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Abstract

The African penguin (Spheniscus demersus) population in southern Africa has
declined from approximately 575 000 adults at the start of the 20th century to
180 000 adults in the early 1990s. The population is still declining, leading to
the International Union for the Conservation of Nature upgrading the status of
African penguins to Endangered on the Red List of Threatened Species.

This dissertation uses a systems dynamics approach to produce a model
incorporating all important pressures. The model is stochastic and spatially
explicit, and uses expert opinion where data are not available. The model
has been produced and revised with the help of the Penguin Modelling Group,
based at the University of Cape Town. The modelling process culminated in a
workshop where participants experimented with the model themselves.

The model in this dissertation is only applicable to the penguin population
on Robben Island and, as such, conclusions drawn cannot necessarily be applied
to other penguin colonies.

The workshop showed that as the model is graphically displayed on a com-
puter, it is useful for conveying the potential impact of decisions to fishery and
conservation scientists as well as managers. Sensitivity analysis found that the
penguin population is particularly sensitive to oiling and to food abundance and

that future research should focus on these factors.
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Chapter 1

Introduction

1.1 Background information

In 2010 African penguins were upgraded to Endangered status on the ITUCN
(International Union for the Conservation of Nature) Red List of Threatened
Species (IUCN, 2010). This was after ten years of classification as Vulnerable.
The justification provided by the TUCN states that “recent data has revealed
that it [African penguin population] is undergoing a very rapid population de-
cline, probably as a result of commercial fisheries and shifts in prey populations.
This trend currently shows no sign of reversing, and immediate conservation ac-
tion is required to prevent further declines.”

Whittington et al. (2000) tells us that in 1910 there were 1.4 million adult
penguins on Dassen Island alone. By the early 1990s the overall population was
estimated to be only 179 000 adult penguins. In 2009 it was estimated that only
26 000 breeding pairs remained (Sherley, 2010).

The Ecosystems Approach to Fisheries (EAF) is an approach built on numer-
ous voluntary and binding agreements, conventions and codes that directly or
indirectly affect fisheries. The FAO-Iceland Conference on Responsible Fisheries
in 2001 highlighted the need for guidelines from the FAO (Food and Agricul-
ture Organization) to help fisheries. The World Summit on Sustainable De-
velopment, held in Johannesburg in September 2002, further encouraged the
application of an EAF by 2010 (Garcia et al., 2003).

Key to this approach is the consideration of not only the target stock, but
also the prey and predators of that stock. To this extent, the pelagic fishing



community needs to consider the plight of the penguins for whom pelagic fish
are an important source of food. One of the current efforts to understand
and perhaps prevent further decline of penguin populations is to close the areas
around various penguin colonies to fishing. This is an attempt to verify if fishing
does in fact have a negative effect on penguin survival and population growth.
This experiment is currently under way with areas around colonies closed for
three year periods according to a predetermined schedule.

An Ecosystems Approach to Fisheries also has to take into account various
stakeholders. These range from commercial and subsistence fishers, fishery-
dependent communities and society at large. A preventative measure such as
closing an area to fishing to protect wildlife is seen as a positive step from
an ecological perspective. However, it can negatively impact the commercial
success of a fishing concern, or deprive subsistence fishers of food, and thus the
tug-of-war between economic necessity and/or gain and the need to conserve
endangered species begins. One could argue the relative importance of stability
in the fishing industry, the needs of stakeholders and the desire to preserve
African penguins but that is better left to a formal problem structuring project.
This dissertation will take the stance that protecting African penguins is a
priority in light of their conservation status.

The stock assessment models currently used to evaluate the effect of fishing
on the stocks of anchovy and sardine as well as the related effect on penguins (as
predators) are statistical models that concentrate on the data that are available
and fit for use. Factors for which sufficient data are not available are not used as
parameters in these models. As such there is likely to be resistance to a systems
dynamics approach to modelling the situation, as used in this dissertation, and
in particular to the use of expert opinion where data are not available or of
sufficient standard.

Another factor that could impair the acceptance of a different paradigm is
that the stock assessment models are currently, and have been used in the past,
to determine the Operational Management Procedure (OMP). The OMP deter-
mines the Total Allowable Catch (TAC) for each fish species and is revised every
five years. In order for an alternative model to be considered for inclusion in the
decision making process it would need to not only be accepted scientifically but
also accepted by the fishing industry and management. The model developed
in this dissertation is intended to start the process of developing an alternative
and complementary approach to aid decision making.

The last major attempt at a model of penguin populations based on biolog-



ical understanding was the Vortex model that was used at the African Penguin
Population and Habitat Viability Assessment workshop in April 1999. At that
stage African penguins were classified as Near Threatened (2004 Classification)
but, the very next year, moved up to Vulnerable as a result of the Conservation
Assessment and Management Plan (CAMP) in 1996 (Whittington et al., 2000).
The details of the Vortex model and the factors considered at the workshop will
be described in chapter 2.

1.2 Research objectives

1. Create a model to assess the combined effects of multiple pressures on the

African Penguin population of Robben Island

e Model should be stochastic, stage-specific and spatially explicit
e Pressures should be modelled explicitly, and separately if possible

e Should stay in line with current biological understanding

2. Explore possible management strategies that could be beneficial to the

Robben Island penguins

3. Ensure that the model could be extended to other penguin colonies

1.3 Delineation and limitations

This dissertation focuses on the model of the penguin population of Robben
Island. As many factors identified for this island are either not factors for other
islands or affect the penguins on those islands more or less strongly, the results
obtained in this dissertation should not be assumed to apply equally to other
penguin colonies.

As hard data are not available for all aspects of the model, qualitative re-
lationships are used based on expert opinion. Sensitivity analyses have been
performed to determine the effect of these relationships as different experts may
have differing opinions. The approach to modelling is such that differences in
opinion can be taken into account and the model parameters adjusted in order
to explore the effects. The Penguin Modelling Group consists of representatives
from the University of Cape Town, BirdLife SA, the Department of Environmen-
tal Affairs, Cape Nature and the South African National Biodiversity Institute.



This dissertation, for the most part, uses the opinions of the penguin biologists

of the Penguin Modelling Group.

1.4 Definition of terms and concepts

A description of the following words is provided for ease of understanding:

biomass the total quantity or weight of an organism in a given area or volume
bycatch unwanted marine creatures caught whilst fishing for a different species
pelagic fish that inhabit the upper layers of the sea e.g. sardine and anchovy

recruit a juvenile fish that has survived long enough to become a part of a

population

spawner a mature female fish

1.5 Significance of this dissertation

African penguins are in danger of extinction. The Ecosystems Approach to
Fisheries recognises the importance of determining the impact of fishing on top
predators like sea birds. African penguins feed on pelagic fish such as sardine
and anchovy so it is important that the pelagic fishing industry, from managers
to fishers, are aware of the impact their activities may have on the penguin
colonies.

It is vitally important that other factors influencing the penguin population
are also considered and, especially, the effect of all factors combined. This
ensures that research efforts can be focused on the most important factors. As
there is not currently a model that takes into account all these factors in a
stochastic and spatially explicit manner, this dissertation is significant in that
it can provide scenarios based on a holistic view of the penguin population and

the potential causes of decline.

1.6 Chapter overviews

This chapter has provided an introduction to the plight of the African Penguin

and provided general information on how conservation of penguins fits into the



Ecosystems Approach to Fisheries. It further outlined the research objectives
and provided a rationale for this study.

Chapter 2 is a review of the available literature in order to provide a more
detailed background to African Penguins and the EAF. Chapter 3 outlines the
research methodology used and details of the data used as well as the various
meetings and presentations used to gather information.

Chapter 4 details the initial model built for the Penguin Modelling Group
while chapter 5 provides a description of the final model. Chapter 6 discusses
the results obtained from the model. This is followed by the results of the
sensitivity analysis in chapter 7.

Chapter 8 deals with the workshop that various stakeholders were invited to
participate in. It examines how user friendly the model actually is and if it has
fulfilled the requirement that it can be used to explore management strategies.

This dissertation concludes with chapter 9 which contains general conclu-

sions and suggestions for further research.



Chapter 2

Literature Review

2.1 Introduction

This literature review first attempts to acquaint the reader with the species
Spheniscus demersus , otherwise known as the African or Jackass penguin. Fa-
miliarity with the life stages and behaviour of the African penguin is important
as it informs and underlies the structure and assumptions of the systems dy-
namic model that is discussed in chapters 4 and 5. Additionally, a short de-
scription of the penguin population on Robben Island is given to familiarise the
reader with the basic demographic parameters. Following that is a review of
literature that describes and attempts to identify the reasons behind the rapid
decline of the penguin population.

The importance of conserving penguins as a top predator is examined in
terms of the Ecosystems Approach to Fisheries and the role that the fishing
industry plays in the conservation of its target stock, as well as the predators
and prey of that stock, is highlighted.

Finally, similar system dynamics models and previous attempts at modelling

African penguin populations are described.

2.2 The African penguin: Spheniscus demersus

African penguins are endemic to Southern Africa and breed at 29 sites in South
Africa and Namibia (Crawford et al., 1995; IUCN, 2010). Breeding is focused

around three main locations - southern Namibia, Western Cape and Eastern



Cape. The majority of colonies are found on offshore islands or rocky outcrops
(Sherley, 2010).

2.2.1 Life stages

Eggs Eggs can be laid all year round but egg laying reaches a peak between
February and May in South Africa (Sherley, 2010). The modal clutch size is
two eggs with nests of one egg occurring far more frequently than nests of three
eggs. (Crawford et al., 1999, 2010). Eggs are incubated for a period of 38 to
41 days. Should a clutch be lost, for whatever reason, the breeding pair may

choose to lay a second clutch (Crawford et al., 2010).

Chicks Chicks fledge when they are between 55 and 130 days old. Until then
they are dependent on their parents for food and, for the first 21 to 25 days,
temperature regulation. The second chick to hatch (in a two egg clutch) often
lags behind the first chick in terms of growth. The last hatched chick is also
more likely to die (Crawford et al., 2010). Chicks that are born to parents who
have previously been oiled (and rehabilitated) have a lower fledging success rate
as their parents appear to have a reduced ability to fulfill the needs of the chicks,
especially as the chicks mature (Barham et al., 2007; Wolfaardt et al., 2008).
Breeding pairs that lose their brood or that successfully fledge their chicks may
choose to lay a second clutch (Crawford et al., 2010).

Immature penguins Penguins are categorized as immature or juvenile after
they have fledged and before they have moulted into their adult plumage. Im-
mature penguins will leave their birth colony and spend between one and two
years at sea, sometimes up to 1 900km away from their natal colony (IUCN,
2010). They then return, usually to their natal colony, to moult into adult
plumage (Randall et al., 1987).

Adult penguins On average, adults penguins live until the age of 20 (15 to
27 years old in the wild). Adult penguins start breeding between the ages of two
and six years old with a modal age-of-first-breeding of four years old (Crawford
et al., 1999). First time breeders have the flexibility to emigrate to other colonies
and can thus take advantage of shifts in the long term distribution of prey. Once
a pair has bred at a specific colony they usually remain faithful to that colony,
and to each other (Crawford et al., 2001, 2010).



2.2.2 Feeding

Penguins generally feed on pelagic fish such as sardine (Sardinops sagaz) and
anchovy (Engraulis encrasicolus). While not breeding, adult penguins can travel
up to 120 km in search for food but this range is limited to 30 to 40km (approx-
imately 16 to 20 nautical miles) when breeding (Sherley, 2010).

2.3 Demographic parameters of Robben Island
population

African penguins recolonized Robben Island in 1983 with 9 breeding pairs
(Crawford et al., 1999). The colony had been extinct since the 1800s. Sub-
sequently there was rapid growth with a peak of just over 8 000 breeding pairs
in 2004. The number of breeding pairs then started to fall until just under 2
500 breeding pairs were estimated to exist on Robben Island in 2009 (Crawford
et al., 2010). The growth of the colony was found to be strongly correlated with
the growth of the sardine stock (Crawford et al., 2001).

At Robben Island, most adults moult from November to January. The peak
laying season is February to April with the first clutches laid in January and the
last in August. Adult annual survival rates vary between 81% and 89% without
oiling events. Immature (first year at sea) survival rates vary from 17% to 44%
(Crawford et al., 2010).

Most penguins on Robben Island breed for the first time aged 4. The propor-
tion of sexually mature birds that choose to breed each year varies between 0.7
and 1, and is positively related to sardine spawner biomass. The mean clutch
size ranges from 1.81 to 1.92 (proportion of 2 egg nests range from 0.81 to 0.92)
and the mean number of chicks fledged per pair ranged from 0.32 to 0.59. The
mean number of chicks fledged per pair was found to be significantly related to

the anchovy spawner biomass in Crawford et al. (1999).

2.4 Decline of the African Penguin

It is estimated that only 26 000 breeding pairs exist - 5 000 pairs in Namibia and
21 000 pairs in South Africa (IUCN, 2010). At the start of the 20th century there
were approximately 575 000 adults. Over the next 50 years numbers halved and

the decline continued until there were only around 180 000 adults in the early



1990s (Crawford et al., 1995). The penguin population has decreased to less
than one-tenth of what it was just over a hundred years ago, and seven islands
now support 80% of the population (IUCN, 2010).
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Figure 2.1: Rapid decline of the penguin population in the last 55 years

2.5 Factors thought to contribute to that rapid

decline

Whittington et al. (2000) states the following: “Primary threats to African pen-
guins include competition for food with seals and commercial fisheries, predation
by seals, oiling, and loss of habitat from interspecific competition for nesting
sites”. In addition to these threats, African penguins are affected by climate
change, disease, flooding, other predators and humans. The following para-
graphs illustrate specific examples of these factors as well as general comments

from literature.

2.5.1 Predators

Seals At Hollams Bird Island in Namibia, penguins experience severe competi-
tion for space from the South African fur seals and at Mercury Island (Namibia),
seals displaced more than 1 000 nesting pairs of penguins in the 1980s. Breeding
space at Seal Island (South Africa) is severely restricted by fur seals (Crawford

et al., 1995). Furthermore, competition for breeding space may be the cause of



cessation of breeding at a total of five colonies. Increased numbers of seals not
only decrease food availability but also prey directly on penguins (Whittington
et al., 2000).

Cape Gannets Cape Gannets may have displaced breeding penguins on Mal-
gas Island in South Africa. The area occupied by the breeding gannets doubled
over a decade and extended over areas where 250 pairs of penguins previously
nested (Crawford et al., 1995).

Sharks According to Randall et al. (1988), predation by sharks has been
recorded for a number of penguin species and an African penguin was even
found in the stomach of a great white shark. The article concluded that great
white sharks are probably the most common predator, and although the in-
juries inflicted by these sharks were an important cause of natural mortality, oil

pollution appeared to be more significant in terms of total known mortality.

Land predators The number of occupied nests at Stony Point, South Africa,
dropped from 140 in 1990 to 84 in 1994. The reasons behind this are thought to
be predation of adult penguins by caracal and predation of eggs by mongoose or

large-spotted genet, all predators common to the area (Crawford et al., 1995).

2.5.2 Natural disasters and disease

Flooding and extreme weather events Flooding can occur due to rain,
spring tides or rough seas depending on the location of nests and the topography
of the island (Kemper et al., 2007).

de Villiers (2002) states that “extreme weather events such as heat waves
and heavy rainfall may also influence the breeding output of a colony”. The
article points out that the effect may be increased due to the physical location
of the colony, and that the timing of weather events would also play a role. The
article further describes how a severe storm flooded burrows, washed eggs out
to sea and resulted in chicks drowning or dying from hypothermia.

Whittington et al. (2000) further states that heat stress can cause parents to
abandon nests and take to the sea to cool off and prevent further dehydration.

Eggs and chicks are then vulnerable to predators.

Disease Penguins living in temperate or sub-Antarctic climates are suscep-

tible to avian malaria (Brossy et al., 1999). This disease affects adult and

10



juvenile penguins and, as it does not normally occur in wild penguins, tends
to be transmitted from penguins that have been captured and kept in confined
areas. Mortality can range from 50 to 75% in captive penguins (Graczyk et al.,
1994, 1995).

2.5.3 Man-made disasters and human interference

Oiling South Africa experiences both catastrophic oil spills and chronic oiling.
Over a ten year period, 44% of the penguin deaths on St Croix Island were
attributable to oil pollution (Whittington et al., 2000). Between 1953 and 2000,
15 oil spills affected penguins at various breeding colonies around South Africa
(Wolfaardt et al., 2009). Wolfaardt et al. (2009) further states that the African
penguin has suffered more from oiling than any other seabird species, worldwide,
based on the proportion of population affected. 5 of the world’s 50 major oil
spills have occured off the coast of South Africa (Whittington et al., 2000) and
since oiling can have an effect on breeding success (Barham et al., 2007), it

should be considered a major factor in the decline of the penguin population.

Human interference Penguins would naturally burrow in accumulations of
sea bird guano to make their nests. Human excavation and collection of guano
has meant that penguins have had to nest on the surface where they are vulner-
able to predators and weather. Commercial exploitation of eggs led to severely
reduced recruitment into the adult population. Between 1900 and 1930, more
than 450 000 eggs per year were harvested from Dassen Island (Wolfaardt et al.,
2009).

2.5.4 Food availability

Sardine stocks off South Africa collapsed in the 1960s and off Namibia in the
1970s. The reduced prey availability caused a decrease in the number of pen-
guins between Cape Town and Liideritz. The number of penguins at Possession
Island (southern Namibia) decreased from 23 000 pairs in 1956 to fewer than
500 pairs in 1987 (Whittington et al., 2000). In 1991, several thousand nests
at Dyer Island in South Africa were abandoned. It is thought that this was a
result of lack of food (Crawford et al., 1995).

