates to the perception that chatbots are impersonal and
robotic. To mitigate this, financial service providers should personalise chatbot interactions. By using a
warm, friendly tone and greeting customers by name, chatbots can create a more engaging and
personal experience. For example, a bank’s chatbot could introduce itself with, “Hi John, I'm Max, and
I'm here to assist you with your banking needs.” This small but significant step can humanise the
chatbot, making the interaction feel more connected and less robotic, which reduces the feeling of
coldness (Kull et al., 2021). Lastly, providing customers with the option to interact with either a human or
a chatbot can alleviate feelings of reduced autonomy (Puntoni et al., 2021). This option should be
presented at the beginning of an interaction, empowering customers to make an informed choice based
on their preferences and the complexity of their query (Huang & Dootson, 2022). For example,
Commonwealth Bank Australia’s chatbot, Ceba, escalates more complex issues to human service
employees when needed (Cummins, 2022). This flexibility allows customers to feel in control of the
interaction and reduces resistance to chatbots in situations where they might feel forced to use Al. As
such, through focusing on increasing chatbot transparency, educating customers and offering
personalised experiences, financial service providers can mitigate customer resistances to chatbots. By
implementing these strategies, financial service providers can not only reduce customer resistance to
chatbots but also enhance day-to-day operations. In this way, these practical contributions directly
support the operational goals of banks.

1.6.3 Methodological contributions

This study employed an exploratory research design, utilising qualitative methods, specifically semi-
structured interviews. lts qualitative research design facilitated an extensive exploration of participants'
perceptions of chatbots (Barker et al., 2015; Creswell & Poth, 2016). Qualitative techniques provide a
nuanced understanding of complex issues, allowing for richer insights than quantitative studies (De
Ruyter & Scholl, 1998; Flick, 2007; Carson et al., 2001). Semi-structured interviews, an established
method in qualitative research, enabled participants to express their perspectives freely, generating
fresh insights untainted by pre-existing literature (Flick, 2007; Daymon & Holloway, 2010; Merriam &
Tisdell, 2016). The semi-structured format permitted probing questions, fostering deeper dialogue and
allowed participants to reflect critically on their experiences with chatbots in internet banking (McGregor,
2017; Gavin, 2008). This approach enhanced the integrity of the findings by capturing a more authentic
representation of participant experiences (Mollenkopf et al., 2011; Plewa et al., 2015). The study's
sampling strategy further contributes to its methodological thoroughness. Utilising quota sampling
ensured that the sample was representative of the target population, South African internet banking
users, based on age and gender (Daniel, 2011). The deliberate selection of a sample size of 20,
justified by previous literature (Soetan et al., 2021; Tynan et al., 2014), allowed for a balance between
depth and manageability. The diversity of participants across various industries, including marketing and
finance, enriches the data, offering varied perspectives and enhancing the study's validity. The
analytical framework employed in this study further strengthens its methodological contributions.
Phenomenological analysis was utilised to interpret the findings, focusing on participants’ experiences
and revealing deeper meanings through rich descriptions (Starks & Brown Trinidad, 2007; Daymon &
Holloway, 2010).

Notably, the majority of studies in the chatbot literature have typically employed quantitative
methodologies, with the experimental method being the most common. In contrast, qualitative research,
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particularly studies utilising interview methods, is less prevalent in service robot literature. Therefore, it
is strongly recommended that studies adopt qualitative methods to gain a more comprehensive
understanding of human interactions with service robots, such as chatbots (De Keyser & Kunz, 2022).
As qualitative research has been identified as underdeveloped in service robot literature, this study adds
value by contributing to the number of studies employing qualitative methods, specifically interviews.
Therefore, by adopting qualitative techniques, this study contributes to the literature on chatbots,
demonstrating a broader adoption of qualitative methodologies to deepen our understanding of these
technologies in service settings. Furthermore, this study’s use of online interviews via Zoom significantly
enhanced this study's research design and data collection methods. Conducting interviews remotely
offered logistical advantages, allowing participants to engage from their own environments, which
reduced anxiety and encouraged openness, thus leading to richer insights into participants' experiences
(Creswell & Poth, 2016). Additionally, the use of video-based online interviews represents a unique
research design. While many studies have relied on traditional methods of data collection, the
innovative use of digital platforms for semi-structured interviews in this study highlights the adaptability
of qualitative methodologies to contemporary challenges, such as the need for social distancing during
the COVID-19 pandemic (Dodds & Hess, 2020; Libai et al., 2020). This chapter introduced the research
problem, questions, and objectives, provided a summary of its methodology, and outlined its various
theoretical, managerial, and methodological contributions. The next section delineates this study’s
layout.

1.7 DEMARCATION OF STUDY

This section outlines this study’s layout. The remaining five chapters delve into the theory, methodology,
findings, and conclusions. Figure 1.1 below illustrates the study’s organisation.

Figure 1.1: Demarcation of this study

Chapter 1 Introduction

Review of the theoretical foundations of the study
Chapter 2

Role of Al in marketing Social exchange theory

Review of the theoretical foundations of the study

Chapter 3
P Role of chatbots in services marketing Development of the two research

questions
Chapter 4 Methodology
Chapter 5 Results
Chapter 6 Conclusions and Recommendations

This study comprises six chapters: Chapter 1, the current section, serves as an introduction. Chapter 2
explores Al's role in marketing and evaluates the chosen theoretical framework, social exchange theory,
against other theoretical frameworks. Building on this, Chapter 3 explores the theoretical foundations,
focusing on chatbots’ role in services marketing and outlining the two research questions. Chapter 4
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outlines the research design and methodology employed. Chapter 5 involves the interpretation of
findings resulting from the implemented methodology. Finally, Chapter 6 encapsulates the conclusions,
implications, and recommendations for future research and acknowledges the study's limitations.

1.8 CONCLUSION

This chapter clarified this study’s primary aim: to investigate how chatbots can be used more effectively
in financial services to overcome customer resistance. The research questions and objectives (refer to
Section 1.3) are explicitly designed to address this central aim. The study employed an exploratory and
qualitative research methodology to address these research questions and objectives, utilising semi-
structured interviews. The e upcoming chapters cover the theoretical foundations, methodology, results
and conclusions. Chapter 2 situates the study within the broader context of relationship marketing and
Al, specifically introducing social exchange theory.
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CHAPTER 2: RELATIONSHIP MARKETING, Al IN MARKETING, AND THEORECTICAL
PERSPECTIVES

2.1 INTRODUCTION

This study contributes to existing knowledge on Al in services marketing by investigating the effective
utilisation of chatbots by service providers, particularly in the financial sector, to overcome resistance.
This chapter commences with a literature review of customer relationships in services marketing,
followed by an analysis of customer relationship management (CRM) in financial services. This is
followed by a literature review of artificial intelligence (Al) in marketing, specifically services marketing.
The chapter then explores the literature on justice theory, equity theory, resource dependence theory,
innovation resistance theory and social exchange theory. The chapter concludes with a summary of the
chosen theoretical framework.