11



2.6 The role of fisheries management

2.6.1 Single species approach

Modern fisheries management, as practised for the last 70 years, tends to focus
mainly on its target resource or resources and the fishing activities relating to
that resource. Even though it is based on ecosystems theory, the target species
is assumed to exist in isolation of the ecosystem (Garcia et al., 2003).

The management of fishing resources in this context primarily uses an in-
dicator in order to formulate strategies that optimize single stock yield. This
indicator is the Maximum Sustainable Yield (MSY) of that stock (Degnbol &
Jarre, 2004). MSY results in a strategy that aims to keep a stock at an inter-
mediate level and to set the harvest rate equal to the annual growth rate (Zabel
et al., 2003) in order to harvest the maximum amount of stock while keeping
the population growth rate as high as possible.

MSY does not however take into account the effect of fishing on size/age
structure of the population or on the habitat of the stock nor the disruption of
the usual predator-prey relationships.

The overall management objective in this approach is to maintain sustainable
levels of the target resource. The objective does not extend to multiple species
nor does it include consideration of environmental parameters (Hutchings et al.,
2009). This results in the assessment and management of South African marine
resources as individual species, although there is an increasing trend to consider
multiple stocks (Hutchings et al., 2009). This single species approach leads to
management strategies that focus on controlling fishing while merely observing
proxies for the state of the ecosystem as direct intervention is limited.

As part of the management strategies, the use of fishery resources is op-
timized as a source of human livelihood, food and recreation. This is done
without regard to the effects on the predator-prey relationships of the target
resource, the effects on associated species or the effect of fishing on the marine
environment. This narrow focus upon the human activity, and control thereof,
ignores stakeholders such as fishery-dependent communities, whose livelihoods
depend on the employment generated by fishing and its related activities, and
measures such as protection of specified areas and habitats (Garcia et al., 2003).

This approach to fisheries management is losing favour to an ecosystems

approach, as described in the following section.
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2.6.2 Ecosystems Approach to Fisheries Management

The ecosystems approach to fisheries management aims to extend conventional
single species management to “recognize the interdependence between human-
wellbeing and ecosystem health” (Garcia et al., 2003; FAO, 2003).

Amongst the aims of an ecosystems approach are to
e maintain viable populations of all native species in an ecosystem
e maintain evolutionary and ecological processes

e manage activities over a sufficiently long period of time so as to maintain

evolutionary potential of species and ecosystems

e to accommodate human use and occupancy within these constraints (Gar-
cia et al., 2003)

This approach to fisheries management recognizes that single species are
rarely caught in isolation from other species and that both the targeted and
incidental (in the form of bycatch) removal of species from the ecosystem impact
not only that species but many others as well (Moloney et al., 2004). Removal
of the target species affects its predators, prey and competitors. Fishing also
removes other species as bycatch as the result of only partially selective fishing
gear. These removals and changes in fish populations can result in modified
trophic interactions and food webs (FAO, 2009).

Fisheries need to understand the impact that their activities have on the
ecosystem. The impact of exploiting the target resource can reduce the abun-
dance and spawning potential of the resource as well as “modifying the age and
size structure, sex ratio, genetics and species composition of the target species
and associate and dependent species” (Garcia et al., 2003).

Marine creatures are not the only ones affected. Habitat may be altered or
damaged by fishing gear which would affect marine species (FAO, 2003). Land-
bound predators such as penguins would be affected if the spatial distribution
of their prey species were to change due to the effect of fishing.

An EAF recognises that humans are also an integral component of the
ecosystem, and any management strategy would need to take this in to account
(De Young et al., 2008).
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2.7 Previous models of African penguin popu-

lations

The following two models represent the recent major attempts to model the

penguin populations of Dassen and Robben Island.

2.7.1 Shannon and Crawford model (1999)

Shannon & Crawford (1999) describes a model used to evaluate the effects of egg
harvesting on Dassen Island in the early 20th century, and oiling in the latter
half of the 20th century. The model used a quarterly time step with annual
survival and mortality for adult penguins. The mean value of parameters used
in this model were taken from measurements of Robben Island penguins, or
from a population model of these penguins.

Records of eggs harvested were used along with a linear regression model in
order to estimate the proportion of the annual harvest that occurred in each
quarter and the rate of harvest. Both chronic and catastrophic oiling were
considered in the model. They were modelled similarly but with different pa-
rameters.

Shannon & Crawford (1999) found that there was no harvest rate that did
not cause a decrease in mean population size over 57 years but that the effect
of harvesting could be minimised if the majority of harvesting took place in the
third quarter.

Catastrophic oiling was found to reduce the mean population to 76% of what
it would have been without oiling, 50 years after an oil spill. If penguins were
rehabilitated the population was only reduced to 8% of the population without
oiling.

The impact of chronic oiling varied with the assumed level of disturbance
during searches for oiled birds from reducing the population to 89% of the non-
oiling senario when no rehabilitation was attempted, to only 5% of the non-oiling

senario when daily searches were conducted.

2.7.2 Vortex model (1999)

The Vortex model (Whittington et al., 2000), run as part of the Penguin Popu-
lation and Habitat Viability Assessment workshop, focussed on Robben Island

as it was the best known island in terms of demography. The simulation model

14



was initialised with a population of 5 000 birds and a carrying capacity of 25 000.
Models were developed for three levels of juvenile survival, two levels of adult
survival, three levels of reproductive success and four scenarios with respect to
catastrophes.

Vortex is an individual-based simulation model in that each penguin is in-
dividually tracked and demographic events such as breeding or mortality are
recorded at each discrete time step. The model has mean probabilities of occur-
rence for each demographic event with a specified annual variation. In addition,
catastrophes can occur that would reduce survival and reproduction. The fre-
quency and severity of catastrophes can be specified by the user.

The model for Robben Island was run for 25 years with a starting population
of 5 000 adults. The parameters used were taken from Shannon & Crawford
(1999). Adult survival was taken as constant bar the occurrence of catastrophes
(oiling and human disturbance).

The model showed that, using the best estimates of the demographic pa-
rameters of the Robben Island penguin population, due to low breeding success
(chicks per nest per year) and survival rates, the population could not sus-
tain itself without immigration. Higher adult survival combined with increased
breeding success, or much higher breeding success alone, could result in a self-
sustaining population. The occurrence of catastrophes meant that both breeding
success and survival had to be much higher in order to produce positive long
term growth.

Finally, higher immature survival combined with either higher adult sur-
vival and/or higher breeding success led to self-sustaining populations even with
catastrophes. The model further showed that the increase in the population that
occurred in the late 80s and 90s could not have occurred without immigration

- at least 1 000 immigrants each year.

2.8 Systems dynamics and penguin population

modelling

A comprehensive search revealed no currently available models of African pen-
guins that have used a systems dynamics approach. Previous penguin popula-
tion simulation models from, for example, Jackson et al. (1976) and Crawford
et al. (1999), and the two models discussed in the section above, are mathemat-

ical models that do not follow the principles of systems dynamics modelling.
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Semeniuk et al. (2010) provides a systems dynamics model of a stingray pop-
ulation with tourism as a population pressure. The model has two components:
the stingray population and the tourist population. The tourist population in-
fluences the immigration rate of stingrays into the modelled population and the
stingray mortality rate, and the stingray population influences the attractive-
ness of the area to tourists. Management actions influence both the tourist
population and the stingray population, and drive the two components of the
model.

The authors found that results of their model could not have been predicted
if the two components had been examined in isolation. It was only through the
combination of ecological and social components that viability of the wildlife
attraction could be properly evaluated.

The relevance of this model to the penguin model described in this disser-
tation is limited. The penguin model has a more detailed population dynamics
component than that of the stingray population, and the pressures upon the
penguin population are, in general, acting upon the natural mortality of the
penguins as opposed to the immigration of penguins into the population.

Faust et al. (2003) demonstrates how a stage-based systems dynamics model
can be useful in the demographic management of captive populations. A systems
dynamics model of the behaviour of captive populations can include the effects
of both biology and management. This leads to a better understanding of the
impact of management decisions on the population, and can highlight areas of
concern.

The Faust model focusses on the population dynamics of three subspecies of
bears in captivity. As there are no major external pressures on the population
beyond space available, the model focusses on age structure and breeding, in
terms of biological factors, and birth and space management, in terms of pop-
ulation management. Demographic data for the captive populations is readily
available from stud books and the modellers make good use of this data both
for parametrisation of the model, and to compare the results of the model with
an age-based matrix model.

The Faust model demonstrates that population management and population
dynamics can be combined effectively in a systems dynamics model. Further-
more, the model can be used as a valuable management tool due the flexibility
of the model and the ease of alteration of model parameters.

The Semeniuk and Faust models demonstrate that systems dynamics can

be used to effectively model an animal population, however the populations are
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modelled at a different level of detail, and lack the addition of the types of
population pressures required of the model in this dissertation. As literature
is scarce on using systems dynamics to model a population such as a penguin
colony, “Business Dynamics: Systems Thinking and Modeling for a Complex

World” (Sterman, 2000) was used as a guide.

2.9 Conclusion

The models discussed in the sections above provide a useful starting point for
the development of this penguin model. Using the information from the Shan-
non and Crawford model, as well as information regarding the life stages of a
penguin and the demographic parameters of the population on Robben Island,

the prototype model, as detailed in chapter 4, was built.
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Chapter 3

Research Methodology

3.1 Introduction

This chapter outlines the process of research involved in constructing this model.
The sections below will describe what approach was used to design the model,
the process of gathering information through a series of meetings and presenta-

tions, the data gathered and how the results of the model were analysed.

3.2 Research design

Penguin population dynamics can be represented by a purely mathematical
model as in, for example, Crawford et al. (1999) if all factors are quantifiable and
if mathematical functions and relationships can be defined between variables.
The inclusion of pressures, whose effects can not be quantitatively defined due
to lack of data, necessitates a move to a paradigm that can incorporate expert
opinion. This can then be used to qualitatively define the relationship between
population pressures and survival rates that would normally be left out of a
mathematical model.

According to Munro & Mingers (2002), the points below indicate a situation

where the use of soft operations research is appropriate:
e a range of decision makers and stakeholders with conflicting objectives

e many important factors that cannot be quantified
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e a subset of stakeholders that do not have the necessary skills to fully

understand complex mathematical models thus,
e the methods used must be transparent and accessible to stakeholders

These factors are present when modelling penguin populations and so it is ap-
propriate to use aspects of soft OR. In particular, it was decided to approach
the problem using Vensim, a simulation programme suitable for constructing a
systems dynamics based model. A systems dynamics approach is useful when,
as in this case, there are significant feedback loops and the system may involve
non-linearity and relationships best defined by a graph. This approach has the
advantage of clearly representing the model components and interactions on-
screen which aids stakeholders in understanding the model structure and the

relationships between variables.

3.3 Methodology

Both qualitative and quantitative data were used to develop the model. This
data was obtained through discussions in meetings and presentations as detailed
below in 3.3.1, from published journal articles and from personal communication
with various experts. The information gathered was used to develop the rela-
tionships between variables in the model as well as to ascertain the behaviour

of certain pressures.

3.3.1 Client consultations and presentations

The Penguin Modelling Group is the client for the model and has provided
information and advice through a series of meetings and emails. A summary of

the meetings is set out below followed by the three presentations of the model.

Meeting one: The meeting held on 22 April 2010 set out the requirements
for a penguin pressure model. The objective of this model was an assessment of
the combined effects of multiple pressures on the African penguin population. It
was to be used to explore which management actions or measures would be most
beneficial for penguins (i.e. to increase breeding success and reduce mortality).
It was decided that the basis for this model was the Shannon and Crawford
model (Crawford et al., 1999), but that model would be amended as described
in chapter 4.

19



Meeting two: The next meeting, on 5 July 2010, was the first time the model
was presented to the modelling group. The design of the model was discussed
but food-related issues were excluded. The modelling group had various requests
for improvements to the model. The conflict between realism and the need to
keep the model as simple as possible arose in requests to have a smaller time step
(weekly or fortnightly instead of monthly), and links between climatic factors
and chick condition. The group accepted that the structure of the model did
not allow for the individual tracking of penguins and focussed on the overall

effects to each age class.

Meeting three: The meeting on 11 August 2010 concentrated on food avail-
ability and its effects in the model. The meeting was spent discussing the most
appropriate way to model food availability. The penguin experts in the group
reached consensus on which biomass data was to be used for the effects on
breeding penguins, and which was to be used for non-breeding penguins. It was
also decided to take a semi-qualitative approach and construct an index of food

availability. These suggestions were incorporated into the model.

Meeting four: Feedback on model calibration was given at the meeting on 20
September 2010. Further discussions around the effect of climatic factors and
oiling took place. It was also decided to run the model with good conditions
in order to determine if the population would grow as expected. Finally, the
model objectives were revisited and a discussion amongst participants clarified
these further. A spreadsheet of parameters was sent to all group participants.
Most parameters were accepted. Those that the group queried were referred to
the relevant expert in that aspect for clarification and any necessary changes

were implemented.

Presentation: Model launch The model was launched on 3 November 2010
at the University of Cape Town. Representatives from Cape Nature, BirdLife
SA, the Department of Agriculture, Forestry and Fisheries, the Department of
Environmental Affairs and the University of Cape Town were invited to the
launch. Approximately 25 people attended. The structure of the model was
explained and preliminary results were shown. A number of questions and

concerns were raised and answered during the launch.
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Presentation: EAF SWG The model was also presented to the Ecosystems
Approach to Fisheries management scientific working group (EAF SWG) on 21
January 2011. The revised model was presented and a discussion resulted in a
list of recommendations that are detailed in 5.7. The EAF SWG endorsed the
model as a useful and complementary approach to the current models in order

to investigate the decline of the African penguin population.

Presentation: Pelagic SWG On 17 May 2011, a short overview of the
model was presented to the Pelagic scientific working group. As the full specifi-
cations of the model were not available to the group, the members of the group
felt they could not properly evaluate the model and so comments were kept very
general. The group did agree that the population model component was good

but were uneasy with the use of expert opinion where data were not available.

3.3.2 Data

An important source of data was Crawford et al. (1999) as this provided the
initial estimates of survival rates for each age class, breeding proportions and
breeding success. The estimates for the Crawford model were adjusted to take
into account the penguin pressure model structure. There was general agree-
ment from the Penguin Modelling Group that the base survival rates were likely
a couple of percent higher than those used in the Crawford model as those ones

incorporated all pressures on survival.

3.3.2.1 Food availability

The data used for food availability are based on biomass surveys of sardines and
anchovies from two specific areas (Strata C and D as defined by the surveys and
illustrated in figure 5.1 in chapter 5) and from the November or May survey
as appropriate. The catch data used is based on a record of catch recorded in
specific fishing blocks around Robben Island. The area covered by the catch data
is contained within the appropriate biomass data but the area covered by the
catch data is approximately 17% of the area covered by the survey. The biomass
amounts were reduced so that the effective area of the survey was equivalent to
that of the catch data. There are different views on what data is appropriate to
use as that indicating general availability. As there is only one stratum with a
statistically significant relationship to the breeding success of the penguins on

Robben Island, this stratum was chosen to represent the general availability of
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food. This is discussed further in section 5.6.5.2. As the biomass data shows
no significant autocorrelation (Section 7.3), a programme was written in Excel
using Visual Basic for Applications. This samples (with replacement) from the
data available to produce a time series for use in the model.

Monthly data on sardine and anchovy catches in the six pelagic fishing blocks
within a 15 nautical mile radius of Robben Island was formatted so that the

programme that selects the biomass data also selects the appropriate catch data.

3.3.2.2 Population parameters

A summary of data relating to African penguins, compiled on 14 July 2010,
was used to confirm breeding success (hatching and fledging success as well
as chicks per pair) estimates. It also provided a time series of the numbers of
moulting birds that was used to check whether the model could produce realistic
projections. Other sources of information were consulted to determine numbers
of adults at Robben Island but often sources conflicted with each other due to
uncertainty in estimates. Where there was doubt, the larger of the estimates
was used as it is highly likely that a count of moulting penguins underestimates
the number of adults in the colony (Crawford et al., 1999).

3.3.2.3 Oiling parameters

Data from SANCOBB on penguins admitted from Robben Island was used to
determine the frequency of chronic oiling, and the effect it has on adult and
immature penguins. The data was presented as information on the date of
admission, date of release or death and age of penguin (adult or immature).
The data was collated to give an indication of the number of penguins oiled in
each oil spill (an oil spill was determined to cover all admission dates less than
a week apart) as well as the average number of days between oil spills. This

information was then used in the model.

3.3.3 Analysis

The purpose of the model is to provide input into management and research
decisions. Analysis of the results centrers around whether or not they contribute
to the decision making process. It is important that the model can identify
trends, cycles and crashes, and that it can show the effect of various management

scenarios.
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The model can be used in two ways. The first way is to look at a single
run for an idea of what impact the various pressures have on the population.
The second, and more useful way, is to run the model multiple times for each
scenario with a different random number stream for each run and then compare
the end populations for each scenario. The model has a set of five thresholds (see
appendix D for details) and will produce the probability that the population at
the end of the time period is below each threshold. This can be used to evaluate

the differences between management actions or the effect of different pressures.

3.4 Limitations

As Vensim Professional is not a free programme, clients who have not pur-
chased the programme are restricted to using Vensim Model Reader. However,
the majority of constants and some lookup relationships can be edited via the
associated Excel file in Model Reader.

The limitations of Model Reader are that users are not able to edit any
equations, nor can they perform sensitivity analysis and, as Vensim only allows
eight runs to be loaded at a time, this limits the exploration of the effect of
variability in the model. Furthermore, in order to make full use of the gaming
feature, someone needs to be able to use Vensim Professional to set up the
gaming controls.

However, as chapter 8 demonstrates, it is still possible to facilitate learning
and communication with the free version of Vensim as long as the facilitator

has access to the full version.

23



Chapter 4

Prototype Model

4.1 Introduction

Penguin populations have been in decline since the beginning of the 20th century
and it is important to determine what factors or population pressures have the
greatest effects on population growth.

Various models have been developed to describe the population dynamics
of different penguin populations around the world. The model developed in
this chapter is based on a model by Shannon & Crawford (1999) as described
in section 2.7.1. The assumptions and structure of the prototype model are
discussed first followed by a presentation and discussion of the results. Finally,
a general description is given of the necessary additions to the model in order

to enable it to be of use in the decision making process.

4.2 Model objectives

The aim of the prototype model is to produce a systems dynamics model that
replicates the results of the Shannon and Crawford model (Shannon & Crawford,
1999). The prototype model will have a monthly, as opposed to quarterly, time
step and will introduce random variation in the input parameters.

It is expected that the results from this model and the Shannon and Crawford
model will differ due to the change in time step and the stochastic nature of the
parameters, but the results should still follow the same trajectory and be close
at the start of the run.
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4.3 Model assumptions

The penguin population is in demographic equilibrium at time zero

The number of eggs, chicks and immature penguin aged less than 1 year

is zero as the simulation begins at the start of a breeding year

The survival rate for each adult age class is assumed to be equal to a

common survival rate (s)

The survival rate of immature penguins between 1 and 2 years of age is

equal to the adult survival rate

The survival rate for immature penguins aged less than 1 year is lower

due to inexperience in hunting and survival
The penguin population is not influenced by immigration or emigration

The Shannon and Crawford model was developed to investigate the effect
of egg harvesting on a penguin population. The effect of harvesting will
be ignored in this prototype model with the intent to rather reproduce

the population dynamics.

The penguin population is divided up into 8 age classes:

1.

2.

Eggs (E)
Chicks (C)

Immature penguins less than 1 years old (Ap)

. Immature penguins between 1 and 2 years of age (A;)

Adults between 2 and 3 years of age (Az)
Adults between 3 and 4 years of age (A43)
Adults between 4 and 5 years of age (A4)

Adults 5 years of age and older (4s)
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4.4 Model dynamics

The main dynamics of this population model are monthly mortality and annual
survival. The population structure is shown diagrammatically in figure 4.1.
The adult penguins form breeding pairs that lay eggs. These eggs hatch after
one month and the chicks fledge after another three months. The immature
penguins leave the island to hunt, returning near the end of their second year

to moult into adult plumage.

Initial laying Hatching Fledging Immature
success success I : survival I ’
Eggs Chicks==% mmature ==X% mmature |
0 I
relaying
Adult s . .
Survival (s)
—F->1 Adult2 %= Adult3s —F={ Aduits T—F—=>| Adult5

\ L%
Total Adults g

Figure 4.1: Diagram of population model

Adult penguins and those in the second immature class are subject to the
same mortality throughout the year and the population in each of these age
classes is decreased each month. At the end of each year, surviving penguins
in these age classes move to a higher age class should one exist, otherwise they
remain in that age class (i.e. in the case of penguins in age class As).

Eggs experience monthly mortality and progress to the Chicks age class after
one month with a survival rate of s.. Chicks behave similarly to Eggs except
they progress to the first immature age class after 3 months with a survival rate
of s..

Penguins in age class Ay are treated somewhat differently from Penguins in
the other age classes. Penguins in this age class are only removed at the end
of the year when the surviving immature penguins move up to class A;. This
was done in order to ensure that the correct proportion of penguins survived to
the end of the year. As these penguins do not contribute to any other part of
the model, except as input to the A; class, this does not effect the yearly model

results.



The number of eggs laid each month is made up of two parts. The first part
consists of the initial clutch laid by each breeding pair. This is determined by
the proportion of breeding pairs that breed that month, the number of breeding
pairs and the mean size of a clutch. The second part consists of clutches that
are relaid after the initial clutch was lost, the brood was lost or the brood was
successfully fledged. In each case only a portion of breeding pairs that experience
these events relay. The first eggs are laid in January and the last batch of eggs
(mainly relays) are laid in September.

The equations illustrating the model dynamics can be found in Appendix A.

4.5 Model structure

Initial numbers in each age class are set such that the adult population is initially
in equilibrium in the absence of anything except natural mortality. For the

population to be in equilibrium the following must hold true:
Ai,t = Ai,tfl fori= 27 3, 4, 5

Thus if
Total Adults = Ay + A3z + Ay + A5

At equilibrium
Total Adults at t = Ay + Az s+ A27t52 + A27t53 + As s

But
As = Ass + A253
Thus, dropping the ¢ notation,
st
1—s
) (4.2)

Total Adults = As + Ags + Ass® + Ass® + Ay
54

1—s

= Ay(1+s+s2+s3+
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The equilibrium numbers are calculated for each adult age class as follows where

s is the common adult survival probability:

Total Adults

A2 = 1 (43)
L+s+s2+ 5%+ 75
AQSS

4 = 22 (14)

A4 = A252 (45)
A

A = ?2 (4.7)

The number of eggs, chicks and immature penguins born that year are as-
sumed to be zero as the simulation starts at the beginning of a breeding year
(January-December).

Penguins in each adult age class and immature penguins in age class A; have
a common survival probability, s. Immature penguins in age class Ay have a
mean survival probability, sg, that is lower than s. The probability of an egg
hatching, s., and of a chick fledging, s., are set similarly to s and sq but are
much lower due to risks specific to eggs and chicks. This is in accordance with
the original model (Shannon & Crawford, 1999).

4.6 Data requirements

As in Shannon & Crawford (1999), it was assumed that each parameter lay
either within 3 standard deviations of its mean or a specified range, and that it
followed a (truncated) normal distribution. The means and standard deviations
for each parameter were taken from the Shannon and Crawford model (Shannon
& Crawford, 1999) and are shown in appendix D. The initial values of all
parameters are set to the mean value for the first year. Thereafter, at the
beginning of each year, a value is drawn from a truncated normal distribution
with mean zero and the appropriate standard deviation, and added to the mean
value. This new value is the input for that year.

The total number of adults at the beginning of the model is calculated from
the number of adults observed moulting multiplied by a factor of 1.1. The ad-
justment factor is to include birds not counted as moulting due to time between
counts (Crawford et al., 1999).

These are the only external inputs to the model and all occur during setup.
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Once the model starts running there are no further user inputs.

4.7 Results

The model was run using an initial population of 3 500 adult penguins. The
parameters used resulted in a decrease in population over ten years as shown in
figure 4.2. Two hundred iterations of the model with different random number
streams produced results that are tightly grouped (Figure 4.3). The results from
the prototype model are highly correlated with the results from the Crawford
model (0.9926), and the figures for the first three years are within 10% of each
other.

In order to maintain a stable population, without changing model param-
eters, annual immigration is required. Setting immigration into age class A;
at 10% of the starting adult population results in a fairly stable population as
seen in figure 4.4. Over 50 years the population at the beginning of each year

remains close to the starting population.
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Time (Month)

Figure 4.2: Initial run of prototype model
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Figure 4.3: Multiple runs of prototype model
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Figure 4.4: Prototype model with immigration
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4.8 Discussion

The results from the prototype model show that using the parameters from
the Shannon and Crawford model (Shannon & Crawford, 1999), the penguin
population cannot sustain itself. This is the same result produced by running
the original model although the numerical values obtained differ slightly due to
the difference in time steps.

The number of chicks fledged per breeding attempt (Range: 0.2251 to 0.5943,
mean of 0.3893) is close to the observed range of values on Robben Island but
it is not enough to replace adult penguins lost each year. Immigration can
be used to stabilise the population, however this influx of penguins needs to
be constant which is not a realistic scenario as immigration should be related
to food availability. Test runs show that in order to stabilise the population
without immigration, the number of chicks fledged per breeding attempt should
be just over 0.7 (as a result of increased egg and chick survival) combined with
an adult survival rate of 0.88.

This suggests that the survival rates used in the full model as the base
survival rates (before pressures are added) should be higher than the ones used

in this model.

4.9 Additions to the prototype model

The model is required to incorporate pressures that act on the penguin popula-
tion. These pressures include predation, food availability, climate, disease and
disasters such as oiling. Figure 4.5 represents the effect of these pressures dia-
grammatically. In the diagram, E stands for Eggs, C for Chicks, I for Immature
and A for Adults.

The effect of each individual pressure will either be added linearly through
a logit function if it affects the survival rate or, in the case of disasters, the
pressure will simply remove a portion of the age class(es) affected. The use of a
logit function ensures that the resulting survival probability (the inverse of the
logit function) will remain within reasonable bounds.

The following paragraphs explain how each of the pressures act on the mod-
elled population of penguins. The specific implementation of each applicable

pressure in the final model of Robben Island will be detailed in chapter 5.
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Figure 4.5: Population Pressures

Predators and disturbances: Penguins are preyed upon by sharks and seals
as adults, and gulls, cats, rats and other land based predators as eggs and chicks.
Eggs and chicks are also affected by seals as the seals displace their nests and by
humans that disturb nests. The predators are assumed to have mean abundance
in the year that the model starts and abundance that varies annually. Mean
abundance will be set as zero in the model and the abundance can vary between
-1 and 1. The higher the abundance, the lower the survival rates of the affected
age class. Disturbances will either be modelled similarly to predators, or as a

catastrophe such as oil spills.

Oil spills:  Oiling is divided into chronic and catastrophic oiling according to
the impact it has on the penguin population. Both chronic and catastrophic
oiling are modelled in a similar fashion, only the parameters differ (frequency
and size of effect).

A Possion distribution will be used as it only takes on discrete values, is
fully characterised by its mean value and that mean value is determined by how
many events per time unit are expected. This is ideal for modelling the number
of oil spills per month in this model. Each Poisson variable in the model is
independent of any other random variable.

A value of 1 or more will indicate that an oil spill has occurred. A certain

percentage of adult and immature penguins are directly affected by the oil spill
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and a percentage of chicks and eggs are affected due to loss of parents. Those
affected are removed from the population immediately, however the adult pen-
guins are not removed permanently. After one month, 90% of oiled adults are
returned to the population in the same age class but as part of the oiled cohort.
These penguins have the same survival rates as non-oiled penguins, but they
are much less likely to breed successfully and the chicks they produce have a
lower probability of fledging (Barham et al., 2007; Wolfaardt et al., 2008)

Disease: Two diseases can affect the penguin population. The first one, Avian
Malaria, affects the adult population while Nematode infestation affects the
penguin chicks. The diseases strike the penguin population independently and
at random whenever the Poisson variable returns a non-zero value. The diseases
reduce the survival rate of the respective age classes by a set percentage in the
absence of any effects from other parameters and the effect lasts for a pre-

specified number of months.

Climate: The three climatic factors are cold, heat and flooding. Flooding
occurs randomly according to a Poisson process and decreases the survival rates
of both chicks and eggs. The expected number of flood events per month can
be specified at the beginning of the model.

Excessive heat is mainly a risk factor in the summer months when it takes
on a value of 1. During the rest of the year, heat is assigned a value of 0.5 or
0.25 depending on the month. A Poisson process determines when heat actually
affects the survival rates of chicks and eggs.

Extreme cold is a risk factor during the winter months where it takes on value
of 1. During the rest of the year it takes on a value of 0.5 or 0.25 depending
on the month. A Poisson random variable determines when cold affects the

survival rates of the chicks and eggs.

Food availability: Penguins search for food in two different zones during
the year. Zone 1 is approximately 10 to 15 nautical miles around the penguin
colony. This is the zone that penguins are restricted to while they are rearing
their chicks. Zone 2 encompasses a much larger region around the colony and
it is in this zone that penguins feed when they are not rearing chicks.
Penguins feed on sardine and anchovy, species that are also targeted by the
small pelagic fishery. The model will read in data containing the biomass of each

species in each zone. This information is then transformed through a function
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that translates the data into an index of availability. This index varies between
-1 and 1, with 1 indicating high prey abundance.

Catch data corresponding to the biomass data is also read into the model.
This amount can be varied by adjusting the value of a ‘fishing allowed’ variable
between 0 and 1 to investigate the effect of different levels of fishing on the

penguin population. This option only applies to fishing in zone 1.

4.10 Conclusion

The initial prototype model is based on a model used to investigate the effect of
harvesting penguin eggs on the penguin population of Dassen Island. As such, it
is a good beginning for the penguin pressure model but needs many additions to
be truly useful for the client in this instance. Additional information provided
by the Penguin Modelling Group participants was used to produce the model in
the following chapter. Only the pressures identified as being important to the

Robben Island population were included in the full model.
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Chapter 5

Robben Island Penguin

Population Pressure Model

This chapter describes the final model that was developed for, and with the help
of, the Penguin Modelling Group. The population dynamics are described first
as they form the basis of the model. Each pressure is then briefly explained as

the full model equations are given in appendix B.

5.1 Timing in the Model

The time unit used in the model is months. A model year runs from January to
December. The model starts at month 0 so January of the first year would be
month 0, and January of the second year would be month 12. In this document,
t refers to the current month. Some quantities in the model update annually in
January/December. This will be indicated by Jan or Dec instead of ¢ in the

text.

5.2 Definition of symbols

Ay Number of adult penguins aged ¢ at time ¢

Al Number of adults aged ¢ that die in month ¢

A? Number of adults aged ¢ that survive to the end of the year
Ly Number of immature penguins aged 7 at time ¢
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Izdt Number of immature penguins aged i that die in month ¢

I? Number of immature penguins aged 7 that survive to the end of
the year

Cy Number of chicks in month ¢

o Number of chicks that die in month ¢

C;? Number of chicks that successfully fledge at time ¢

E; Number of eggs in month ¢

Ed Number of eggs that die in month ¢

E; Number of eggs that successfully hatch at time ¢

s¢ Annual survival rate at time ¢ of adult penguins and immature

penguins aged 1

st Proportion of penguins born that year that survive to the end of
the year

s¢ Fledging success of chicks at time ¢

5% Hatching success of eggs at time ¢

5.3 Initial set up

There are eight age classes:
o Eggs
e Chicks

e Two immature age classes: Immature penguins born this year and imma-

ture penguins born the previous year
e Four adult age classes: adults aged 2, 3, 4 and 5 or older

An immature or adult penguin is assigned to an age class based on its age
next ‘birthday’ as at 1 January.

The number of adult penguins from age 2 upwards is set at an initial amount.
This is assumed to be the total number of adult penguins at the beginning of
the first year of simulation (January or time 0). The model then calculates
how many penguins are in each adult age group by assuming the population is
initially in equilibrium. The survival probability used in this calculation is the
mean adult survival rate (Crawford et al., 1999)

The number of immature penguins aged 1 at the beginning of the year is

calculated by dividing the number of penguins aged 2 by the annual survival
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probability. The number of eggs, chicks and immature penguins aged 0 that

year are each set to zero, as the first eggs are laid in February.

5.4 Population Dynamics

5.4.1 Adult penguins

Adult penguins experience mortality in month ¢ according to the equation:
Ad, = Ay, (1 - (sg)ﬁ) fori=2,..5 (5.1)

At the end of each year, surviving adult penguins move up to the next age

class according to the equations:

A} = A pec— A pe. fori=2,...5 (5.2)
Aijan = A1 pec — Aj pee for i=3,4 (5.3)
A2 jan = I pec — A3 pee (5.4)
A5’Jan = g,Dec + AZ,Dec (5-5)

5.4.2 Immature penguins

Immature penguins aged 1 experience mortality in month ¢ according to the

equation:
Iii,t =T, (1 - (5?)%> (5.6)

At the end of each year, surviving immature penguins move up to the first adult

age class according to the equation:

Ils Il,Dec - Ifl,Dec (57)
Il,Jan = IO,Dec - Iig)Dec (58)

Immature penguins aged 0 (Iy) experience monthly mortality (in contrast to the
prototype model). This mortality rate depends on the time between fledging
and the end of the year. The model has 7 subclasses to represent the different
periods (from one month to seven months) that the penguins will spend in this
age class. The overall proportion of penguins that survive from fledging to the
end of the year is equal to the immature survival rate. This method ensures

that the effects of various pressures act appropriately on this age class. The
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equation to determine monthly mortality in subclass j is:
1§50 = Toju (1 - (Si)%) for j =1,..,7 (5.9)

5.4.3 Chicks

Chicks fledge after 3 months. This value was chosen as fledging takes between
60 days and 130 days (average of 95 days)(Crawford et al., 2010). Each month

chicks experience mortality in month ¢ according to the equation:
cd =, (1 - (sg)%) (5.10)

After three months, remaining chicks are assumed to have fledged successfully

and move into age class I according to the following equations:

C8 = Ej gs° (5.11)
C; = Ci+E -0f-C; (5.12)

s¢ is the product of the monthly survival rates over the fledging period.

5.4.4 Eggs

The hatching period for eggs is assumed to be one month as it is usually an
average of 40 days (Crawford et al., 2010). Eggs experience monthly mortality
according to the equation:

E! = E(1 —sY) (5.13)

The eggs that do not die hatch after a month and become chicks as per equation
5.12. Eggs are increased by first clutches and by clutches that are relaid following
clutch loss, brood loss or successful fledging of a brood by a breeding pair. This

is discussed further under the section on breeding parameters.

5.5 Breeding parameters

This section details how the model calculates the number of eggs laid each
month. The number of eggs laid in month ¢ is the sum of the number of first
clutches laid in month ¢ and clutches laid following clutch or brood loss, or the

successful fledging of a brood.
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5.5.1 Calculation of breeding pairs

The number of potential breeding pairs (PBP) is calculated as:

A b
PBP, = M (5.14)

b; is the proportion of penguins aged ¢ that are able to breed that year. The
proportion of penguins able to breed in each age group is calculated from age
at first breeding estimates. Each b; is sampled from a truncated normal distri-
bution with means and standard deviations taken from Crawford et al. (1999).
It is assumed that all penguins able to breed can find a mate as once mated,
penguins usually remain together for life and first time breeders can emigrate
to other colonies to find a mate Crawford et al. (2010).
The actual number of breeding pairs (ABP) is:

ABP, = PBP, + B (5.15)

B is the proportion of potential pairs that do breed that year. B is higher when
food has been abundant in the previous two years, and lower when food has

been lean.