2.2 RELATIONSHIP MARKETING

Relationship marketing was primarily developed by Philip Kotler, a prominent marketing scholar and
author and was mainly born out of the field of marketing and business management (Kotler &
Armstrong, 2010; Berry, 1983). Relationship marketing is critical for firms to withstand competition
(Morgan & Hunt, 1994; Sharma & Sheth, 1997). It is important to consider, as scholars emphasise the
benefits and importance of developing long-term customer relationships (Berry, 1983; Gronroos, 1990;
Dwyer, Schurr & Oh, 1987). Therefore, this study focuses on relationship marketing. Its various facets
are discussed in this first section, beginning with its definition.

2.2.1 What is Relationship Marketing?

Due to the complex nature of relationships (Gummesson, 1994), relationship marketing lacks a simple
definition (Coviello, Brodie & Munro, 1997; Peterson, 1995; Blois, 1996). The various definitions focus
on different types of relationships (Palmer, 1995). Broadly speaking, relationship marketing refers to “all
marketing activities directed toward establishing, developing and maintaining successful relational
exchanges” (Morgan & Hunt, 1994:22). Relationship marketing represents a significant shift in
marketing, focusing on relationships over singular transactions (Jones et al., 2018; Gronroos, 1994;
Palmer, 1994). While transaction marketing focuses on acquiring customers, relationship marketing
seeks to acquire and retain customers (Gronroos, 1994). Technological advances have played a crucial
role in shaping the evolution of relationship marketing, as marketing became more direct and tailored to
the customer, particularly in internet banking (Sheth & Parvatiyar, 2002). Relationship marketing is said
to be deeply rooted in services marketing (Bejou, 1997; Mdller & Halinen, 2000). In services marketing,
relationship marketing is defined as “the attracting, maintaining and — in multi-service organizations -
enhancing of customer relationships” (Berry, 1983:25). As this dissertation studied relationships in
financial services, the following paragraphs discuss relationship marketing in the services context.

2.2.2 Relationship Marketing in Services

Relationship marketing has become pivotal in service marketing (Jones et al., 2018). Service providers
have direct contact with customers, allowing relationships to be formed (Grénroos, 1995). Customers
form relationships with their service provider through a series of service encounters, which describes
any interaction between the two parties (Bitner, 1990; Voorhees et al., 2017). Service encounters are
deemed social encounters (McCallum & Harrison, 1985). They allow service providers and customers to
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socially interact and begin a relationship (Bitner, 1995; Czepiel, 1990). Service encounters are important
to understand, as each encounter contributes to the customer’s general evaluation of the firm and
impacts their desire to continue the relationship (Bitner & Wang, 2014; Bitner, Brown & Meuter, 2000;
Bitner, 1990). If a service encounter is handled inefficiently, the firm can suffer significant
consequences, including reduced profits, loss of customers, and negative word of mouth (Tax et al.,
1998; Bitner et al.,1994). Service encounters impact customer satisfaction, customer loyalty, repurchase
rates, and relationship quality (Gremler & Brown, 1999; Czepiel, 1990; Bitner, 1995; Parasuraman et
al.,1985; Tax et al.,1998).

Service encounters must be distinguished from service experiences, the latter of which is more holistic
(Voorhees et al., 2017; Bitner & Wang, 2014). Service experience is defined as the time frame within
which all service encounters with a particular service provider occur (Voorhees et al., 2017). Within the
service experience are three stages that assist in organising related research: (1) pre-core service
encounter, where customers research and make contact with the service provider; (2) core service
encounter, where customers experience the service directly from employees, technology, or other
customers; and (3) post-core service encounter, where customers evaluate and take action after the
service, for example, making a complaint (Voorhees et al., 2017; Bitner 1995). While every encounter is
significant and has the potential to either frustrate or please customers (Bitner et al., 2000), those
occurring in the early stages of the service experience are particularly important in promoting loyalty
(Bitner, 1995; Voorhees et al., 2017).

Customers form perceptions of their service provider based on service encounter quality (Bitner, 1995;
Rust & Chung, 2006). Service quality is a key construct in services (Bock et al., 2020). Its meaning and
how it is measured are largely contested in the literature (Brady & Cronin, 2001; Zeithaml, 2000; Zins,
2001; Rust & Oliver, 2000) due to its subjectivity (Caruana, Money & Berthon, 2000; Parasuraman et al.,
1985; Asubonteng, McCleary & Swan, 1996; Smith, 1999). Service providers must offer customers a
superior quality of service to remain competitive (Parasuraman et al., 1985; Reichheld & Sasser, 1990;
Zeithaml, 2000). Customers’ perceptions of service quality depend on their perceived value (Berry,
1995; Gronroos, 1995). Customer perceived value represents a customer’s holistic assessment of the
relationship, considering their perceptions of both the benefits and costs involved (Zeithaml, 2000; Ruiz,
Gremler, Washburn & Carrion, 2008; Palmatier, Dant, Grewal & Evans, 2006). Therefore, customers’
perceptions of service quality are determined by their opinion of how the service met their expectations
(Gronroos, 1984; Parasuraman et al., 1985).

Services are distinguished by four characteristics: perishability, heterogeneity, inseparability, and
intangibility (Zeithaml, Parasuraman & Berry, 1985; Edgett & Parkinson,1993; Moeller, 2010). These are
explained individually to demonstrate the importance of relationship marketing for services. Firstly,
perishability refers to the inability for services to be used later. For example, a bank will lose revenue for
an unrented safety deposit box (Edgett & Parkinson, 1993; Moeller, 2010). Heterogeneity refers to the
inability of services to be produced identically (Zeithaml et al., 1985; Moeller, 2010), making consistency
challenging (Edgett & Parkinson, 1993). Inseparability refers to the inability to distinguish the service
from the service provider (Edgett & Parksinson, 1993; Zeithaml et al., 1985; Moeller, 2010). The
absence of a middleman increases the potential for an emotional attachment between the service
provider and its customer, emphasising the importance of relationship marketing in services (Sheth &
Parvatiyar, 2002; Gronroos, 1995; Bitner, 1995; Crosby, Evans & Cowles, 1990).