5.5.2 Initial egg laying

The laying rate (L) is the percentage of breeding pairs that lay their first clutch
in month ¢. The majority of pairs (23% each month) lay their first clutch
between February and April each year. 27% lay between May and July (9%
each month) with 4% laying their first clutch in August.

Clutch size (C') is determined as the weighted average of 1 egg per pair and
2 eggs per pair.

The number of eggs laid per month (initial clutches) is:

Number of eggs laid in month ¢ = ABP; x Ly x C; (5.16)

5.5.3 Relaying

Clutch loss, brood loss and successfully fledging at least one chick can result in
breeding pairs laying a second clutch during the year. This clutch is laid two
months after any of the three events mentioned above occur. Only a proportion

of breeding pairs that experience any of those events relay. Second clutches
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are only able to be laid until the month of August when the last of the initial

clutches are laid to prevent clutches being laid at unrealistic times of the year.

5.5.4 Nest calculations

Let C be the clutch size (as set in the model) and let n; and ng be the number
of one egg and two egg nests respectively.
By definition:

E
Cc=—" (5.17)
ny + no
But
Et =n] + 2’[7,2 (518)
Therefore 5
C= 5.19
B (5.19)
It therefore follows that the number of nests containing two eggs is calculated
* E(C—1)
ny = LO—‘ (5.20)
The number of nests containing one egg is then:
E
ny = Ut —ny (5.21)

The number of 1 chick nests and 2 chick nests is calculated from the number of
1 egg and 2 egg nests. As a 2 chick nest can only occur if both eggs of a 2 egg
nest hatch:

number of 2 chick nests = ny(s¢)? (5.22)

1 chick nests occur when an egg from a 1 egg nest hatches or when only one egg

from a 2 egg nest hatches. This is calculated as:
number of 1 chick nests = nysy + 2na(s§)(1 — s§) (5.23)

The factor of 2 is due to the fact that either of the two eggs in the nest can

survive. The number of whole clutches lost each month is:
clutch loss at time t = ny(1 — s) +ng(1 — 57)? (5.24)

The number of broods lost and the number of broods successfully fledged for 1
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chick nests is simple as the chick either survives for the three months or dies
before the end of three months.

The brood loss and brood success for 2 chick nests is slightly more com-
plicated as the survival of the two chicks is not necessarily independent. The

scenarios that can occur over the course of three months are shown in the table

below:

Start of | End of End of End of

month 1 | month 1 | month 2 | month 3 || Result
2 2 2 2 Success
2 2 2 1 Success
2 2 2 0 Loss at month 3
2 2 1 1 Success
2 2 1 0 Loss at month 3
2 2 0 0 Loss at month 2
2 1 1 1 Success
2 1 1 0 Loss at month 3
2 1 0 0 Loss at month 2
2 0 0 0 Loss at month 1

Table 5.2: Brood loss/success table

Assuming independence, the number of broods lost and the number of broods
successfully fledged is a matter of multiplying the number of 2 chick nests by the
appropriate survival probabilities for each scenario. When this approach was
applied to actual data from Robben Island, it resulted in an underestimation of
brood loss and an overestimation of brood success. This suggests that the fates
of the two chicks are not independent. An adjustment factor for brood loss, and
for brood success, were computed as the mean adjustment factors required to
closely reproduce the observed data. Currently an adjustment factor of 1.38 is
applied to brood loss and 0.77 is applied to brood success as seen below where
bs; and bsy are respectively the number of one chick and two chick broods
fledged successfully and, similarly, bl; and bly are the number of one and two
chick broods that are lost.

brood success = bsy + bsg * 0.77 (5.25)

brood loss = bly + bly * 1.38 (5.26)
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5.6 Pressures

5.6.1 Predators

The two predation pressures affecting penguins on Robben Island are sharks and
land predators. Sharks are a direct danger to adult and immature penguins, and
an indirect danger to chicks and eggs through the removal of parent penguins.

Land predators target chicks and eggs directly. These include predators such
as feral cats and rats on the island. It was suggested that vehicles could also be
considered land predators, however their effect would not be limited to chicks
and eggs. It was decided not to include vehicles in this model.

The abundance of predators is represented on a scale of -1 to 1 with 1
being the highest abundance. A value of 0 represents an average abundance of
predators that year. The abundance varies around a mean of 0 according to a

truncated normal distribution with a standard deviation of 0.3.

5.6.2 Oiling

Oiling is split into catastrophic oiling and chronic oiling. The values given in
the next paragraphs are base values for the model and can be altered.

Catastrophic oiling occurs on average every 50 years according to a Poisson
process. The Poisson distribution was chosen as it is a discrete distribution over
the positive integers and it is characterized by its mean value. The mean is
the rate at which events occur per month. Catastrophic oiling directly affects
approximately 24% of the adult and immature penguins (taken from the Vortex
model of Whittington et al. (2000)) and indirectly affects a smaller proportion
of chicks and eggs through the loss of parents. This smaller proportion is taken
as 0.24 multiplied by the percentage of penguins currently parents of chicks and
eggs respectively. It is assumed that the oil spill is cleaned up within the month.

Chronic oiling occurs on average every 3 months and affects less than 1% of
adults and immatures with a smaller portion of chicks and eggs affected (as per
catastrophic oiling). The frequency of spills as well as the proportion of adults
and immature penguins affected were calculated from SANCOBB data.

Adult penguins that are oiled are assumed to be taken for cleaning and
rehabilitation. Ninety percent of these penguins are rehabilitated to the colony
one month after the oil spill. They are now marked as having been oiled and,

as a result, have a much lower chance to breed. Their survival rates remain the
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same as penguins that have never been oiled, but chicks born to oiled parents

have a reduced fledging success.

5.6.3 Flooding

Flooding occurs in a similar way to oil spills. Floods occur randomly by sampling
from a Poisson distribution with a mean of 1/60. This means floods occur on
average every b years. Only chicks and eggs are affected by the flooding. A
flood will kill approximately 40% of chicks and eggs that month. As no data
are available on mortality rates due to flooding, these values are an estimate.
Sensitivity analysis showed that the model is not sensitive to the estimates of

time between floods or the effect of floods on chicks and eggs.

5.6.4 Climate

Penguin chicks and eggs are vulnerable to extremes of heat and cold. In the
model, both heat and cold can affect the chicks and eggs throughout the year
although the magnitude of the effect is dependent on the time of year. A hot
spell has a much higher impact during the summer months, when the temper-
ature is likely to be higher, than a hot spell during winter. A similar set up
exists with cold spells.

A hot spell during summer reduces egg and chick survival rates to 50% of
their base values while a cold spell during winter reduces egg and chick survival
rates to 70% of their base values. Estimates of the time between hot and cold

spells are used in the model as no data is currently available.

5.6.5 Food availability

Two zones exist around the island. The first zone, Zone 1, extends approxi-
mately 10 to 15 nautical miles around the island. Zone 2 is a larger, general
region around the island indicating the availability of prey (small pelagic) to

penguins when they are not rearing chicks.

5.6.5.1 Zone One

The recruit biomass of anchovy and sardine in Stratum D (figure 5.1) is used
to indicate prey availability in Zone 1. This is the zone in which penguins with
nests are restricted to foraging. It is assumed that the abundance of food in

this zone will have an impact on chicks and eggs as low food abundance could
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Figure 5.1: Map showing the strata used during the biomass surveys
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lead to adult penguins abandoning nests to find food. High food abundance
increases both hatching and fledging success.

The May recruit biomass data from Stratum D is read in from a spreadsheet.
This becomes the mean monthly biomass available for the year. Each month a
portion of the total biomass is assumed to be close enough to the island to be
available to the penguins. The amount made available each month is normally
distributed with a mean of the May recruit biomass, and a standard devia-
tion equal to the standard deviation of all the years’ recruit biomass amounts
on the spreadsheet. The standard deviation remains constant throughout the
simulation but the mean changes each year.

The biomass available around the island is decreased by fishing before becom-
ing available to the penguins. Fishing was initially introduced into the model
as a percentage of biomass caught each month. The percentage caught varied
according to a truncated normal distribution with a certain mean and standard
deviation. The amount of biomass removed through fishing was capped at 50%.

Further development of the model led to catch data being used to model
the fishing in Zone 1 as this is a more realistic representation of fishing effort
around the island. Monthly catch data, coupled with the biomass data for that
year, is read into the model from a spreadsheet. This forms the basis for the
amount of biomass removed by fishing around the island.

A complication arose when introducing the catch data. The catch data is
calculated from the proportion of the area of a pelagic block position, a block 10
by approximately 8.5 nautical miles, that falls within a 15 nautical mile radius
of Robben Island. This results in a area of approximately 456 square nautical
miles. The area covered by Stratum D is 2 600 square nautical miles (Dagmar
Merkle, pers. comm.). This is substantially larger than the catch data area
and therefore, assuming that biomass in Stratum D is reduced only by catch in
the 15 n.m radius around the island, leads to fishing having a negligible effect.
A simple correction would be to assume that biomass is uniformly available
in Stratum D and therefore to proportionally reduce the biomass available by
the proportion of the catch area to the area of Stratum D. In the absence of
more detailed information regarding the availability of schools in Stratum D,
this correction will have to suffice.

The amount of prey available is then converted to a scale from -1 to 1 by
comparing it to the overall minimum, maximum and median recruit biomass
from the spreadsheet data. A value of 1 represents a high abundance of food.

A non-linear function is constructed and the generic form is shown in table 5.3.
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m+ 3%x0
1

m+ 2xo0

Zone 1 Biomass 0 |m | m + o
-110 0.67

zl 0.33

where m is the median of the Stratum D anchovy and sardine biomass
and o is the standard deviation of that biomass

Table 5.3: Zone 1 food availability function

5.6.5.2 Zone Two

Food availability was shown to have an important impact on breeding in Craw-
ford et al. (1999). Work done by Lauren Waller and Les Underhill (personal
email) indicates that, although Robben Island is situated in Stratum B (with
respect to measurement of anchovy and sardine spawner biomass surveys), there
is a relationship between the kilojoule (KJ) content of anchovies and sardine in
Stratum C in the previous two years and the variation in breeders on Robben
Island (adjusted R? of 61%). Stratum C data was therefore used to indicate
general availability of prey in Zone 2 as this has an impact on breeding parame-
ters. The exact relationship between breeders and calorific quantity is not used
in the model, as it does not fit into the model structure. Instead, it was used as
a basis to determine categories of Zone 2 food abundance that then determine
the mean values of the breeding parameters. The food availability in Zone 2
is therefore the sum of the calorific content of anchovy and sardine spawners
surveyed in November in Stratum C, lagged for the one and two years. This is
then transformed into an index from -1 to 1 (with 1 indicating a high calorific
content) via a non-linear function.

Zone 2 food availability also has an impact on adult and immature survival.
Immature survival in Namibia has been shown to be highly sensitive to food
availability in the general region around the island (Lynne Shannon, personal
email). The adult survival effects depend on the current KJ content and the
previous year’s KJ content as this has an effect on the penguins during moulting,
and the immature survival effect depends on only the current year’s KJ content.
The calorific values are transformed into an index from -1 to 1 via separate non-
linear functions that are shown in table 5.4. Note that the first two functions
take in the sum of the previous two years of Stratum C biomass whereas the
last function (immature survival) only has one year of biomass as input. This

is the reason why the first row is double that of the fourth row.
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Zone 2 Biomass 0 | 2%(m-2x%0) | 2*xm | 2x(m + 2% 0) | 2x(m + 3 x0)

z2(adult survival) -1 -0.25 0 0.25 1
z2(breeding prop) -1 -0.25 0 0.25 1
Zone 2 Biomass 0 m-2xo m m+ 20 m+ 3x0
z2(immature survival) -1 -0.25 0 0.25 1

where m is the median of the combined anchovy and sardine Stratum C biomass
(converted to kj) and o is the standard deviation of the kj converted biomass

Table 5.4: Zone 2 food availability function

5.6.6 Density effects

There are three levels of population size that have an effect on the proportion of
potential pairs that actually breed. Adult survival was not taken into account
as immature penguins would settle in other colonies if the island was overpopu-
lated. All three levels are set in the input spreadsheet. The highest population
threshold would be the carrying capacity. This would typically be close to the
theoretical maximum number of penguins the island could sustain. If the car-
rying capacity of the island is reached, the number of penguins able to breed
is severely restricted in the model (the mean breeding proportion is reduced by
0.6).

Below carrying capacity are a low and a very low population thresholds.
The low threshold represents a small population size where low competition for
resources causes a small increase (0.2) in the mean breeding proportion.

The very low threshold represents a very small population size where an
allee effect, that is a decrease in population growth at low density, is present
(Courchamp et al., 1999). For reasons such as gender imbalance, or decreased
effectiveness in breeding, as the population drops below a certain level, these
factors lead to a decrease in the number pairs able to be formed. This is repre-
sented as a decrease (-0.1) in the mean breeding proportion.

Tables B.17 and B.7 detail the equations that determine the effect of popula-
tion size on the proportion of potential breeders that actually breed. In essence
it is a series of IF statements that determine whether the population size is
above or below each threshold and then apply the appropriate modifier to the
mean of the random component of the breeding proportion.

Behavioural ecology suggests that it is also likely that a very small popula-
tion will lead to decreases in survival rates. This will be considered for future

inclusion into the model.
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5.7 Comments on the model

The model attempts to represent reality in a manner that is simple enough
to understand yet complex enough to reproduce the important behaviour of
the system being modelled. At the model launch (3 November 2010, detailed
in section 3.3.3.1), some questions were raised as to why certain aspects of
penguin biology were not included in the model. From the comments received
the following points may be viewed as justifiable simplifications in the current

model:

e for the purpose of the model, the effect of foraging effort and the amount of
sardine and anchovy eaten by other predators were considered unnecessary
detail

e predators, such as gulls and seals, are not present in the model as they

are not considered important predators on Robben Island

e similarly tourism and other human disturbances were classified as minor

effects on Robben Island and were not included in the model

5.8 Conclusion

This chapter examined the structure of the model with reference to the popula-
tion modelling and the specific pressures that were selected for Robben Island.
The model can be adapted to other islands by varying the parameters used as
well as the addition/subtraction of pressures applicable to each specific island.

The next chapter shows the results obtained from the model for realistic

runs, ideal runs and possible management strategies.
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Chapter 6

Model results

This chapter looks at four scenarios and the results produced by the model for
each scenario. The first two use a random sample from the data and are intended
to represent one possible outcome of the scenario. The last two scenarios use the
original biomass and catch time series and the results shown are a summary of
the outcomes of two hundred runs, varying the random number stream used each
time. The pressures used in each scenario are covered in the detail descriptions.

Results have been plotted in Vensim.

6.1 A stable population

The first scenario investigates the parameters needed to produce a stable pen-
guin population in the absence of all pressures. This is interpreted in terms of
the model as predators and food abundance staying at average levels for the en-
tire time period, and no natural or man-made disasters occurring (i.e. no oiling,
flooding or extreme weather events). There is still ‘natural’ annual variation in
the breeding and relaying parameters.

As noted in chapter 4, section 4.8, the original survival estimates lead to
a declining population unless immigration is introduced. This is shown by the
Total adults (original) line in figure 6.1.

The prototype model showed that a stable population could be achieved
with an adult survival rate of 0.88 and that the number of chicks fledged per
breeding attempt (clutch size * egg survival * chick survival) should be just over

0.7. In the full model adult survival was then set to 0.88 and various values for

49



egg and chick survival were tried. It was found that if egg survival was set to
0.648 and chick survival was set to 0.59 (thus producing 0.703 chicks fledged
per breeding attempt), the population remain relatively stable over 20 years.
This is shown by the Total adults (revised) line in figure 6.1. These survival

estimates were then used for the other scenarios in this chapter.
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Date

Total Adults : No pressure original —————— Total Adults : No pressure (revised)

Figure 6.1: Population size under original parameters and revised parameters

6.2 Long term, ideal conditions

This scenario serves to illustrate how the penguin population increases rapidly
when food is abundant and interference by man is removed.

This scenario used food levels twice what they currently are, and no fishing
was allowed. Oiling, both chronic and catastrophic, was not allowed. Predators,
flooding and extreme weather events remained in the model unchanged. The
model was run for 500 years, and an artificial carrying capacity of three million
was used. The penguin population is initially 3 500 adults.

As seen in figure 6.2, the penguin population increases dramatically over the

first hundred years and then oscillates between two and five million adults. The
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population doubles in the first seven years and, by year 50, has reached around
150 000 adults. At year 75 the rate of increase picks up strongly as the result
of an ever increasing number of potential breeding pairs, until the population
peaks at 5.5 million adults.

Although the carrying capacity is set at three million, it can be seen that
the population oscillates around a value closer to 3.5 million. The pressure
on a population above carrying capacity, namely a severe decrease in breeding
proportion, is counteracted by the strong upward pressure from food abundance,
and therefore does not act swiftly enough to keep the population around three
million. In scenarios with realistic food levels, this is not a problem.

This run serves to illustrate the potential of the modelled population to
increase dramatically, given abundant food and safety from the detrimental

effects of oiling.
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Total Adults: Long term ideal

Figure 6.2: A long term population projection under extremely good conditions
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6.3 Realistic scenarios

The biomass data used in the model runs from 1987 to 2009. During this time
frame the actual penguin population on Robben Island increased from 3 468
moulting adults in the split year (July to June) 1988/1989 to a high of 16 975
in 2003/2004 before decreasing to only 3 745 in 2008/2009 (Figure 6.3).
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Figure 6.3: Number of moulting adults around the coastline of Robben Island

As mentioned in du Toit et al. (2004), the growth rate of 12.4% seen between
1992 and 2003 is greater than the breeding productivity of the penguins on
Robben Island. The higher than expected increase is attributed to immigration
of birds from Dyer Island.