Intangibility refers to the non-physical, abstract nature of services and is arguably the most critical
characteristic, as it is prevalent in all services (Zeithaml et al., 1985; Edgett & Parkinson, 1993). Due to
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their intangibility, customers are unsure of what to expect from a service until it is delivered. This poses
risks for unmet customer expectations, resulting in service failures (Sivakumar, Li & Dong, 2014; Smith,
Bolton & Wagner, 1999; Dong, Evans & Zou, 2008; Hazée, Vaerenbergh & Armirotto, 2017; Hess,
Ganesan & Klein, 2003). Service failures lead to adverse word-of-mouth, reduced revenue, and
customer switching behaviour (You, Yang, Wang & Deng, 2020; de Matos, Henrique & de Rosa, 2013;
McCollough, Berry & Yadav, 2000; Evanschitzky, Ramaseshan, Brady, Rabbanee, Brock & Pokorska-
Zare, 2020). Therefore, relationship marketing is essential for service providers to promote satisfaction,
manage customer expectations, and enhance customer relationships, thus making it an important focus
for this study (Hennig-Thurau, Gwinner & Gremler, 2002; Keller, 2012; Reichheld, 1993; Berry, 1995;
Day & Wensley, 1983; Borah, Prakhya & Sharma, 2020).

Service failures are critical points in relationships, often leading to their discontinuation (e.g., Harmeling,
Palmatier, Houston, Arnold & Samaha, 2015; Keaveney, 1995; Anderson, Fornell & Lehmann, 1994;
Gronroos, 1990). However, even without service failures and with limited customer dissatisfaction,
customer relationships fade over time (Evanschitzky et al., 2020). Relationship fading is described as a
slow process in which a customer’s desire to continue their relationship with the firm diminishes,
resulting in unfavourable behaviour (Evanschitzky et al., 2020; Dwyer et al., 1987). This inevitable
relationship weakening emphasises the importance of service providers maintaining and enhancing their
customer relationships (Evanschitzky et al., 2020; Hennig-Thurau et al., 2002; Berry, 1995). Based on
this discussion, relationship marketing is important for service providers to improve and extend their
customer relationships (Hennig-Thurau et al., 2002; Keller, 2012; Reichheld, 1993; Berry, 1995; Day &
Wensley 1983). By applying the principles of relationship marketing, this study demonstrates how
chatbots can enhance customer experiences in internet banking, ultimately promoting long-term
relationships between financial service providers and their customers.

2.2.3 Maintaining and Enhancing Customer Relationships

Ensuring strong customer relationships is critical in marketing, specifically in services (Bejou, 1995).
Strong relationships are generally defined as “the psychological connections customers perceive that
they have with firms” (Voorhees et al., 2017:276). A key construct in relationship marketing literature is
relationship quality (Gremler et al., 2020; Jones et al., 2018). Relationship quality refers to customers’
overall evaluation of the relationship (Garbarino & Johnson 1999; Hennig-Thurau et al., 2002), and is
argued to best reflect a relationship’s strength (De Wulf, Odekerken-Schrdder & lacobucci, 2001). The
literature debates facets determining relationship quality (Dorsch, Swanson & Kelley, 1998; Kumar,
Scheer & Steenkamp, 1995; Bejou, Ennew & Palmer, 1998; Hennig-Thurau et al., 2002; Gremler et al.,
2020). Scholars generally agree that trust and relationship satisfaction are key determiners of this
construct (Crosby et al., 1990; Dwyer et al., 1987; Hennig-Thurau, Langer & Hansen, 2001). Other
scholars emphasise the influence of relationship commitment on relationship quality (Dorsch et al.,1998;
Hennig-Thurau et al., 2002; Roberts, Varki & Brodie, 2003). Thus, trust, relationship satisfaction and
commitment can be considered the three facets determining relationship quality (De Wulf et al., 2001;
Berry & Worthington, 2001). Figure 2.1 below depicts the facets of relationship quality.
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Figure 2.1: Effects of Service Quality on Relationship Quality Dimensions
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SOURCE: Adopted from Caceres and Paparoidamis (2007:838)

Figure 2.1 above indicates the connection between service quality and relationship quality and how both
ultimately determine a customer’s loyalty. Scholars agree that relationships are facilitated by at least
one of the constructs, namely relationship quality, relationship satisfaction, trust, and commitment
(Dwyer et al., 1987; Crosby et al., 1990; Morgan & Hunt, 2004; Palmatier et al., 2006). In the model
shown in Figure 2.2 below, these constructs are referred to as relational mediators, as they express the
relationship between the customer and the firm from the customer’s perspective.

Figure 2.2: Relational Mediator Meta-Analytic Framework
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Relationship satisfaction is a precondition for relationship quality (Caceres & Paparoidamis, 2007; Jones

et al., 2018). Relationship satisfaction is defined as the customer’s emotional state toward the

relationship (Palmatier et al., 2006; Verhoef, 2003). It is further defined in the literature as pleasurable
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feelings (Hansen, Sandvik & Selnes, 2003). Relationship satisfaction develops over time, not from a
single interaction (Caceres & Paparoidamis, 2007; Palmatier et al., 2006). It is important to understand
that relationship satisfaction deals only with the customer’s satisfaction with the relationship and not
general satisfaction (Palmatier et al., 2006). Relationship satisfaction is highlighted as a pivotal element
in relationship marketing due to its distinct characteristics and must, therefore, be included in this review
(Selness, 1998; Jones et al., 2018).

Two additional constructs central to relationship marketing are trust and commitment (Jones et al.,
2018; Morgan & Hunt, 2004). Both are key to strong relationships, making them both equally important
to consider (Morgan & Hunt, 1994). Several scholars disagree and posit that only trust (e.g., Doney &
Cannon, 1997; Sirdeshmukh, Singh & Sabol, 2002) or only commitment (Anderson & Weitz, 1992;
Gruen, Summers & Acito, 2000; Jap & Ganesan, 2000) is important for developing strong, long-term
relationships. Relationship commitment is defined as a lasting preference to continue a relationship
(Moorman, Zallmam & Deshpande, 1992). It requires that at least one party values the relationship
sufficiently to promote its continuation (Morgan & Hunt, 1994; Caceres & Paparoidamis, 2007). Trust is
a key determinant of relationship commitment (Morgan & Hunt, 1994). Trust is defined as having
sufficient confidence in the other relationship partner to depend on them (Moorman et al., 1992; Morgan
& Hunt, 1994). This confidence in the other party is underpinned by perceptions of that party being
trustworthy and honest (Morgan & Hunt, 1994; Crosby et al., 1990). Trust is specifically important in
services due to their intangibility (Parasuraman et al., 1985; Berry, 1995; Rust & Chung, 2006). For
complex, personal, or high-involvement services such as financial services, where customers are
especially hesitant, gaining their trust can promote extended relationships (Berry, 1995).

Berry (1995) highlights building trust as the most critical strategy for enhancing relationships. However,
other scholars emphasise the role of communication in enhancing relationships (Murphy & Sashi, 2018;
Duncan & Moriarty, 1998). Communication facilitates exchanges and ultimately forms relationships
(Duncan & Moriarty, 1998). Effective communication assists firms in being more competitive (Ramani &
Kumar, 2008). Firms can solve customer issues and set customer expectations through communication
(Morgan & Trust, 1994; Palmatier et al., 2006). The possibility of deeper customer relationships is
increased in services due to technology enhancing firms’ communication with customers (Rust, 2020;
Rust & Huang, 2014). Customer satisfaction has been shown to depend on quality communication
(Chung et al., 2020). A recent study highlighted the importance of actively improving communications to
retain customers and combat relationship fading (Evanschitzky et al., 2020). It is crucial to communicate
honestly, openly, and regularly to foster trust in service relationships, making communication a
prerequisite for trust (Berry, 1995; Morgan & Hunt, 1994). A study interviewing automobile insurance
customers revealed that customers felt misled due to the insurance provider not being transparent
concerning price and policy changes. This demonstrates the importance of communicating honestly,
frequently, and tactfully (Parasuraman, Berry & Zeithaml, 1991).

Customers’ perceptions of relational benefits are noted as key contributors to enhancing relationships
(Gremler et al., 2020). Relational benefits refer to what customers gain from the relationship with their
service provider besides the service provided (Gwinner, Gremler & Bitner, 1998). They encompass
three main types: (1) confidence benefits, indicating reduced apprehension or risk; (2) social benefits,
meaning the customer feels valued or recognised (Barlow, 1992), and (3) special treatment benefits,
implying that customers benefit from personalised treatment that can also be economically
advantageous, for example, loyalty programmes. Together, these benefits enhance relationship quality
and are, therefore, important to understand when investigating how relationships can be maintained and
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enhanced (Gwinner et al., 1998; Gremler et al., 2020). For services that are particularly complicated or
require more involvement and investment than others, such as financial services, customers wish to
enter into long-term relationships (Berry, 1983; Bitner, 1995), from which customers benefit from
increased comfort and assurance, known as confidence benefits (Bitner, 1995; Gwinner et al., 1998;
Gremler et al., 2020). As confidence benefits are particularly significant to customers in financial
services, they were important to consider in this study (Ruiz et al., 2008).

The relationship marketing strategies discussed range in their effectiveness in enhancing relationships.,
Communication and seller expertise were strategies found to be the most effective in building
relationships (Palmatier et al., 2006). Other scholars emphasise service providers’ ability to uphold their
service promises as key to enhancing customer relationships (Gronroos, 1990; Berry, 1983). This is
confirmed by a recent study revealing that over-promising contributes to customer relationships fading
(Evanschitzky et al., 2020). Another study indicates that in the event of service failures, showing
appreciation is more effective than apologising to customers, as it deflects blame from the firm (You et
al., 2020). As this study focused on customer relationships, the following section discusses customer
relationship management (CRM) as a facet of relationship marketing.

2.2.4 Customer Relationship Management (CRM)

CRM is closely related to relationship marketing (Zablah, Danny & Wesley, 2003). However, relationship
marketing adopts a holistic view of stakeholder relationships, while CRM focuses on customer
relationships (Frow & Payne, 2009; Gummesson, 2002). CRM can be defined as a strategy that strives
to enhance shareholder value by creating strong relationships with customers. CRM utilises relationship
marketing strategies and technology to establish valuable and long-lasting relationships with customers.
CRM also leverages data to better understand customers’ wants and needs and generate value (Payne
& Frow, 2005; Parvatiyar & Sheth, 2001). CRM not only enhances firm performance (Boulding, Staelin,
Ehret & Johnston, 2005) but also promotes using data to enhance a firm'’s relationship marketing
strategies (Ryals & Payne, 2001). CRM's significance is further proved by the common justification in
the literature that it requires significantly less money to maintain existing customer relationships than to
create new relationships (Rosenberg & Czepiel, 1984; Blattberg & Deighton, 1996; Fites, 1996;
Filiatrault & Lapierre, 1997). A customer relationship’s profitability increases with its duration (Reichheld,
1996). This study sought to understand how service providers can effectively maintain and enhance
their customer relationships. CRM requires a firm to effectively manage customers across various
channels (Payne & Frow, 2005; Ryals & Payne, 2001; Peppers, Rogers & Dorf, 1999). This relies on
consistently delivering a superior customer experience for each channel (Payne & Frow, 2005). Firms
must consider how all channels, or customer touchpoints, work as a whole (Becker & Jaakkola, 2020).
For example, a banking customer may interact with a bank’s call centre, visit the physical outlet, and
use internet banking on the same day and firms require information on customers across all channels to
effectively manage all these interactions and the customer relationship (Ryals & Payne, 2001). This
information can be used to enhance customer relationships (Grénroos, 1997). An industry in which CRM
is particularly advanced and that has significant customer data is the financial services industry (Ryals &
Payne, 2001). Customer relationships in financial services are discussed next.

2.2.5 Customer relationships in financial services

When reviewing all industries, the financial services industry comes across as the most concerned
about customer relationships (Gao et al., 2020; Barnes, 1997). The literature indicates the financial
services industry relies heavily on relationship marketing research (Chiu, Hsieh, Li, & Lee, 2005; Liang
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& Wang, 2006). Customer relationships in financial services are particularly uncertain and constantly
evolving and are, therefore, important to consider (Heinonen, 2014). Developing strong customer
relationships is particularly challenging in banking (Chai & Dibb, 2018). As it is becoming more difficult
for banks to differentiate themselves, there is more pressure to enhance service quality and employ
innovative methods (Gao et al., 2020; Sayil et al., 2019; Chai & Dibb, 2018; Khare, 2010). Due to
increased access to information, customers are becoming more knowledgeable about the industry and
more critical of banks (Civera, Casalegno, Mosca & Maple, 2018). Consequently, trust is crucial in
banking (van Esterik-Plasmeijer & Van Raaij, 2017). Banks, therefore, utilise CRM strategies to maintain
and enhance customer relationships to remain competitive and profitable (Ballantyne, 2005; Dibb &
Meadows, 2004).

Financial service providers can develop beneficial relationships with customers through prompt, tailored,
and cohesive communication (Maas & Graf, 2008; Soureli, Lewis & Karantinou, 2008). Financial service
providers can also offer economic benefits, such as reduced transaction costs to enhance existing
customer relationships (Lin, Weng & Hsieh, 2003). Another strategy to enhance customer relationships
is through customer education (Eisingerich & Bell, 2006). As financial services are perceived to be
complicated and abstract (Berry, 1995), customers may lack confidence when accessing service
providers. This lack of confidence can be reduced through customer education, which can when
conducted sincerely, enhance relationships (Eisingerich & Bell, 2006). In this context, customer
education involves the financial service employee being prepared to simplify financial terms and explain
the advantages and disadvantages of financial products to customers (Sharma & Patterson, 1999;
Eisingerich & Bell, 2006). Moreover, how a financial service provider addresses customer issues can
enhance the relationship (Eisingerich & Bell, 2006). Issues should be dealt with promptly, respectfully,
and with empathy (Smith et al., 1999; Tax et al.,1998; Eisingerich & Bell, 2006). Strategies for strong
and sustainable customer relationships require insight into how financial actions and encounters fit into
customers’ lives (Heinonen, 2014). Financial service providers should also integrate new technologies,
as this can assist firms in managing customer data in ways that will enhance relationship marketing
strategies (Ryals & Payne, 2001). This is important to consider because when banks incorporate
technology into their service delivery, customer relationships change (Barnes, 1997).