The model was first run with all the pressures on, realistic biomass and catch
data as well as accurate timing of the Cape Town Harbour spill (May 1998) and
the Treasure oil spill (June 2000) (Wolfaardt et al., 2009). The amount of oil
spilt in the Cape Town Harbour spill was approximately a tenth of that spilt
in the Treasure spill so the Cape Town Harbour spill in the model produces a
value of 0.1 compared to a value of 1 for the Treasure spill.

The results of 200 runs with the random noise stream varied is shown in
figure 6.4. Note that immigration is not modelled here. As can be seen from
the graph, the population initially remains fairly stable in the majority of runs

before declining. There is a slight recovery in the early 2000s but by the end of
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the 21 years the population is, on average, around 2 000 adults (minimum: 1
757, maximum: 2 672).

The original parameter values based on data and expert opinion did not
produce a model run that was a close fit to the data. This was largely due to
the absence of immigration in the model, an important factor for the period
between 1992 and 2003. The model provided the opportunity to fine tune the
parameter values in order to understand the underlying factors that influenced
the population growth over this time period.

The closest fit was achieved by turning off chronic oiling, flooding and ex-
treme weather events. In addition, predator abundance was modified to have
a mean of -0.5 (low mean abundance) until 2003 and thereafter a mean of 0.5
(high mean abundance). The immature survival rate for each run was then var-
ied between 0.51 and 0.99 in order to replicate a situation with immigration in
to the Immature 1 age class. This replicates a situation where not only do im-
mature penguins born on Robben Island return to the island but that immature
penguins from other colonies chose Robben Island as their breeding colony.

Two hundred runs of the model produced the results seen in figure 6.5. It
can be seen that high immature survival, represented by the top grey band,
combined with the low then high predator abundance results in a close fit to
the actual data. If chronic oiling had been included, more immigration would

be required to produce the same maximum population.
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6.4 The impact of fishing around the island

This section also uses realistic biomass and catch data as well as timing of oil
spills (one in May 1998 and another in June 2000), however the first oil spill is
not smaller than the second as in the section above.

The model was initially run with all pressures active and no island closure.
The results from this run formed the baseline for successive runs. The model
was then run with three year island closures (fishing not allowed in Zone 1),
starting with the closure beginning in 1988 and then starting the island closure
one year later for each successive run. The final run occurs when the island
closure begins in 2006.

Important things to note when looking at the results is that the effect on
the adult population due to the restriction on fishing only starts to appear two
years after the restriction is put in place. This is because, in the model, the food
abundance in Zone 1 only affects the survival rates of eggs and chicks (hatching
and fledging success). It takes two years for an egg to enter the first adult age
class (Age class I1 - Immature One). It then takes an additional year before
that penguin is a potential breeder. It is for this reason that only the total
number of adults is reported.

Table 6.1 shows the year in which the island is first closed, the maximum
difference due to island closure in the total number of adults over the 21 years,
the difference in the total number of adults at the end of 21 years, and any
factors that may have an effect on those differences.

The results for the first five runs are affected by the initial population distri-
bution that assumes that the population is in equilibrium. This effect diminishes
in each successive run until all penguins initially present on the island have either
died or have survived to the final age class.

The results for island closures that start in the years 1996 to 2000 are all
affected by at least one oil spill occurring during the closed period. The smaller
differences in these results are partially due to the loss of penguins in all age
classes due to oiling, and to the lower breeding probabilities of the rehabilitated
penguins.

Results that are unaffected by oiling or the initial population show that,
given the set of pressures acting on the population, closing the area around the
island to fishing results in a minimum difference of 9 and a maximum difference
of 22 adult penguins at the end of 21 years. Furthermore the maximum differ-

ence in the total number of adults at any time during the 21 years was at least
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that at the end, and often even greater.

There is evidence that restricting fishing around the island could be beneficial
to the penguin population. These results are, however, dependent on the time
series used for the pressures in this model for which there is no real world data

and are subject to the limitations of the model.

Total adults
Year Max End Factors

1988 91 41  Initial
1989 68 32  Initial
1990 48 25 Initial
1991 37 22 Initial
1992 30 18 Initial
1993 23 16

1994 18 13

1995 12 9

1996 11 8 Oil
1997 9 8 Oil
1998 6 5 Oil x2
1999 4 3 Oil
2000 14 10 Oil
2001 24 19

2002 25 22

2003 15 13

2004 11 10

2005 13 13

2006 11 11

Initial: Population affected by initial distribution
Oil: Oil spill occurred during closed period

Table 6.1: The differences in adult population due to three year island closures

6.5 Conclusion

The first scenario simply shows that the base survival rates in this model need to
be higher than the observed survival rates on Robben Island. This is obviously
due to all pressures on the penguins being included in the observed survival
rates. The value of this scenario is that the new base survival rates can be used
for other scenarios.

The second scenario illustrates an ideal hypothetical world that would allow

the penguin population to not only survive in the long term, but flourish. This
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level of increase is not realistic as it would require a substantial increase in fish
stocks, as well as a substantial reduction in oiling. It does however suggest that
attempts to improve fish stocks, and to curb the impact of oiling on penguins,
would be beneficial.

The third section in this chapter serves to illustrate the importance of immi-
gration in future versions of this model. Once the model has been expanded to
cover other islands, migration between colonies will become important. Research
into how immigration is linked to food abundance or, indeed, if immigration is
also linked to other factors, is needed to more fully understand its impact.

Finally, the results from closing the area around the island to fishing indi-
cate that this is a management action that could positively affect the penguin
population on Robben Island. The results from the model also indicate that
events such as oiling can mask the benefits of closure. This will be important

when the results from the real-world experiment are examined.
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Chapter 7
Sensitivity Analysis

7.1 Pressures in isolation

Each pressure was evaluated in isolation of the effects of the other parameters.
Each parameter in turn was evaluated at 5 levels. The first and last levels were
‘extreme’ values - usually half and 1.5 times the usual parameter when possible.
The middle level was the current parameter value. The second and fourth levels
were small changes (10% above and below) from the current value. The table
of values tested for each parameter is included in appendix E.

The model was run 200 times for each level of each parameter. Each run had
a random noise seed taken from a uniform distribution. This meant that the
noise generated by each random function would be different for each of the 200
runs. This vector of 200 randomly generated noise seeds remains the same for
each successive test so that differences in the results are only based on changes
to the parameters.

The evaluation of the effect of the changes in level on the penguin population
was based on the change in the probability of the population at the end of 20
years being below a threshold percentage. Five thresholds were used. These
were based on a percentage of the starting population: 100%, 75%, 50%, 25%
and 5%. The result below show the percentage of total runs for which the
population is below each threshold. Note that in the tables below, the last two
columns sum to one. The first four columns provide a breakdown of the fifth
column (the probability that the final population is below 100% of the starting

population).The range of the population results was also examined to provide
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information on which parameters produced the greatest range of results when
altered.
The following sections summarise the results for each pressure:

7.1.1 Sharks

Note that, in the table below, a decrease in the base parameter translates to an
increase in shark predation in the model as a larger proportion of penguins will
be killed by sharks.

Change to base | Probability population at end of twenty years is:

parameters <5% <25% <50% <75% | <100% >100%
No change 0 0 0 0 0.935 0.065
Small decrease 0 0 0 0 1.000 0
Large decrease 0 0 0 0.685 1.000 0
Small increase 0 0 0 0 0.645 0.355
Large increase 0 0 0 0 0.470 0.530

Table 7.1: Changes to the effect of sharks

As the effect of the shark predation increases, the minimum and maximum
values of the population after 20 years increase as well. The range of values for
each of the five parameter estimates is fairly similar, but does increase as the
effect of the predator decreases (from a range of 386 penguins at the end of the
time period at the lowest estimate to 477 penguins at the highest).

Small changes in the effect of shark predation do not seem to have a large

impact on the model results.

7.1.2 Land predators

Change to base | Probability population at end of twenty years is:

parameters <% <25% <50% <75% | <100% >100%
No change 0 0 0 0 0.515 0.485
Small decrease 0 0 0 0 0.460 0.540
Large decrease 0 0 0 0.015 0.450 0.550
Small increase 0 0 0 0 0.540 0.460
Large increase 0 0 0 0 0.515 0.485

Table 7.2: Changes to the effect of land predators

The range of values for each test becomes successively smaller as one moves

from the lowest to the highest parameter estimates. The minimum population
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values increase as expected (an increase in the parameter estimate results in a
decreased effect on the chicks and eggs) but, peculiarly, the maximum values
decrease as the estimates increase. This is a result of the way the model is set up.
A large negative effect on chick and egg survival, when the land predator number
are high, corresponds with a large positive effect on chick and egg survival when
land predators are scarce.

The effect on the penguin population is most noticeable for the lowest pa-
rameter estimates as this introduces the greatest variability in the chick and egg

survival rates.

7.1.3 Catastrophic oiling

The analysis of this parameter was two fold. First, the average time between oil
spills was varied while the effect was held constant, then the effect was varied

while the time between spills remained constant.
7.1.3.1 Timing

Change to base | Probability population at end of twenty years is:
parameters <5% <25% <50% <75% | <100% >100%
No change 0 0 0 0.050 0.665 0.335
Small decrease 0.050 0.685 0.315
Large decrease 0.115 0.770 0.230
Small increase 0.035 0.645 0.355
Large increase 0.015 0.610 0.390

o o O o
oo oo
o O o o

Table 7.3: Changes in frequency of oiling

The maximum population value of each scenario is the same - it is the number
of adults that results from no catastrophic spill occurring during the twenty year
period. The minimum number remains the same for the base, small increase
and small decrease scenarios and, as expected, decreases for the large decrease
and increases for the large increase. The range remains roughly the same for
each scenario.

The shortest average time between catastrophic oiling (300 months) is longer
than the time that the model is run for, and therefore changes to this parameter

(in isolation at least) do not have a large effect on the outcome of the model.
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Change to base | Probability population at end of twenty years is:

parameters <5% <25% <50% <75% | <100% >100%
No change 0 0 0 0.050 0.665 0.335
Small decrease 0 0 0 0.035 0.665 0.335
Large decrease 0 0 0 0 0.665 0.335
Small increase 0 0 0 0.055 0.665 0.355
Large increase 0 0 0.010 0.150 0.665 0.335

Table 7.4: Changes to the effect of oiling

7.1.3.2 Effect

The maximum value the population reaches is the same as in the previous
subsection, and occurs when no oil spill occurs. The minimum value decreases,
as expected, as the parameter values increase. The range therefore increases as
the parameter values increase.

Changes to the effect a catastrophic oil spill has on the penguin population
have a relatively small effect on the outcome as a catastrophic oil spill is so rare

compared to the length of the model run.

7.1.4 Chronic oiling

As with the catastrophic oiling above, the analysis of this parameter was two
fold. First, the average time between chronic oil spills was varied while the
effect was held constant, then the effect was varied while the time between

spills remained constant.

7.1.4.1 Timing

As chronic oiling is so frequent, the time between spills was varied between 1

and 5 months, with 3 months as the base value.

Change to base | Probability population at end of twenty years is:
parameters <% <25% <50% <75% | <100% >100%
No change 0 0 0 0.300 1.000 0

Small decrease 0 0.960 1.000
Large decrease 0.010 1.000 1.000
Small increase 0 0.010 1.000
Large increase 0 0 1.000

O O OO
OO OO
o O OO

Table 7.5: Changes in frequency of chronic oiling
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A small change in the frequency of chronic oiling can have large impact on

the end value of the population.

7.1.4.2 Effect

Change to base | Probability population at end of twenty years is:

parameters <5% <25% <50% <75% | <100% >100%
No change 0 0 0 0.300 1.000 0
Small decrease 0 0 0 0.080 1.000 0
Large decrease 0 0 0 0 1.000 0
Small increase 0 0 0 0.595 1.000 0
Large increase 0 0 0 0.985 1.000 0

Table 7.6: Changes to the effect of chronic oiling

Changes in the effect of chronic oiling do not have as large an impact as
changes to the frequency of spills but, even so, small changes have a fairly large
impact on the probability of the population ending up below or above 75% of

its initial value.

7.1.5 Flooding

First, the effect of varying the average times between floods will be examined,

followed by the effect of varying the impact a flood has on chicks and eggs.
7.1.5.1 Timing

Change to base | Probability population at end of twenty years is:

parameters <5% <25% <50% <75% | <100% >100%
No change 0 0 0 0 0.970 0.030
Small decrease 0 0 0 0 0.975 0.025
Large decrease 0 0 0 0 1.000 0
Small increase 0 0 0 0 0.965 0.035
Large increase 0 0 0 0 0.940 0.060

Table 7.7: Changes in the frequency of flooding

Changes in the average time between floods have a very small impact on the

size of the population at the end of twenty years.
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Change to base
parameters

No change

Small decrease
Large decrease
Small increase
Large increase

Probability population at end of twenty years is:
<5% <25% <50% <75% | <100% >100%
0 0 0 0 0.970 0.030
0.965 0.035
0.890 0.110
0.980 0.020
0.985 0.015

o o oo
o O oo
o O o o
o o oo

Table 7.8: Changes to the effect of flooding

7.1.5.2 Effect

Overall, changes in parameters related to flooding appear to cause only small

changes in the outcome of the model.
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7.1.6 Extreme cold

The extreme cold pressure is composed of two parts - time between cold events,

and the effect of a cold event on chick and egg survival rates.

7.1.6.1 Timing

Change to base | Probability population at end of twenty years is:

parameters <5% <25% <50% <75% | <100% >100%
No change 0 0 0 0 0.900 0.100
Small decrease 0.900 0.100
Large decrease 0.970 0.030

0.895 0.105
0.880 0.120

Small increase
Large increase

o O O o
oo oo
o O o o
(e el e an)

Table 7.9: Changes in frequency of cold events

Changes in the timing of cold events do not cause large changes in the model

results.

7.1.6.2 Effect

Change to base | Probability population at end of twenty years is:

parameters <5% <25% <50% <75% | <100% >100%
No change 0 0 0 0 0.900 0.100
Small decrease 0 0 0 0 0.905 0.095
Large decrease 0 0 0 0 0.955 0.045
Small increase 0 0 0 0 0.890 0.110
Large increase 0 0 0 0 0.810 0.190

Table 7.10: Changes in the effect of cold events

Changes in the effect of a cold event on chick and egg survival rates produce
larger changes than changes in the time between events but, overall, the changes

in model results are small.

7.1.7 Extreme heat

Extreme heat is modelled in the same way as extreme cold and therefore com-
prises of time between events, and the effect of an event on chick and egg survival

rates.
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7.1.7.1 Timing

Change to base | Probability population at end of twenty years is:
parameters <5% <25% <50% <75% | <100% >100%
No change 0 0 0 0 0.900 0.100
Small decrease 0.905 0.095
Large decrease 0.975 0.025
Small increase 0.885 0.115
Large increase 0.865 0.135

o O o o
o o oo
o O o o
o o o o

Table 7.11: Changes in frequency of heat events

Changes in the average time between heat events produce larger changes
than changes in the average time between cold events as the effect of a heat
event is greater than that of a cold event. The changes in probability themselves,

though, are minor.

7.1.7.2 Effect

Change to base | Probability population at end of twenty years is:
parameters <5% <25% <50% <75% | <100% >100%
No change 0 0 0 0 0.900 0.100
Small decrease 0.910 0.090
Large decrease 0.960 0.040
Small increase 0.890 0.110
Large increase 0.825 0.175

o O o o
o O oo
o O o o
o O o o

Table 7.12: Changes to the effect of heat events

As with timing, changes in these parameters result in larger changes than
changes in the cold event parameters but, overall, the changes to the model
results are minor. This can also be seen in the minimum and maximum values

for each test as they remain very similar, despite changes to the parameters.

7.1.8 Food availability

Both a small decrease and small increase in the effect of food availability have
a small impact on the model results. A large increase in the effect has a dra-
matic effect on the model results, increasing the probability that the population
exceeds its starting value by almost double. A large decrease results in a signif-

icant chance that the population will fall to below 75% of its initial value over
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the twenty years. Changes in the effect of food availability do have an effect on

model results.

Change to base | Probability population at end of twenty years is:

parameters <% <25% <50% <75% | <100% >100%
No change 0 0 0 0 0.672 0.328
Small decrease 0 0 0 0 0.689 0.311
Large decrease 0 0 0 0.195 0.726 0.274
Small increase 0 0 0 0 0.631 0.369
Large increase 0 0 0 0 0.382 0.618

Table 7.13: Changes to the effect of food availability

7.1.8.1 Fishing allowed around island

This pressure is linked to food abundance. The user can choose to allow fishing
around the island, in which case the catch data will be used to reduce the food
available to the penguins in Zone 1, or to restrict or reduce fishing.

In order to examine the impact of this parameter on the model, two runs
were made using the same food data with all other pressures turned off. The
maximum difference in the number of breeding pairs between the two runs was
recorded. As the sensitivity analysis feature could not be used to perform this
analysis, this was done only ten times with a different noise seed each time (as
determined by the RANDBETWEEN() function in Excel). Figure 7.1 shows
the results from the ten repeats.

The largest difference overall was that of 141 breeding pairs, and the smallest
was 52 breeding pairs, with a median difference of 84 pairs. This indicates that
fishing around the island does have an impact, but it is quite dependent on the
noise stream used for the run. A further complication is that the catch data is
monthly while the monthly biomass estimates are based on annual data. This

is discussed in the section on suggestions for further research (Section 9.4).

7.2 Changes to mean survival values

As the mean survival values are central to the population model, it is expected
that changes to these values would result in significant changes to the final
population size. As with the section above, the model was run 200 times with

different noise streams used each time. The population size after twenty years
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Figure 7.1: Maximum difference in breeding pairs for each repeat

was compared to the thresholds, and the probability of the population ending
up below each threshold was recorded.