Advancements in banking technologies have led to customers having not only more options when
choosing a bank but also heightened expectations (Civera et al., 2018; Khare, 2010). Technology is
imperative for enhancing banking services and adding value to service encounters (Czepiel, 1990;
Rexha, Kingshott & Aw, 2003). Advances in technology and data analytics enhance communication
across various channels. This allows service providers to offer increased personalisation and enhance
their customer relationships (Gupta, Leszkiewicz, Kumar, Bijmolt, & Potapov, 2020; Rust & Huang,
2014; Grewal, Hulland, Kopalle & Karahanna, 2020). As online relationships differ significantly from
those occurring offline, knowing how to maintain and enhance online relationships is a concern for both
marketers and scholars (Kozlenkova, Palmatier, Fang, Xiao & Huang, 2017; Verma, Sharma & Sheth,
2016; Steinhoff et al., 2019). Discussions of the differences between online and offline customer
relationships follow.

2.2.6 Online relationships

As customers most often interact with firms online, managing online relationships, in which customers
and firms engage with each other via the internet, is critical (Steinhoff et al., 2019). Advances in
technology continue to enhance relationship marketing strategies and support firms in developing
intimate relationships with customers (Berry, 1995; Bock et al., 2020). In an online context, all points of
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contact between the customer and the service provider have the power to shape customers’
perceptions of the benefits they receive (Liang & Chen, 2009). Enhancing service quality is critical to an
online service provider’s success (Wang & Zhang, 2018).

Online relationship marketing includes relational exchanges occurring through e-commerce, social
media platforms, mobile applications, augmented reality, and artificial intelligence (Lemon & Verhoef,
2016). Two key relationship principles are repeated interactions and two-way communication. These are
both facilitated by the internet, proving the connection between managing relationships and the internet
(Srirojanant & Thirkell, 1998). Past research indicates that customers regard encounters with computers
as social encounters and, for instance, attach personalities to websites. Customers, therefore, are
perceived to have the same expectations of online interactions (Ovans, 1999). However, online
relationships differ from those occurring offline. Offline customer relationships are distinguished by
interactions between humans, while relationships occurring online depend on interactions between
humans and technology (Yadav & Pavlou, 2014; Steinhoff et al., 2019). Online customer relationships
are characterised as instant, free from geographical limitations, leveraging data for increased
personalisation, and seamless (Novak, Hoffman & Yung, 2000; Steinhoff et al., 2019; Kozlenkova et al.,
2017). Table 2.1 below presents the differences between online and offline services.

Table 2.1: Comparison of Online and Offline Services

Online services Offline services

Less time-consuming More time-consuming (Liang & Chen, 2009)

More convenient Less convenient (Day & Montgomery, 1999)

More control Less control (Dabholkar, 1996)

Encouraging loyalty may be easier Encouraging loyalty may be more challenging (Mols,
1998; Shankar, Smith & Rangaswamy, 2003)

Service is less transparent Service is more transparent (Rust & Chung, 2006)

Less human-to-human interaction means More human-to-human interaction means bonds are

bonds are more difficult to form easier to form (Meuter, Ostrom, Roundtree & Bitner,
2000; Harden, 2002; Liang & Chen, 2009)

As shown in Table 2.1 above, online service encounters are typically less time-consuming and provide
the customer with added convenience and control (Liang & Chen, 2009; Day & Montgomery, 1999;
Dabholkar, 1996). Encouraging loyalty may be easier in online versus offline contexts (Mols, 1998;
Shankar, Smith & Rangaswamy, 2003). However, online relationships can make it more difficult for firms
to establish a bond with customers due to the lack of human-to-human interaction (Meuter, Ostrom,
Roundtree & Bitner, 2000; Harden, 2002; Liang & Chen, 2009). A firm’s online reputation is especially
critical due to aspects of the service being hidden (Rust & Chung, 2006). For this reason, customers in
online relationships have an increased desire for clear and factual information (Liang & Chen, 2009).

Offline and online relationships are similar in the sense that both types of relationship develop on the
foundation that both parties believe they stand to benefit in some way (Gwinner et al., 1998; Mathwick,
2002; Kozlenkova et al., 2017). Both types of relationships have the potential to feel equally as personal
to the customer (Mathwick, 2002). As with traditional service failures, online service failures can
adversely affect the customer, with significant repercussions for the firm (Chen & Lee, 2018; Wang &
Zhang, 2018). As customer relationships are typically a combination of online and offline, both are
important when discussing customer relationships (Palmatier et al., 2006; Steinhoff et al., 2019). Libai et
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al. (2020) highlights the importance of firms understanding the implications of emerging technologies for
customer relationships. The focus of these technologies for marketers is Al (Libai et al, 2020; Kaplan &
Haenlein, 2019). Therefore, the ensuing section discusses Al in marketing.

2.3 Al IN MARKETING

Emerging technologies such as artificial intelligence (Al) are predicted to disrupt the realm of marketing,
particularly customer behaviour (Campbell et al., 2020; Bock et al., 2020). It is important to understand
Al, as it will significantly impact future marketing strategies (Chintalapati & Pandey, 2022; Davenport et
al., 2020; Rust, 2020; Bock et al., 2020). Although not a new technology, recent developments in Al
technologies have been noteworthy and, therefore, this section examines the literature on Al in
marketing (Chintalapati & Pandey, 2022; Tong, Luo & Xu, 2020).

2.3.1 What is Al?

Explicit definitions of emerging topics are important for a field of study’s growth and sustainability
(Yadav, 2018). The table in Appendix 2.a examines various definitions of Al in the literature. Shankar’s
(2018) definition, see definition 1 (Appendix 2.a), is important to include as Al is commonly defined in
the literature as machine technology that collects and uses data in ways that mimic human intelligence
(Kumar, Ramachandran & Kumar, 2021; Canhoto & Clear, 2020; Rust, 2020; Syam & Sharma, 2018).
Al is described as intelligent due to its ability to constantly improve and update its information (Kumar et
al., 2021). Similarly, Paschen, Wilson and Ferreira (2020) and Puntoni et al. (2021) (refer to definitions 5
and 6 respectively in Appendix 2.a) define Al in terms of human intelligence. However, Kaplan and
Haenlein (2019) and Bock et al. (2020) argue that definitions describing Al in terms of human
intelligence are problematic, as machines do not duplicate human intelligence but rather focus on what
is logical to exceed what is humanly possible (Paschen et al., 2020). Bock et al. (2020), see definition 3
(Appendix 2.a) take into account the nature of services. As this dissertation investigated Al in the
context of services marketing, Bock et al.’s (2020) definition was applicable.

Al can be either virtual, which is its disembodied form, or robotic, known as its embodied form (Grewal
et al., 2020; Yadav & Pavlou, 2020). It should be noted that these forms should not be considered as
two separate categories but rather as points on a spectrum (Davenport et al., 2020). Both forms are
predicted to significantly influence customer interactions with firms and, therefore, both are important to
understand (Yadav & Pavlou, 2020). Although robotic Al features in recent literature (Mende et al.,
2019; Thomaz et al., 2020; van Doorn, Mende, Noble, Hulland, Ostrom, Grewal & Petersen, 2017), the
majority of Al is currently in virtual form (Davenport et al., 2020). Al can be classified into three types as
it progresses from mechanical to thinking and feeling. Each type can be utilised in different ways to
support service activities (Huang & Rust, 2021). Table 2.2 below depicts the different types of Al.
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Table 2.2: Three different types of Al: mechanical, thinking, and feeling

Type Function Service Tasks Al Examples
Mechanical Automation of service Shipping, delivery, and Robot self-service,
functions payments and automated
service processes
Thinking Prediction and Developing new services, Data mining, and
personalisation of identifying new markets, and | predictive analytics
services personalising services
Feeling Personalisation of Interacting with customers, Chatbots, and
relationships customer service, and speech and emotion
customer care recognition (e.g., Siri
and Alexa)

SOURCE: Huang and Rust (2021)

Table 2.2 above presents the different types of Al and their relevant functions, service tasks, and
specific examples. Currently, mechanical Al is used to automate production, service functions, and
standardisation, whereas thinking Al is used for research purposes and personalising services (Huang &
Rust, 2021; Huang & Rust, 2020). The most advanced of types, feeling Al, can be employed to
personalise customer relationships and, therefore, can enhance relational benefits (Huang & Rust,
2020). However, Al has yet to evolve to the point where feeling Al can be employed effectively in
services and is often unsuitably replaced by mechanical or thinking Al (Huang & Rust, 2021). At
present, Al is significantly impacting marketing and is predicted to have an even more profound impact
in the future (Grewal et al., 2020; Bock et al., 2020). Al's marketing implications are examined in the
ensuing section.

2.3.2 Implications of Al in Marketing

Al is progressively being employed in marketing practice (Huang & Dootson, 2022; Chintalapati &
Pandey, 2022; Crolic et al., 2022; Campbell et al., 2020; Grewal et al., 2020; Davenport, 2018). Due to
advances in Al technology, marketers now have unprecedented insight into customer behaviour (Tong
et al., 2020). Al improves marketing strategies through increased personalisation and increased
customer engagement (Davenport et al., 2020; Grewal et al., 2020; Tong et al., 2020). Firms benefit
from an in-depth understanding of customer needs, faster, more accurate processing, and the ability to
manage numerous customers simultaneously (Campbell et al., 2020; Luo et al., 2019; Libai et al., 2020;
Kumar et al., 2019). Al is used in a variety of marketing contexts, including healthcare, self-driving cars,
retailing, and customer services (Grewal et al., 2020). Within these contexts, Al allows firms to reduce
costs by automating particular marketing functions, such as customer service, leading to improved
profitability (Davenport et al., 2020). Ultimately, Al allows marketers to deliver enhanced and seamless
customer experiences (Grewal et al., 2020). Al has had more influence in some industries than others
(Rai, 2020). Its impact has been the most significant in industries requiring large volumes of customer
data, such as retail, consumer packaged goods, travel, and banking (Davenport et al., 2020; Rai, 2020).

Within CRM, Al's impact can be considered as small advances in a firm’s technological processes (Libai
et al., 2020). AI-CRM systems are technologies which utilise machine learning to better predict
customer behaviour based on vast amounts of data (Agrawal, Gans & Goldfarb, 2019). AI-CRM is used
for CRM activities including acquiring, developing, and retaining customers (Libai et al., 2020). In the
literature, the consensus is that Al has had positive effects on customer relationship processes (West,
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2018; Libai et al., 2020; Kumar et al., 2019; Gupta et al., 2020). Recent studies seek ways in which Al
can be applied to enhance the customer experience (Ciechanowsk, Przegalinska, Magnuski & Gloor,
2019; Huang & Rust, 2018; Leung, Paolacci & Puntoni, 2018; Tong et al., 2020). However, there is
limited knowledge about how Al will alter customer relationships (Crolic et al., 2022; Kull et al., 2021).
This is critical for firms to understand as competition increases (Kull et al., 2021; Libai et al., 2020). As
Al continues to advance, customers’ hesitation about Al intensifies, reducing their willingness to adopt it
(Huang & Dootson, 2022; Longoni, Bonezzi & Morewedge, 2019). The ensuing section addresses
customer resistance to Al.

2.3.3 Customer resistance to Al

Generally, customers perceive Al negatively, which makes them resistant to engaging with Al
(Davenport et al., 2020). Therefore, the reasons behind customers’ negative perceptions need to be
considered. Factors such as performance, ease of use, enjoyment, human-like attributes,
trustworthiness, and external influences have been shown to positively influence consumers’ attitudes
towards Al, increasing their acceptance thereof. In contrast, perceived risk has been shown to have a
significant adverse effect on consumers’ attitudes towards Al (Mehta, Jebarajakirthy, Maseeh, Anubha,
Saha & Dhanda, 2022). Perceived risk represents the concerns customers have regarding the likelihood
of undesirable consequences (Zhang & Liu, 2022; Matiza & Kruger, 2021). Regarding Al specifically,
perceived risk refers to consumers’ lack of confidence or feelings of uncertainty when trying new
products or technologies (Chen, 2019). In particular, scholars have suggested that consumer concerns
about how companies gather and utilise their personal information may cause their resistance to Al
technologies (Querci, Barbarossa, Romani & Ricotta, 2022). Therefore, customers’ perceived risk
associated with Al can be a reason for their resistance to Al (Mehta et al., 2022; Ayyash, 2021).

Expanding on the reasons explaining customer resistance to Al, Gray (2017) utilises the case of self-
driving cars to illustrate consumers hold higher standards for Al. This scepticism arises from a lack of
trust in Al's ability for conscious decision-making or emotional experiences (Gray, 2017). Similarly, Yang
et al. (2023) showed that Al's lack of empathy has three impacts on customer resistance: a direct effect,
an indirect effect, and a moderating effect. Additionally, Luo et al. (2019) found that customer purchases
decreased by 79.7% upon discovering they were engaging with Al technology instead of a human. The
decline in purchasing rates was attributed to customers perceiving Al as less empathetic and
knowledgeable than humans. Rai (2020) suggests customers’ distrust towards Al stems from not
understanding its intentions and frustration caused by overly technical explanations.