The base run resulted in a probability of 0.535 that the population would
decline over the time period. Both a small and a large increase (a 10% and a
50% increase, capped at a maximum value of 0.99 for each survival rate) caused
the population to increase over twenty years.

The small decrease lead to a certain decline to under 25% of the population’s
initial value. A large decrease caused the population to always decline to below
5% of the starting value.

As expected, changing these fundamental estimates produces significant
changes in the model results. In addition, any large changes to these parameters

would be unrealistic in terms of observed survival rates.

7.3 Biomass data

One of the important components of the model is the biomass data from Strata
C and D. Biomass from Stratum D is used to model food in Zone 1 (the area
directly around the island), and is linked in the model to egg and chick survival
rates. Biomass from Stratum C is used to model food available further afield,

and is linked to adult and immature survival as well as the proportion of adults
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that choose to breed. Figure 7.2 shows the biomass in thousands of tonnes from
both strata on the left axis and the number of breeding pairs on Robben Island

on the right axis.

3000.00 9000

/\ - 8000
2500.00 /
\ - 7000

2000.00 /k\l \ 6000

5000

[ \K/V// |

1987 1988 1989 1990 1991 1992 1993 1994 1995 1996 1997 1998 1999 2000 2001 2002 2003 2004 2005 2006 2007 2008 2009

Biomsss in thousands of tonnes
Number of breeding pairs

——Stratum D Biomass = Stratum C Biomass Breeding pairs

Figure 7.2: Time series of biomass and breeding pairs

It was suggested by the clients that there may be autocorrelation in the
biomass time series. R (Team, 2009) was used to analyse six time series: An-
chovy biomass from Strata C and D, Sardine biomass from Strata C and D and
the summed biomass of Anchovy and Sardine from Strata C and D.

Runs tests resulted in p values of over 0.05 for all six time series, which
supports the null hypothesis of randomness in the time series (Appendix E).
The lengths of the time series available are not great enough to effectively model
with an ARIMA (autoregressive integrated moving average) model, and both the
runs test, and an examination of the autocorrelation and partial autocorrelation
functions, suggest that autocorrelation is not present in any of the time series.

Instead, the model was run multiple times with a different random sample of
the biomass and corresponding catch data in order to get a feel for the effect the

data could have on the penguin population. The sensitivity analysis tool was

69



used to produce 200 runs of each food scenario. The maximum and minimum

levels of the population for each scenario are displayed in table 7.14.

Total Adults

Zone 1 biomass (tonnes)

Zone 2 biomass (tonnes)

Min Max | Min Max  Median Min Max  Median
1 2946 4097 406 96 054 15198 | 253 396 2 704 366 975 557
2 3506 4801 406 96 054 19 136 | 253 396 2 704 366 1 128 911
3 3456 4584 482 110 232 18 392 | 396 735 2 704 366 1 126 920
4 4085 5832 | 3408 96 054 18392 | 396 735 2704 366 1 128 911
5 4316 5838 406 96 054 12 908 | 584 292 2 704 366 1 081 060
6 3314 4589 | 2606 110 232 18 392 | 523 347 2489 522 1 126 920
7 3365 4633 406 96 054 16 186 | 523 347 2035251 1 092 307
8 3588 5317 406 110 232 18 392 | 523 347 2 704 366 932 352
9 2951 4286 406 58 652 10 382 | 253 396 2 704 366 879 269
10 2670 3823 406 110 232 17 596 | 253 396 1 836 670 977 601

Table 7.14: Results from ten different food scenarios

It is difficult to isolate the effect of the different biomass levels on the min-
imum and maximum number of adults, however a couple of observations can
still be made.

Scenarios 1 and 2 have the same minimum and maximum biomass in Zone 1
and Zone 2, but scenario 2 has higher median biomass in each zone. The result
is a higher minimum and maximum total adults in scenario 2.

Scenario 3 and 4 have identical minimum and maximum Zone 2 biomass, and
median Zone 1 biomass. There is a difference of 1991 tonnes in Zone 2 median
biomass. Scenario 4 has the higher minimum and maximum total adults, even
though the Zone 1 maximum biomass is 14 000 tonnes lower. This is due to a
large increase in minimum Zone 1 biomass, which is seven times higher than in
scenario 3.

Scenarios 5 to 10 differ in three or more variables and it is therefore difficult
to identify causes of increase or decrease in total adults without a model, however
the number of data points is too few for a meaningful regression to be performed.

In order to examine the individual effects of Zone 1 and Zone 2 biomass
data, the model was run five times keeping Zone 1 biomass (and catch) data
constant but resampling Zone 2 biomass, and five times with Zone 2 biomass
constant and resampling from Zone 1 biomass data. The results are shown in
tables 7.15 and 7.16.

Scenarios 1 and 2 demonstrate that, for the same minimum value of biomass

in Zone 2 but higher maximum and median biomass, the minimum and maxi-
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Total Adults Zone 1 biomass (tonnes) Zone 2 biomass (tonnes)

Min Max | Min Max Median Min Max  Median
1 2344 3406 406 110 232 18 006 | 253 396 2 035 251 739 374
2 3857 5716 406 110 232 18 006 | 263 396 2 704 366 1 177 795
3 3604 5251 406 110 232 18 006 | 396 735 2 704 366 1 145 337
4 3805 5407 406 110 232 18 006 | 523 347 2704 366 1 134 091
5 3284 4851 406 110 232 18 006 | 608 501 2 704 366 1 030 632

Table 7.15: Results from changing Zone 2 biomass

mum total adults are higher.

Scenarios 3, 4 and 5 demonstrate that, for the same maximum biomass
but varying minimum and median biomass, the results are not as clear cut.
Excluding scenario 4, it would seem as though a higher minimum but lower
median biomass results in lower minimum and maximum total adults. Scenario
4 may produce a higher minimum and maximum total adults than scenario 3 as
the median biomasses are fairly close while the minimum biomass has increased
by over 100 000 tonnes.

Total Adults Zone 1 biomass (tonnes) Zone 2 biomass (tonnes)

Min Max | Min Max Median Min Max  Median
6 3275 4836 406 58 652 18 006 | 253 396 2 704 366 1 143 346
7 3549 5250 406 96 054 14 751 | 253 396 2 704 366 1 143 346
8 3289 4973 482 110 232 15695 | 253 396 2704 366 1 143 346
9 373 5217 482 110 232 18 006 | 253 396 2 704 366 1 143 346
10 4427 6 106 482 110 232 22 117 | 253 396 2 704 366 1 143 346

Table 7.16: Results from changing Zone 1 biomass

Scenarios 6 and 7 demonstrate that, for a constant minimum biomass, a
large increase (approx 37 000 tonnes) in maximum biomass compared to a small
decrease (approx 3 000 tonnes) in median biomass results in an increase in the
minimum and maximum total adults.

Scenarios 8, 9 and 10 demonstrate that for constant minimum and maximum
biomass, an increase in median biomass produces an increase in the minimum
and maximum total adults.

As only five different scenarios have been investigated in each case, these
results may not hold in general but do provide an indication as to the effect of

varying biomass data in each zone.
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Chapter 8

Workshop

A workshop on the model was held at the University of Cape Town on 17
August 2011. A wide range of participants were invited, and a total of ten
delegates attended the workshop. The delegates ranged from penguin biologists
to scientists involved in the scientific working groups for pelagic fishing, and for
ecosystems approach to fisheries management. The participants used their own
laptops and ran Vensim Model Reader. A brief summary of the workshop is
provided followed by an evaluation of the model based on comments from the

delegates.

8.1 Activites

The morning commenced with a brief introduction that emphasised the focus
on communication and learning. Delegates were then given a tutorial on how
to control the model from the Excel spreadsheet, what each view in the model
covered, and how to interpret the graphs in each view. Participants then spent
approximately an hour and a half changing parameters in the model and exam-
ining the effect these changes had on the total penguin population. The focus
for most participants was what happened when certain pressures were turned
off, and what the survival parameters needed to be in order to stabilise the
population in the absence of modelled pressures. Delegates worked individu-
ally, or in pairs, but happily assisted each other and had numerous discussions
regarding the interpretation of their results, especially when a result was not

what they had expected.
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After a break for tea, delegates finished experimenting with changing pa-
rameters and the workshop moved on to a tutorial on gaming in Vensim. The

model was presented with three management strategies:
e Reduce chronic oiling
e Close the area around the island to fishing
e Control land predators on the island

Participants were then given the opportunity to run through the model, one
year at a time, and to select what management strategies they would implement
each year. Participants ran various scenarios from implementing one strategy
per run to looking at combinations of strategies.

Some confusion arose over which values meant management strategies were
implemented fully as opposed to not at all, as a value of one was defined as no
management strategy and zero was defined as a fully implemented management
strategy due to the way these parameters were implemented in the model. This
was subsequently changed so that a value of one equates to full implementa-
tion of a management strategy. Once that had been rectified, delegates spent
an industrious hour experimenting with the model. Once again, most partici-
pants happily helped each other and discussed what results they were achieving
with others sitting near them. During the last half an hour of the workshop
evaluation forms were given out and delegates filled these in while completing
their experiments. These forms are included at the end of the appendices. The

feedback from delegates forms the bulk of the next three sections.

8.2 Areas needing improvement

Participants felt that the large number of parameters could confuse issues, and
that it would be especially important to present less choices to management.
A further point with regard to using the model as a management tool is that
managers may take the model results as ‘reality’, without taking into account
the effect of variability in the pressures. As Vensim Model Reader does not
support sensitivity analysis, this is a particularly important point to convey
when explaining that the model is primarily a learning and communication
tool, not a tool for accurate prediction.

Participants felt that the uncertainty around some parameters for which

there is no hard data could lead to a lack of confidence in the model, but did
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agree that this provided a useful indication as to where further research efforts
should be directed. Participants also felt that is was difficult to keep track of the
changes they had made so a facility for recording changes should be created, or
users should be taught to use the Runs Compare tool in Vensim, although this
may cause confusion as variables used purely for calculation purposes may be
shown. Most delegates felt that some sort of scientific background was needed
to understand the model. In order for it to be useful to a wider range of

stakeholders, a more simplified appearance should be developed.

8.3 Strengths of the model

One of the primary strengths of the model is the number of pressures on the
penguin population that have been modelled, and the flexibility to change the
majority of parameters. Workshop delegates found the model easy to control
from Excel as it is a familiar programme. This allowed them to feel comfortable
experimenting with the model.

The graphical display of the relationships between the model variables aided
in the understanding of the model structure. The graphic output also enabled a
quick evaluation of changes to the model, and emphasised the impact that even
small changes can have.

Some participants felt that the model helped them understand the scope and
complexity of the problem facing the penguins. Most participants felt that the
number of parameters that can be altered was a very useful facet of the model.
Participants also felt that the gaming mode was a useful tool for involving
managers, although it was suggested that a simplified model be presented for
this purpose. The model was identified as being useful to stakeholders such as
mangers, government and conservation scientists, and fishing companies.

Delegates were asked to list what made this model different to current pen-
guin models and other multispecies models. As a few pointed out, there really
is no other penguin model to compare it to at the moment as the last model
similar to this one was the Vortex model at the Penguin Population and Habitat
Viability Assessment workshop in 1999 (Whittington et al., 2000).

Features of the model that stood out for delegates were:

e The visual nature of the model - the structure is displayed graphically and

the output is in the form of graphs
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e The gaming mode - decision makers can experiment with different policy

decisions and examine the possible outcomes

e The model attempts to follow a 'realistic’ ecosystem - both predators and
prey relationships are present in the model and all important pressures on

the population are modelled.

e The number of pressures included in the model - the model includes most

drivers for population growth

e The ability to turn pressures on or off completely - adds to the flexibility

of the model and allows users to isolate individual pressures

8.4 Conclusion

Based on the feedback from participants at the workshop, the model would need
some minor changes before it could be presented to managers in order to ex-
periment with different strategies. The changes include a simplified appearance
coupled with fewer choices that managers need to make, as well as a way to
easily track changes to the model and the results.

The workshop ran well given the restricted time available for the participants
to learn how to use the model. Participants quickly became comfortable chang-
ing parameter values and readily shared their opinions regarding their results
with others around them. This gave everyone a chance to indicate which parts
of the model and/or the data used in the model they agreed with, and which
they thought should be researched more thoroughly.

Overall, the model was well received and definitely encouraged team work

and discussion amongst users.
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Chapter 9

Conclusion

9.1 The role of modelling

The modelling process has allowed the Penguin Modelling Group to engage
with the data available, and has forced everyone to examine their assumptions of
survival rates and the effects of the various pressures on the penguin population.
This process has opened up discussion on the effect of individual pressures, on
which pressures are important on Robben Island, and what level of detail needs
to be modelled. This process has also allowed experts in areas other than
penguins - statisticians, managers and fishery scientists - to discuss their views
on the model, and to add their expertise.

As the model was developed over a series of meetings and presentations,
everyone involved in the development of the model could see the effect of the
suggestions from the previous meeting and then refine these suggestions, if nec-
essary. It has also increased awareness of the lack of data on some aspects of
the model.

This model is the start of a series of models intended to cover all the penguin
colonies in Southern Africa. It should develop into a powerful tool for manage-
ment to use in order to understand how policy decisions can affect the penguin
populations and, also, which factors have the greatest effect on the mortality

rates of the penguins.
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9.2 Data needs

In an ideal situation, appropriate and plentiful data would be available for all
aspects of the model. The development of the model has highlighted those
parameters for which data is either not available at all, or not available in a
suitable format. Although the model performs adequately using estimates from
the penguin modelling group, data for the following areas would assist in refining
those estimates.

Pressures such as shark predation and predation from cats, rats and other
land predators are two pressures for which very little data is available. The
abundance of these predators was assumed to be random, and to vary around

some initial abundance. It would be helpful to have more information on:
e whether abundance of these predators is seasonal

e whether their abundance is linked to any other factors such as biomass of

fish, or the density of the penguin population

e the effect that these predators have on the mortality rates of the applicable

age classes

Data on weather patterns and the effect of flooding needs to be gathered,
as well as research into whether flooding occurs solely with the cold events or
if it does occur independently, as currently modelled. The effect of building
artificial burrows for the penguins to protect from flooding and weather can
then be added to the model.

Most importantly, the effect of food availability and the modelling of the
food available to penguins needs to be improved. Information that would be

useful in this regard:
e seasonality of biomass availability

e small boat surveys around the island that would allow an even greater

degree of realism in the biomass modelling

e the relationship between biomass available and mortality rates for chicks

and eggs

The effect of the number of chicks and eggs should then be introduced into
the equation that determines the index of food availability. This would only be
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worthwhile once the equations for determining the biomass available in Zone 1
each month have been refined.

Research is available on the link between adult mortality and food avail-
ability in Zone 2, but used parameters not in the model. It would be worth

examining if the model could be restructured so that this data can be used.

9.3 Summary of findings

Iterations of the model with only natural mortality showed that the survival
rates used in the Shannon and Crawford model were too low to produce a stable
population in the absence of immigration. Once the survival rates were raised,
within reasonable bounds, for adults, chick and eggs, the population stabilised.
These new survival rates were approved by the Penguin Modelling Group and
were then used for all other runs of the model.

Two scenarios - ideal and realistic - were examined in order to determine if
any factors in the model would need to be adjusted to achieve them. An ideal
environment was assumed to be one with high food levels and no fishing or oiling.
This resulted in a population explosion with penguin numbers reaching over a
million in less than one hundred years. No other parameters were adjusted to
achieve this scenario.

The realistic scenario used the original time series of biomass availability
as well as accurate timing of oil spills. Runs of the model with all population
pressures included led to a declining population. In order to replicate the rapid
population growth of the 1990s, immigration was added to the model in the form
of an increased immature survival rate; chronic oiling, flooding and extreme
weather events were removed and predator abundance was lowered. Predator
abundance was raised after the year 2003 in order to replicate the decline in the
population at that point, despite continuing immigration.

An experiment is currently under way to examine the effect of closing the
area around a penguin colony to fishing for a period of three years. The impact
of this policy decision was examined by running the model with no fishing
allowed for three years in Zone 1. The three year period started one year later
in each successive run. It was shown that, although restricting fishing around
the island was always beneficial to the penguin population, an oil spill during
the closed period resulted in a very small benefit from the closure. This would

be important for managers to be aware of when interpreting the results of the
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experiment, in the event of an oil spill during that time. It also suggests that
other factors may reduce or exaggerate the effect of closing the island to fishing.

Sensitivity analysis shows that the model is sensitive to changes in the fre-
quency and effect of chronic oiling, whether fishing is allowed around the island
and the effect of food availability on survival rates. These results suggest areas
for further research and possible management strategies.

Finally, the workshop showed that the model is a useful learning tool. The
workshop participants felt that it could be used a tool to communicate the effects
of management strategies to managers, and could also encourage managers to

experiment with the model themselves.

9.4 Suggestions for further research

As mentioned above, the Robben Island model provides a base for modelling
other penguin colonies. Robben Island was chosen as the first island to model
as there is more data available and better understanding about the pressures
on this penguin population than the other islands. As such, modelling of other
colonies will require research to determine their population parameters and how
each of the potential pressures affect them. Further research is required to
determine the causes of migration between colonies as this is something that
would need to be added to the model, once more than one colony is present.

Other directions for research have already been mentioned in section 9.2.