In the context of medicine, customer resistance stems from the belief that Al cannot recognise and
relate to their unique characteristics (Longoni et al., 2019). Customers’ feelings towards technology and
the degree to which they feel threatened by Al's impact on society further influence their resistance to Al
(Robinson et al., 2020). Considering these factors, researching ways in which firms can address and
effectively reduce customer resistance to Al becomes a critical area of study (Kallel et al., 2023; Crolic
et al., 2022; Huang & Dootson, 2022; Davenport et al., 2020). Expanding on possible reasons for
customer resistance to Al, the role of anthropomorphism is discussed next.

2.3.4 Role of Anthropomorphism in Al

Anthropomorphism is an important construct in explaining customers’ responses to Al (Crolic et al.,
2022; Schmitt, 2019). Anthropomorphism is defined as “perceiving human-like traits in nonhuman
agents” (Epley, 2018:591). Based on the uncanny valley effect, customers will respond differently to a
robot based on how human it seems (Schmitt, 2019; Kim, Schmitt & Thalmann, 2019). The more human
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a robot appears, the more discomfort a customer may experience (Schmitt, 2019). Mende et al. (2019)
confirm this theory. While Puntoni et al. (2021) suggest that the increased use of humanised Al in more
developed markets is increasing customers’ desire for human-like Al, Kim et al. (2019) found that
anthropomorphism has varied impacts on the customer. It increases feelings of warmth but also
intensifies customer resistance due to perceiving the robot as unnatural. Additionally, if robots seem too
warm or human-like, this can cause discomfort (Kim et al., 2019). Thus, the literature posits a conflict
between technology and human quality (Castelo, Schmitt & Sarvary, 2019).

In the past, Al has been designed on the belief that if it is more human-like, it will enhance customer
relationships (Kim, Chen & Zhang, 2016). Thomaz et al. (2020) suggest that humanised technology can
encourage customers to divulge more due to increased social signals. However, other scholars implore
firms to develop Al less akin to humans (Puntoni et al., 2021; Kim et al., 2019; Mende et al., 2019). For
instance, genderless voices are being considered in the use of Al voice assistants (Puntoni et al., 2021).
Mende et al. (2019) confirm this notion as they urge firms to carefully consider robots’ form. Similarly,
Kim et al. (2019) urge practitioners to ensure robots are not too similar to humans to reduce customers’
negative perceptions of robots. Managers and researchers should discover the most favourable degree
of anthropomorphism from the customer’s perspective (Kim et al., 2019). To expand on the customer
perspective of Al, the ensuing section examines customers’ perceived costs and benefits of Al.

2.3.5 Customers’ perceived costs and benefits of Al

As established previously, customers judge service quality based on their perceived values, which are
derived from their perceptions of the various benefits and costs experienced (Zeithaml, 2000; Ruiz et
al., 2008; Palmatier et al., 2006; Parasuraman et al., 1985; Gronroos, 1984). Therefore, when
examining customers’ evaluations of Al, it is important to consider the perceived costs and benefits.
There are four experiences of Al from which customers experience costs and benefits: (1) data capture,
in which Al listens to and gathers data from customers; (2) classification, in which customers receive
personalised recommendations from Al; (3) delegation, in which, Al is used to undertake tasks
previously performed by the customer and lastly; (4) social, in which customers engage and
communicate with Al (Puntoni et al., 2021).

In the data capture experience, customers benefit from perceiving that Al is serving them as it enables
services to be tailored to their specific needs (Puntoni et al., 2021; Kumar et al., 2019). Tailored
services allow customers to benefit from self-improvement. For example, customers have access to
personalised health assistance from wearables and smartphones (Puntoni et al., 2021). However,
customers may feel used by firms as they improve their profitability at customers’ expense, losing
private access to their data (Puntoni et al., 2021; Rai, 2020). The perception of being exploited can lead
to customers feeling less in control, which adversely affects their psyche (Botti & lyengar, 2006; Puntoni
etal., 2021).

In the classification experience, Al makes advanced predictions to customers, for example, Netflix
utilising video thumbnails to appeal to particular customer types (Longoni & Cian, 2022; Kumar et al.,
2019; Puntoni et al., 2021). Customers stand to benefit as it makes them feel better understood.
However, it may make them feel misunderstood when they perceive these predictions as inaccurate.
They may feel either confined to a group with which they do not identify or excluded from a particular
group. For instance, in banking, where Al algorithms can be employed to select customers deserving of
loans, customers can be excluded due to residing in an area with low credit scores (Puntoni et al.,
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2021). Feeling discriminated against by Al adversely affects customers and increases their vulnerability
(Hill & Sharma, 2020; Puntoni et al., 2021).

In the delegation experience, customers may feel empowered when Al completes tasks for them as they
can spend their time in preferred ways, positively impacting their psyche (Fishbach & Choi, 2012;
Puntoni et al., 2021). However, these experiences can lead to customers feeling replaced by Al

(Puntoni et al., 2021). When Al predicts customer preferences and completes tasks for them, they may
perceive losing their decision-making ability (Davenport et al., 2020; André, Carmon, Wertenbroch,
Crum, Frank, Goldstein, Huber, Van Boven, Weber & Yang, 2018). They may attempt to reclaim their
power by purposefully selecting an option they do not prefer (André et al., 2018).

Lastly, in the social experience, customers benefit when they can engage with Al in a way that feels
natural (Puntoni et al., 2021). However, there is potential for these experiences to make customers
perceive being excluded and alone. Therefore, although these experiences can enhance customer
relationships, they can also cause psychological damage to customers by making them feel alienated
(Puntoni et al., 2021). Al is not only dramatically impacting customer relationships but also service
encounters (Blazevic & Sidaoui, 2022; Huang & Dootson, 2022; Robinson et al., 2020; Bock et al.,
2020). The following section examines the implications of Al in services.

2.3.6 Implications of Al in Services Marketing

Due to advances in automation and the widespread use of Al in services, all types of service encounters
across all sectors are predicted to experience unprecedented change (Huang & Dootson, 2022; Paluch
& Wirtz, 2020; Bock et al., 2020; Robinson et al., 2020; Davenport et al., 2020). Al is predicted to
fundamentally change how service providers engage with customers (Lariviére, Bowen, Andreassen,
Kunz, Sirianni, Voss, Winderlich & De Keyser, 2017; Paluch & Wirtz, 2020). Therefore, it is important to
research the influence of Al on services (Huang & Dootson, 2022; Robinson et al., 2020). Al enables
service encounters to be automated, allowing for superior levels of service and service providers to
meet unique customer needs (Huang & Rust, 2018). Al improves services’ cost-effective scalability
(Wirtz et al., 2018). Significantly, Al allows service employees to be supported and is predicted to
assume their role in future (Huang & Rust, 2018; Davenport et al., 2020; Davenport & Ronanki, 2018).
However, the effective use of Al still depends on human intelligence (Campbell et al., 2020). As both Al
and human intelligence present sets of costs and benefits, a combination of the two is ultimately
recommended (Huang & Rust, 2021; Paluch & Wirtz, 2020; Campbell et al., 2020).

One of the most common ways Al and human service employees are utilised is in customer service
(Campbell et al., 2020). Utilising Al in customer services enables customer issues to be addressed at
any time of day, more rapidly than before and allows service employees to focus on handling more
complex issues (Kumar et al., 2021; Campbell et al., 2020). Firms are also increasingly using Al to
respond to online customer complaints, as it enables both instant and personalised responses (Canhoto
& Clear, 2020; Kietzmann, Paschen & Treen, 2018). Al reduces the negative impacts of customer
complaints and encourages customers to direct their complaints to the firm itself instead of online
(Istanbulluoglu, Leek & Szmigin, 2017). However, having Al handle customer complaints may not be
ideal, as customers may crave empathy (Huang & Rust, 2018).

Service robots are increasingly being utilised to automate customer service tasks and are predicted to
significantly impact how customers perceive service quality (Holthower & van Doorn, 2023; Paluch &
Wirtz, 2020). In recent literature, service robots have been frequently considered (Holthower & van
Doorn, 2023; Meyer, Roth & Gutknecht, 2023; Merdin-Uygur & Ozturkcan, 2023; Lu, Wirtz, Kunz,
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Paluch, Gruber, Martins & Patterson, 2020; Ivanov, Dolgui, & Sokolov, 2019; Jorling et al., 2019; Mende
et al., 2019; Cai¢, Mahr & Oderkerken-Schrdder, 2019). Wirtz et al. (2018:909) define service robots as
“system-based autonomous and adaptable interfaces that interact, communicate, and deliver service to
an organisation’s customers.” Service robots are further described as “system-based, autonomous,
adaptable, physically represented machines that provide service to an organisation’s customers” and
employees by engaging socially (Meyer et al., 2020:24). Service robots include not only physical robots
but virtual robots, such as voice or text-based chatbots (Wirtz et al., 2018; Paluch & Wirtz, 2020). As this
dissertation studied the use of chatbots in maintaining and enhancing customer relationships, chatbots
are addressed in detail in Chapter 3.

In customer service settings where service robots engage directly with customers, service robots are
regarded as social robots (Cai¢ et al., 2019; Wirtz et al., 2018). The recent use of service robots focuses
on simple tasks in which service robots use scripts to offer customer support (Paluch & Wirtz, 2020).
They can provide superior, cost-efficient service but are limited in their ability to show real emotion and
interpret humour (Paluch & Wirtz, 2020). This highlights the primary difference between service robots
and service employees (Lu et al., 2020; Wirtz et al., 2018).

Service employees, both human and robotic, are not only the face of the firm but impact customer
relationships and how customers perceive the firm (Robinson et al., 2020; Mende et al., 2019). The
most ground-breaking feature of Al is its ability to not only take over human tasks but perform them
better than humans (Huang & Rust, 2021). As such, it is becoming more common for an Al service
employee to be utilised in service encounters across various industries (Huang et al., 2024; Li & Zhang,
2023; Robinson et al., 2020). Thus, research is required to understand the implications of Al service
employees replacing human service employees (Li & Zhang, 2023; Kull et al., 2021; Crolic et al., 2022;
Lu et al., 2020; Lariviére et al., 2017; Robinson et al., 2020). It is particularly important to understand
customers’ responses to the use of Al in replacing human service employees (Huang et al., 2024; Li &
Zhang, 2023; Huang & Dootson, 2022; Mende et al., 2019). Table 2.3 below presents the differences
between human and Al service employees.

Table 2.3: Human service employees versus Al service employees

Human Service Employees Al Service Employees
More costly Less costly
Slower response time Quicker response time

Limited in how many customers can be dealt with | Can handle numerous customers simultaneously
simultaneously

Human error is common Void of human error

Less accuracy More accuracy

Requires time to access and assess relevant Can access vast amounts of data instantly
data

Can display genuine emotion and empathy Cannot display genuine emotion and empathy

Can handle nuanced customer issues effectively | Lacks the human instinct required to handle
nuanced customer issues
SOURCE: Robinson et al. (2020) and Bock et al. (2020)

Table 2.3 above indicates that both Al and human service employees offer advantages and
disadvantages. Al service employees can enhance customers’ experiences as they can process and
respond to issues more rapidly than humans (Robinson et al., 2020). The use of Al service employees
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has also made the concept of faultless service a reality, as Al is more accurate than humans (Bock et
al., 2020; Robinson et al., 2020). Human service employees are unable to grasp a customer’'s complete
history with the firm instantly, as can Al (Robinson et al., 2020). However, humans remain necessary, as
they can address nuanced customer issues instinctively, which is critical for developing customer
relationships (Paschen et al., 2020). Firms risk adversely affecting customer perceptions if an Al service
employee is utilised in circumstances where customers seek genuine emotion and empathy (Lu et al.,
2020; Robinson et al., 2020; Paluch & Wirtz, 2020; Wirtz et al., 2018). Al may not always satisfy the
customer, for instance, a chatbot may respond in ways that do not reflect the firm’s image or personality
(Canhoto & Clear, 2020). Considering this shortcoming, both Al service employees and human service
employees are beneficial when used in suitable circumstances. For enhanced customer relationships,
firms should find an appropriate combination of the two to leverage their specific strengths (Yadav &
Pavlou, 2020; Paschen et al., 2020; Paluch & Wirtz, 2020). Firms must assess in which circumstances
customers would be willing to benefit from error-free service at the expense of losing an authentic
human connection (Bock et al., 2020; Robinson et al., 2020).

As Al advances, it is becoming progressively more difficult for customers to distinguish Al from human
service employees (Mozafari et al., 2022; Campbell et al., 2020; Robinson et al., 2020; Wilson &
Daugherty, 2018). The hidden aspect of Al can increase users’ willingness to engage with Al (Canhoto
& Clear, 2020). Interestingly, customers alter how they interact when they know it is an Al instead of a
human service employee. For instance, they typically use shorter sentences or act disrespectfully
(Robinson et al., 2020; Canhoto & Clear, 2020). Customers may experience negativity after these
interactions and may go on to treat human service employees with the same disrespect (Robinson et
al., 2020). Firms are not legally required to disclose the use of an Al service employee to customers
(Mozafari et al., 2022). These types of hidden service encounters can adversely affect customer trust
and, therefore, more research is required into the impacts of concealed Al on unwitting customers
(Mozafari et al., 2022; Robinson et al., 2020). The following section discusses the dark side of Al in
marketing to address the negative implications thereof.

2.3.7 The Dark Side of Al in Marketing

Despite its positive implications in marketing, Al remains an emerging technology requiring firms to
know how to use it effectively to benefit from its use (Campbell et al., 2020; Rai, 2020). Without a
thorough understanding of how to use Al effectively, firms face unprecedented risks (Yadav & Pavlou,
2020; Rai, 2020). Firms should not underestimate the potential nega