9.5 Concluding remarks

This dissertation has provided a penguin population model that can be used
as a base to model other islands. Collaborative modelling between experts in
the Penguin Modelling Group, as well as input from other scientists, produced
a model with buy-in from numerous non-governmental organisations concerned
with conservation. The modelling process has created a sense of ownership of
the model within the modelling group, and has produced a model that is under-
stood by a range of users. It is the most up-to-date model that includes all the
pressures that are important to the colony on Robben Island, and can poten-
tially be used as a decision support tool to help both fisheries and conservation

managers, as well as scientists involved in penguin research.
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Appendix A

Prototype Model Equations

Note that time in the model equations, t, is defined as time since start of model
modulo 12 i.e. t € (0,11) where 0 represents January and 11, December. The

symbols used are defined as follows:

Q. as the mortality experienced by adult penguins per month

s as the one year survival rate for penguins aged 1 year and older

_ (1 o Qa)12

V)

qc as the mortality experienced by chicks per month
S¢ as the proportion of chicks that fledge
Se = (]— - QC)S

ge as the proportion of eggs lost per month
Se as the proportion of eggs that hatch

Se = (]- - Qe)z

sop as the proportion of penguins fledged that survive to the end of the year
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A; » as the number of penguins alive in that age class at the beginning of year n
A? as the number of penguins that die in that age class per month

Ai as the number of penguins that survive to the end of the year in that age class

C, as the number of chicks alive at the beginning of year n
C? as the number of chicks that die per month

C' as the number of chicks that fledge successfully per month

FE as the number of eggs alive at the beginning of year n
E? as the number of eggs that are lost per month

E' as the number of eggs that hatch successfully per month

A.1 Equations

For age class A; (i =1 to 5):

Ainyr = Ain+ (AL, —Ad—ADdt 1<i<4
Aint1 = Ain+ (A, — AD)dt i=5
A = A - A t=11
=0 otherwise
Ag = Aixqq
For age class Agp:
Aopnp1 = Ao+ (C— AG — Ab)dt
Ay = Agxso t=11
= 0 otherwise
A = Ag*(1-sp) t=11
= 0 otherwise
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For eggs and chicks:

Cot1 = Cp+ (E'=C?—Chdt

c4 = Cxq.

¢! = DELAY CONVEYOR(E',3,q., laying rate, 0, 3)
E..1 = £E,+ (initial laying + relaying — E¢ — E')dt

E4 = FE=xgqe

E! = DELAY FIXED((initial laying + relaying) * s., 1,0)

Note: for a description of DELAY CONVEYOR and DELAY FIXED, see sec-
tion B.2.

The equations for egg production are as follows:

IE; (initial egg laying at time t) = breed year * clutch size * laying rate,
RE; (relaying) = [E, 3xCL* Rc 3<t<5h
= [E;, 3+xCL=x* Rc
+IE;_¢* (BL % Rb)

+IE;,_¢x(1—CL — BL) * Rs) 6<t<8
A.2 Parameter values

Parameter Mean value Range/Std dev
Mean adult survival 0.860 0.82-0.90
Mean immature survival 0.510 0.110
Mean chick survival (Fledging success) 0.370 0.078
Mean egg survival (Hatching success) 0.548 0.073
Hatching time (months) 1

Fledging time (months)

Table A.1: Parameter values for penguin population
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Parameter

Initial number of adults (Adults)

Average proportion of sexually mature adults that choose to breed
each year

Proportion of adults in age class 2 that are sexually mature (b2)
Range of b2 is 0 to 0.1

Proportion of adults in age class 3 that are sexually mature (b3)
Range of b3 is 0.03 to 0.63

Proportion of adults in age class 4 that are sexually mature (b4)
Range of b4 is 0.675 to 0.805

Proportion of adults in age class 5 that are sexually mature (b5)

Probability of relaying after clutch loss (Rc)

Annual variation in Rc

Probability of relaying after brood loss (Rb)

Annual variation in Rb

Probability of relaying after successful fledging of a brood (Rs)
Annual variation in Rs

Table A.2: Parameter values for breeding calculations

Time Laying rate Effective month

0-2 0.23 Feb - Apr
3-5 0.09 May - Jul
6 0.04 Aug
7-11 0.00 Sep - Jan

Table A.3: Laying rate
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Value
3 500
0.834

0.050
0.050
0.330
0.030
0.740
0.065
1.000

0.305
0.101
0.218
0.153
0.218
0.114



Appendix B

Full model equations

B.1 Subscripts used in equations

[Subscript]: subscript values

[i0m]: one, two, three, four, five, six, seven

[age]: 11, A2, A3, A4, A5

[oiled]: no, yes

[thresh]: 5%, 25%, 50%, 75%, 100%

[fish]: ab, sb, ac, sc (anchovy and sardine from Stratum D (ab, sb) and from
Stratum C (ac,sc))

[z2sub]: as, bp, js (adult survival, breeding proportion and juvenile survival)

B.2 Format of common functions in Vensim

e DELAY CONVEYOR(input, ctime, leak, initprofile, inittot, initctime) -
returns the value of input delayed by ctime. Fractional leakage per time
unit is given by leak. Initial amount of material on the conveyor is given
by inittot and is distributed according to the time profile, initprofile.

The inital value returned by the function is determined by initctime.

e DELAY FIXED (input, delay time, initial value) - returns the value of the
input delayed by delay time. The initial value is used at the start of
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B.3

the simulation.

IF THEN ELSE(cond, tval, fval) - traditional If-Then-Else statment. Re-

turns tval if cond is true else returns fval.
INTEG (rate, initial value) - Performs numerical integration.

PULSE TRAIN (start, width, thetween, end) - returns a value of 1 start-
ing at time start, lasting for interval width and then repeats this every

tbetween time until time end. It returns a value of 0 at all other times.

RANDOM NORMAL(m,x,h,r,s) - returns a random number from a nor-
mal distribution with minimum value m, maximum value x, mean h and

standard deviation r. s is the stream ID for the distribution to use.

RANDOM POISSON (m,x,M,h,r;s) - m, x and s as in RANDOM NOR-
MAL, M is the mean, h is a shift parameter (to the right)and r is a stretch

parameter.

SUM(x[i!]) - the sum of an array over the subscript range(s) with the

exclaimation mark(s).

Control equations

month = MODULO (Timer, 12)

Timer = INTEG (1, 0)

NOISE SEED = constant from spreadsheet

seed = 0

v pulse = PULSE TRAIN (11, 1, 12, 999999)

89



suoryenbo sse[o o8e 335 :1°{ O[qR],

799YspvaLds WoLf JUDISU0D =  [RAIAINS 339 URSW
(T - (Tearains 88o ueowr)/T)ul- = 00
1Z+7] 199JJ0 POOJ -
PIOD) YW+ P[0 + YR 9YRUII[I*F]1ed1] + 20URPUN(E YIRS IBYS + 2dUepuUnge jed«qjed + o =  30[ [eatains 530
((18of TRAIAINS 830 - ) dXH + 1)/T = rearams 339
oy SurgEIR] si(reatams 889) - 1 = Aypeaow 850 oexy

1 = our) Juryoyer
(0 ‘ouny SurpyeH ‘((HPOOP+HTIOI*H[I0xA)[RIIOML 330 ORIJ - HPOO+H[IOI*F[IO
+ HPOOP+H[100xA)[eLI0U 350 ORI} + HIOO*H[IO*A)[RIIOW 339 ORI] + HPOOP*H[I0D - HPOOP+HIO -
POoOP*A}[R)I0U 330 DRIJ - IO IO - H[I0d*AJ[RIIOUW S30 ORI - F[I0kA}[R)IOW T30 OvIJ - HPOOY +
1100 + H[I0 + Ayestow 580 oely) - 1)x([porio]Sutkeror + [pofio]Sutder 850 rerun)) qUXIA AVIAd = [porto]Suryoyey
((gpoog*H 100+ HI0*xA)1[R)I0TT
880 0vl} - HPOOPKH[IOO*H[IO + HPOOP+H[I0d*AJ[RIIOW 3F0 Ovl] + H[I0O*kH[I0kAJ[RLIOW 330 OvI)
+ HPOOP+H[I0D - POOPKH[IO - HPOOP*+AI[RLIOW 339 DRIJ - H[IODKH[IO - H[I0d*AJI[RLIOW 339 ORIJ

- HioxA)ejIowt 880 ovlyy - HPoOOY + H[10d + H[IO0 + A)pejrowr 880 owvlf)x[po[o]sSSy ‘0) XVIN = [par10]9s0] s830
(0 “([perto]3u
-pget] - [parro]iso] 830 ‘[paro]s88) XVIN - [porio]Sutkear + [perio|Sutde] 880 [erymur) HYINI = [parr0]s837

suotjenbo [opow uorjendod umsusg %'g

90



suoryenba ssed 98e YOI g 9[qeL,

[ou|[eATAINS SYDTUO+[RATAINS 3300ZTS YDIN]D

€

(euury Swi8parq ‘0 ‘oyer

Sutdey ‘[payro]Ayesour s dvly ‘ourry FUISpa[] ‘[pafiojSurpier) YOATANOD AVTAA
199YspvaLds woLf JuDISU0D

(T - (reataams spryo weour) /1)ur-

1Z+) 199]Jo POOJ - P[O)) 9IRWI[D*)P[OD

4+ Jeey ojRWIDx)JeS -+ LouURpUNR IIRUSkx )N IRYS - ooURPUNgR JRI*x)IRD + ()
¢'0*( (7190 TeATAINS SYPID-) IXH + T)/T

(180 rearams ssp1p-) IXA + 1)/1

DPOOP*DI0*DNI0* (5ryy Srgper 7/1(PRTIOI[BAIATIS

SPIP - 1) - DPOOP*D0DI0 + DPOOFHDN0* (guyy Surgpor,g/1[PPIIOI[BAIAINS  SHOTD
- 1)+ DU (guyyy Surgpor g/1[PPIIOBAIAINS SO - T)  +  DPOOP*D[I0D -
DPOOR*DIO - DPOOB*(guyy Surgpoyg/1[POLIOJIBAIATIS 31D - ) - DIIO%*D[IO -
D19 (orry $mrgporg/1[PRIIOIBAIATIS ST - T) - DIO*(guupy Surgpor g/1[POTOI[eAIAINS
SPIP - 1) - DPOOY + DO + DO + oy Swgporyg/1[PRIOEAIAS S - T
([parroJdreytour spryd oetpx[pafio]sspIY) 0) XVIN

(0 “([porroj8urspoyy - [porrojsyyeap 31y ‘[pafio]sypry)) XVIN - [PafiofSurypyet) HEINI

ared 1od syoIyo
oty Surdpayg

[parro]Surspay
[RATAINS IOIYD URIW
02

S0 [RAIAINS SIOIYD
[seA]earaIns SO
[ou]reataIns sYOTYD

[porto]A9R)I0TII MOTYD ORI)

[porro]syyeap spro
[porrolssoraD

91



suoryenbs sse[o 98e arnjyewr] ¢ ¢q 9[qRT,

109yspaLds woLf JuDISU0I

(T - (Tearans amyeururr weatur) /1 )uf-

[s[]gz*] 1990 PoOJ - 9ouepUNAR YIRYS*[YIRYS + (I

L g T = 10§ 4 (([roi]yisor eatams omyewut-) gXH + 1)/1

([wt] 11005 [LUQT] TT10% ([WI(QT| [RATAINS SINYRTIWIT - T)

+ [wpt] oo« [wr(r]to - [tQi]IToox ([mQl]eATaAIns orngewrwl - ) - [wQI[[Io*([wQIearams
amyewrut - T) - [wQI[[i0o + [woIIro + ([woireaans smyewrr - T))x[wQl]() oInyeurmy
([wot]syyesp ( oanyeurur - [wgt]o omyeww])*(66666 ‘1 ‘T ‘T1) NIVHL dSTNd

N; e N ﬁ._u =

10] (0 ‘[wptjreatams ( eanjyewrwul - [worsyjesp ( omyewwt - (0 ‘([jporo]suspey) NNS
‘0<(([iporo]3urdpoy) INNS) HADALNI :ANV: £—TT = qyuowt) HSTH NHH.L A1) DALNI

[BATAINS OINJRUIWI URIUI
ot

[tr1]9130] [RATAINS BINjRUITIL
[tp1][eATAINS DIMYRTITIT

[txt)syyeep ( oIngewrUIl
[tQ1]eAlAINS () dIMYRTIIT

[txQ1] emyetrtay

92



suoryenbs sse[o 98e NPy F'g 9[qr],

([poro ‘a8e]sygeap ympy - [poyio ‘eejsumsuog yMpy)*(66666 I ‘T ‘TT) NIVIL ASTNd
109YyspDaLds WoLf JUDISUO0D
(T - (Tearains ympe ueour)/1)ul-
[se]gz+y 109]J POO] - 0oURpUNR YIRSk {IRYS + (&
((3130] rearams ympe-) JXd + 1)/1
z1/1[BAIAIDS ynpe - |
((VT100%yTIO*A31TR)I0U J[NPR JRI] + Y[I0O* VIO - YI0xA)[RIIOU J[NpR DRI - Y10 +
Y10+ A)I[R1IOUT J[NPR ORI - Y]IO + A)I[R)I0OW J[Npe ORIj)*[poflo ‘9e]sumsusd Mpy ‘0) XVIA
192YspwaLds WLl JUDISUO0D

4sp
[BATAINS J[NPB TR
((doxd peatains pergut - 1)/ ?Qoa [BATAINS
rerjur) + cdoad reatams renut 4  doad [earaans rerjrut + doad [earaans erjrut + 1)/synpy
((doad rearaans renjrut - 1)/( doxd
[PATATNS  [RIIUL+SHNPYDI) ‘[ow ‘gy|syiesp JMpy - [0 ‘py|eatams synpy)OHINI
(doxd rearams [eniur,symnpymbo
fou ‘pylrearams sympy - [ou ‘pylsyyesp umpy - [ou ‘gyleatams synpy) OHINI
(doxd peatauns peryur, sympymbe
‘lou ‘gy]reanams sympy - [ou ‘gylsyyesp mpy - [ou ‘gyleaams synpy) HHEINI
(sympymbe
fou ‘gylrearams sympy - [ou ‘gylsyresp mpy - [ou ‘[fjeArams sympy) OHEINI
(doxd peatains reryrur/sympymbe
Jow “rrjreatams sympy - [ou ‘Tyjsyreap ympy - ([jmpyrearans ( omyenrat) NOS) HHLNI

[parto ‘o8e]reAlAIns SHMPY
[BAIAINS JIPE UBSW
oe

11801 TeATAINS J[Npe
[eAIAINS J[0Pe
AyejIowr ynpe oviy
[pafto ‘oge]syyesp MNPy
SHUpV

doid earains [erjrur
sypymbe

[ou ‘gy]sumS8usd yMpy
[ou ‘py|sumSusg ympy
[ou ‘gy]sumSusd yMpy
[ou ‘gy]sumsuag ympy

[ou ‘TyjsumSued ympy

93



suoryenba ploysaiy) pue sympe 18107, :9°q S[qE],

SYMPY

SHNPY*GL'0

SHNPY*G'0

SHNPY*SZ'0

SHUPY*G0'0

(0 ‘1T ‘[ysorya]proyseaq LyLI > SHUPY [810L) ASTA NAHL Al

([iperto ‘17JsumBueg yupy) NS - ([jporio ‘joSe]sumsusg ympy) NS

suoryenbs sse[o 98e ympe pafI0 :G'q 9[qRI,

((0 ‘6°0%((5y/¢((Surqro druoIY2* Y109 + FuIfio drydorseied*y[io

+ 9180[ TeAlAIns ympe - )XH + 1)/1 - I)*[ou ‘o8e|sumSusg Jmpy - [ou ‘ofe|syyesp

HPY) ‘0 < UO [00%SUI[I0 DIUOIYd + U0 [roxFut[io dMydoysesed) HSTH NHHL Al ‘0) XVIN

(0

[so4 ‘gy]suyyeop py - [sod ‘pylrearams synpy + [gy]sumsuad porerriqerar) HEINI =
(0 ‘[so4 ‘pV]realams sympy

- [so4 ‘py]syreap yupy - [sof ‘gy]reatams sympy + [py]sumsued poreyiqeyar) HAINI =
(0 ‘[seA ‘eV]reAlaIms sympy

- [sef ‘gy]syuresp NPV - [sed ‘gy|realams sympy + [gy|sumSuad payeiyiqeral) HHINI =
(0 ‘[gv]sumSuad payejtiqeryal

+ [soh ‘gy]realams sympy - [soA ‘gy|syieep 3mpy - [so£ ‘II|[eAlams syMpy) HAINI =

(0 ‘[so4 ‘r]reatams synpy - [so£ ‘[]syyeap ynpy - [1Jsumsuad poresqiqear) HHINI =

[%00T]PIOUSOIY LY LI
= _&m |PIOYSOI LY.L
= [%0¢|prouseryLy.ILI

[9%G2]PIOUSOTY VLI
= [%¢]pIoUsoIy LY.L
[qsoay3]sympyI0L]
= SHPY [I0L,

[o8e]sumSuad pajesjtfiqeral
[sof ‘gy]sumSBusg 1mpy
[so4 ‘py]sumSBued yMpy
[sed ‘gy]sumSBued MNPy

[sof ‘gy]sum3usg ympy
[so4 ‘T1]sumSued yMmpy

94



actual breeding
pairs [oiled]
potential breeding
pairs [oiled]

b2
r b2

out b2
b3
r b3

out b3
b4
outbp
r b4

out b4
b5

breeding
tion [oiled]
mean bp

r bp

propor-

total breeding pairs

potential breeding pairs[oiled]*breeding propor-
tion|oiled]
(b2xAdult Penguins[A2, oiled] + b3xAdult Pen-
guins[A3, oiled] + b4xAdult Penguins[A4, oiled]
+ b5xAdult Penguins[A5, oiled])/2
INTEG (r b2 - out b2, 0.05)
RANDOM NORMAL (-0.05,
seed)*v pulse
DELAY FIXED (rb2, 12, 0)
INTEG (r b3 - out b3, 0.33)
RANDOM NORMAL (0.3, 0.3, 0, 0.03, seed)+v
pulse
DELAY FIXED (rb3, 12, 0)
INTEG (r bd - out bd, 0.74)
DELAY FIXED (r bp, 12, 0)
RANDOM NORMAL (-0.065, 0.065, 0, 0.065,
seed)*v pulse
DELAY FIXED (rb4, 12, 0)
1

INTEG(r bp - out bp , mean bp) if oiled = no
{ 0.2 if oiled = yes

0.05, 0, 0.05,

constant from spreadsheet

RANDOM NORMAL (-0.15, 0.166, febp + ad-
justment factor, 0.05, seed)*v pulse + v pulse*IF
THEN ELSE (Total Adults>carrying capacity, -
0.6, 0)

SUM (actual breeding pairs[oiled!])

Table B.7: Model equations for breeding pairs calculations
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initial egg layingfoiled] = actual breeding pairs|oiled]*clutch sizexlaying

rate
clutch size = 2x%2 + 1x%1
%1 = 1-%2
%2 = RANDOM UNIFORM (0.81, 0.92, 0)
laying rate = eggs per month(month)
eggs per month() see table D.8
relaying|oiled| = DELAY FIXED (IF THEN ELSE (month >

5, 0, (clutches lost[oiled]*Rc + broods lost
[oiled]«*Rb + brood successoiled]*Rs)*clutch
size), 1, 0)

Table B.8: Initial egg laying and relaying equations
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Rb = INTEG (r rb - out rb, 0.218)

rrb = RANDOM NORMAL (-0.218, 3%0.153, 0, 0.153, seed)*v pulse
out tb = DELAY FIXED (r rb, 12, 0)
Re = INTEG (r rc - out re, 0.305)
rrc = RANDOM NORMAL(-3+0.101, 3+0.101, 0, 0.101, seed)+v pulse
outrc = DELAY FIXED (r rc, 12, 0)
Rs = INTEG (r rs - out rs, 0.218)
rrs = RANDOM NORMAL (-0.218, 3x0.114, 0, 0.114, seed)=*v pulse
out rs = DELAY FIXED (r rs, 12, 0)

Table B.10: Model equations for relaying calculations

B.5 Pressures on the penguin population

oil on
catastrophic oiling
oil event

oilstart

months between oiling
cleaning

oilA

%0ilA

0ill[i0m)]

%o0ill

0ilC

%0ilC

Y%parentsC

oilE
%0ilE
Y%parentsE

constant from spreadsheet

INTEG (oil event - cleaning, 0)

IF THEN ELSE (oilstart > =1, 1, 0)
RANDOM POISSON (0, 1e4+007, 1/months
between oiling, 0, 1, 0)

constant from spreadsheet

IF THEN ELSE (catastrophic oiling > 0, 1, 0)
%o0ilAxcatastrophic oilingoil on

constant from spreadsheet

%oillxcatastrophic oiling*oil on

constant from spreadsheet

%oilCxcatastrophic oilingoil on
%0ilAx%parentsC

SUM (number of 1 chick nests[oiled!] + number
of 2 chick nests[oiled!])*2/Total Adults
%oilExcatastrophic oiling*oil on
%0ilAx%parentsE

SUM (number of 1 egg nestsfoiled!] + number
of 2 egg nests|oiled!])*2/Total Adults

Table B.11: Catastrophic oiling equations
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coil on = constant from spreadsheet
chronic oiling INTEG (oil event2 - cleaning2, 0)

oil event 2 = oilstart2

oilstart2 = RANDOM POISSON (0, 1, 1/(months
between chronic oiling), 0, 1, 0)

months between chronic oiling = constant from spreadsheet

cleaning2 = IF THEN ELSE (chronic oiling > 0, 1,
0)

coilA = %coilAxchronic oilingxcoil on

Yocoil A = constant from spreadsheet

coill[i0m] = %coillxchronic oilingxcoil on

Yocoill = constant from spreadsheet

coilC = %coilCxchronic oiling*coil on

%coilC = %coil Ax%parentsC

coilE = %coilExchronic oilingxcoil on

Y%ocoilE = %coil Ax%parentsE

Table B.12: Chronic oiling equations
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climateOn
climate Cold

cold
cold spells

months between cold spells
coldC

%coldC
coldE

%coldE
climate Heat

heat
hot spells

months between hot spells
heatC

%heatC
heatE

%heatE

constant from spreadsheet
coldxcold spells
0.25 if month =
0.50 if month =
1.00 otherwise
RANDOM POISSON (0, 2, 1/months be-
tween cold spells, 0, 1, 0)
constant from spreadsheet
(<0 - In((1 + EXP(-c0))/%coldC -
1))*climateOn
constant from spreadsheet
(-0 - In((1 + EXP(-e0))/%coldE -
1))*climateOn
constant from spreadsheet
hot spellsxheat
0.25 if month =5,6,7
0.50 if month =2,3,4,8,9,10
1.00 otherwise
RANDOM POISSON (0, 2, 1/months be-
tween hot spells, 0, 1, 0)
constant from spreadsheet
(-c0 - In((1 + EXP(-c0))/%heatC -
1))#climateOn
constant from spreadsheet
(-e0 - In((1 + EXP(-e0))/%heatE -
1))*climateOn
constant from spreadsheet

0,1,2,10,11
3,4,8,9

Table B.13: Climate equations

floodOn =
flooding
flooding event =

months between floods
flooding end =
floodC
%floodC
floodE
%floodE =

constant from spreadsheet

INTEG (flooding event - flooding end, 0)
RANDOM POISSON (0, 99999, 1/months be-
tween floods, 0, 1, 0)

constant from spreadsheet

DELAY FIXED (flooding event, 1, 0)
%floodCxfloodOnxflooding

constant from spreadsheet
%foodE+floodOnxflooding

constant from spreadsheet

Table B.14: Flooding equations
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catOn = constant from spreadsheet

cat abundance = INTEG (r cat - out cat, 0)
r cat = RANDOM NORMAL (-1, 1, 0, 0.3, 0)*v pulse
out cat = DELAY FIXED (r cat, 12, 0)
catC = (-0 - In((1 + EXP(-c0))/%catC - 1))*catOn
YocatC = constant from spreadsheet
catE = (-e0 - In((1 + EXP(-e0))/%catE - 1))*catOn
%catE = constant from spreadsheet

Table B.15: Land predator (cats, rats, etc) equations

sharkOn =
shark abundance =
r shark =
out shark =
sharkA =
Y%sharkA =
sharkI =
%sharkl =
sharkC =
%sharkC =
sharkE =
%sharkE =

constant from spreadsheet

INTEG (r shark - out shark, 0)

RANDOM NORMAL (-1, 1, 0, 0.3, 25)*v pulse
DELAY FIXED (r shark, 12, 0)

(-a0 - In((1 + EXP(-a0))/%sharkA - 1))xsharkOn
constant from spreadsheet

(-1i0 - In((1 + EXP( - i0))/%sharkI - 1))*sharkOn
constant from spreadsheet

(-0 - In((1 + EXP(-c0))/%sharkC - 1))*sharkOn
constant from spreadsheet

(-e0 - In((1 + EXP(-e0))/%sharkE - 1))xsharkOn
constant from spreadsheet

Table B.16: Shark predation equations

adjustment factor =

low threshold =
very low threshold =
carrying capacity
Extinction =

IF THEN ELSE (Total Adults < low threshold
:AND: Total Adults > very low threshold, 0.2, 0) +
IF THEN ELSE (Total Adults < very low thresh-
old, -0.1, 0)

constant from spreadsheet

constant from spreadsheet

constant from spreadsheet

IF THEN ELSE (actual breeding pairs[no| < 10, 1,
0)

Table B.17: Density equations
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data pulse

foodOn

biomass data[abl:
biomass data[sb]:

recruit biomass
mean

monthly biomass
stdev

catch datalab):
catch datalsb]:

mean fisheries catch

fisheries catch
fishing allowed
catch

PULSE TRAIN(-1, 1, 12, FINAL TIME) +
pulse(0, 1)

constant from spreadsheet

constant from spreadsheet

constant from spreadsheet

data pulsex(biomass data[ab] + biomass data[sb])
INTEG (recruit biomass - PULSE TRAIN (11, 1,
12, 1le + 008)*mean, 0)

RANDOM NORMAL (MAX (0, mean - 3*stdev),
mean + 3xstdev, mean, stdev, 0)

constant from spreadsheet

constant from spreadsheet

constant from spreadsheet

catch datafab] 4+ catch data[sb]

mean fisheries catchxfishing allowed

constant from spreadsheet

MIN(monthly biomass, fisheries catch)

Table B.18: Zone 1 biomass and catch input equations

Zone 1 Biomass

fish mortality

meanl
mean2
catchl
catch2
zl

Zone 1 prey abundance()

= INTEG (monthly biomass - catch - fish
mortality - (meanl + mean2)xpulse(0, 1),
meanl + mean2 - (catchl + catch2))

= DELAY FIXED (MAX (0, (monthly
biomass - catch)), 1, 0)

= constant from spreadsheet

constant from spreadsheet

constant from spreadsheet

constant from spreadsheet

= Zone 1 prey abundance(Zone 1 Biomass)
see table D.9

Table B.19: Zone 1 abundance equations
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biomass datalac]:
biomass data[sc]:
spawner biomass[ac]
spawner biomass[sc]

kj

kj value[fish]
Zone 2 level[bp]

Zone 2 level[as]

kj lag 1
kj lag2

lag 1 fish[ac]

lag 1 fish]sc]

lag 2 fish[ac]

lag 2 fishsc]

Zone 2 Biomass|js]
Zone 2 Biomass|as]
Zone 2 Biomass[bp]
z2[z2sub]

Zone 2 prey abundance[z2sub]()

constant from spreadsheet

constant from spreadsheet

data pulsex(biomass datalac])

data pulsex(biomass data[sc])
INTEG ((spawner biomass[ac]*kj
value[ac] + spawner biomass[sc]#kj
value[sc] - PULSE TRAIN(11, 1,
12, le + 008)xkj - pulse(0, 1)xkj),
lag 1 fish[ac]xkj value[ac] + lag 1
fish[sc]*kj valuesc])

6.74, 8.59, 6.74, 8.59

INTEG ((PULSE TRAIN (12, 1, 12,
le + 007)x(kj lag 1 + kj lag 2) -
PULSE TRAIN (12, 1, 12, le +
007)+Zone 2 level[bp]), kj lag 1 + kj
lag 2)

INTEG ((PULSE TRAIN(12, 1, 12,
le + 007)x(kj lag 1 + kj) - PULSE
TRAIN (12, 1, 12, le + 007)+Zone 2
level[as]), kj + kj lag 1)

DELAY FIXED (kj, 12, lag 1
fish[ac]xkj value[ac] + lag 1 fish[sc]*kj
value[sc])

DELAY FIXED (kj lag 1, 12, lag 2
fish[ac]*kj value[ac] + lag 2 fish[sc]«kj
value[sc])

constant from spreadsheet

constant from spreadsheet

constant from spreadsheet

constant from spreadsheet

k]

Zone 2 level[as]

Zone 2 level[bp]

Zone 2 prey abun-
dance[z2sub](Zone2Biomass[z2sub])
see table D.10

Table B.20: Zone 2 equations
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febp

Lbp()

food effect A
%feA

food effect I
%fel

food effect C
%feC

food effect E
%feE

Lbp(z2[bp]*foodOn)

see table D.11

(-a0 - In((1 + EXP(-a0))/%feA - 1))xfoodOn
constant from spreadsheet

(10 - In((1 + EXP(-i0))/%fel - 1))*foodOn
constant from spreadsheet

(-0 - In((1 + EXP(-c0))/%feC - 1))*foodOn
constant from spreadsheet

(-e0 - In((1 + EXP(-e0))/%feE - 1))*foodOn
constant from spreadsheet

Table B.21: Food effect equations
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Appendix C

VBA code

Declares important variables
Dim data() As Single

Dim fish() As Single

Dim catchD() As Single

Dim catch() As Single

Public n, nrow

Clears all data from the Fish and Catch worksheets

Private Sub clearData_Click()

Worksheets("Fish") .Range ("F2", Worksheets("Fish").Range("F2")
.End(x1Down) .End(x1ToLeft)) .Clear

Worksheets("Catch") .Range("C2", Worksheets("Catch").Range("C2")
.End (x1Down) .End (x1ToLeft)) .Clear

End Sub

Reads data and stores it before

calling the sample and print functions

Public Sub GenerateData_Click()

Call clearData_Click

Names the range from A3 to end of data in column A as AnchovyB

Set AnchovyB = Worksheets("Data").Range("A3", Worksheets("Data")
.Range ("A3") .End (x1Down) )

Reads the number of years of data

to produce from the Fish worksheet
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n = Worksheets("Fish").Range("I1").Value
Counts the number of rows in AnchovyB
(how many years of data)
nrow = AnchovyB.Rows.Count
Prepares the data matriz
ReDim data(nrow, 5)
i=0
Reads the biomass data and stores it in the data array
For Each ¢ In AnchovyB
data(i, 0) = c.Value

data(i, 1) = c.0ffset(0, 1).Value
data(i, 2) = c.0ffset(0, 2).Value
data(i, 3) = c.0ffset(0, 3).Value
data(i, 4) = c.0ffset(0, 7).Value
i=1i+1

Next c

Names the range from A2 to the end of column A

in the Data2 worksheet as catchData

Set catchData = Worksheets("Data2").Range("A2", Worksheets("Data2")
.Range ("A2") .End (x1Down) )

Runs the sample and print functions before

making the Fish worksheet active

Call sample(n, nrow, catchData)

Call printData(n)

Worksheets ("Fish") .Activate

End Sub

Samples from the data with replacement
Public Sub sample(n, nrow, catchData)
If data(0, 0) = O Then
MsgBox ("Generate Data first!")
Else
Resizes the fish and catch arrays
ReDim fish(n + 2, 6)
ReDim catch((n + 2) * 12 + 12, 2)
Sets the seed for the random number generator to the current time

Randomize
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Samples randomly from the data array

and stores it in the fish array

For j =0 Ton + 1
x = Int(nrow * Rnd)
fish(j, 0) = data(x, 0)
fish(j, 1) = data(x, 1)
fish(j, 2) = data(x, 2)
fish(j, 3) = data(x, 3)
fish(j, 4) = data(x, 4)

Gets the current year being sampled and finds the

approriate catch data for that year

End
End

currentYear =
For i =0To 1
catch(j *

fish(j, 4)
1
12 + i, 0) =

catchData.Find

(currentYear, Range("A2")).0ffset(i, 2).Value

catch(j *

12 + i, 1) =

catchData.Find

(currentYear, Range("A2")).0ffset(i, 3).Value

Next
Next
If
Sub

Outputs the data to the Fish and Catch worksheets
Public Sub printData(n)

This first works out the time in months for each row

and outputs the biomass wvalues

For

Next

k=0Ton+1

timeEntry = WorksheetFunction.Max(0, 12 * (k - 1)
If k = 0 Then timeEntry = nn

Worksheets ("Fish")
Worksheets ("Fish")
Worksheets ("Fish")
Worksheets ("Fish")
Worksheets ("Fish")
Worksheets ("Fish")

.Range ("A2")
.Range ("B2")
.Range ("C2")
.Range ("D2")
.Range ("E2")
.Range ("F2")
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.0ffset (k,
.0ffset (k,
.0ffset (k,
.0ffset (k,
.0ffset (k,
.0ffset (k,

0)

0).

0)
0)
0)

0).

.Value

Value

.Value
.Value

.Value

Value

1

timeEntry
fish(k, 0)
fish(k, 1)
fish(k, 2)
fish(k, 3)
fish(k, 4)



Fills in the final time wvalue and zeros for each column

- needed to avoid errors in model

Worksheets("Fish") .Range ("A2")
Worksheets("Fish") .Range("B2")
Worksheets("Fish") .Range ("C2")
Worksheets ("Fish") .Range ("D2")
Worksheets("Fish") .Range ("E2")
Worksheets("Fish") .Range ("F2")

.Offset(n
.0ffset(n
.0ffset(n
.0ffset(n
.Offset(n
.0ffset(n

Outputs first line for catch data
Worksheets("Catch") .Range("A2") .0ffset (0,
Worksheets("Catch") .Range("B2") .0ffset (0,
Worksheets("Catch") .Range("C2") .0ffset (0,

+ o+ o+ o+ o+ 4+

0)
0)
0)

Outputs catch data for the rest of the years

For k =1 Ton * 12 + 1

Worksheets("Catch") .Range("A2") .0ffset(k, 0).Value
Worksheets("Catch") .Range("B2") .0ffset(k, 0).Value
Worksheets("Catch") .Range("C2") .0ffset(k, 0).Value

Next
End Sub

.Value

.Value

0) .Value
0) .Value
0) .Value
0) .Value
0) .Value
0) .Value

.Value =

nn

cat

cat

12 x (k - 2)

0

0

0

0

0

ch(4, 0)
ch(4, 1)
k-1
catch(k, 0)
catch(k, 1)

Resamples from the data without reading the original data again

Public Sub refreshData_Click()

n = Worksheets("Fish").Range("I1").Value ’counts number of rows

Call clearData_Click

Call sample(n, nrow, catchData) ’ resamples data

Call printData(n) ’outputs it to spreadsheet

End Sub
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Appendix D

Parameter values

The parameter values for constants in the model are given first (Tables D.1 to

D.7) then the Lookup relationships are given by means of tables.

Parameter Value
Mean adult survival 0.880
Mean immature survival 0.510
Mean chick survival (Fledging success) 0.590
Mean egg survival (Hatching success) 0.648
Hatching time (months) 1
Fledging time (months) 3

Table D.1: Parameter values for penguin population
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Parameter

Initial number of adults (Adults)

Average proportion of sexually mature adults that choose to breed
each year

Proportion of adults in age class 2 that are sexually mature (b2)
Range of b2 is 0 to 0.1

Proportion of adults in age class 3 that are sexually mature (b3)
Ran